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Abstract
THE INFLUENCE OF HRM ACTIVITIES ON PERFORMANCE-RELATED OUTCOMES:
EXPLORING THE DYNAMICS WITHIN THE “BLACK BOX”
By George C. Banks, M.A.
A dissertation submitted in partial fulfillment of the requirements for the degree of Doctor of
Philosophy at Virginia Commonwealth University.

Virginia Commonwealth University, 2012
Major director: Michael A. McDaniel, Professor, Department of Management
Major director: Sven Kepes, Assistant Professor, Department of Management

Research has often called for studies that attempt to explain the complex causal chain known as
the “black box” between human resource management (HRM) activities and individual-level
outcomes. To explore the dynamics within the “black box,” this study investigates the influence
of HRM activities (e.g., practices and processes) on individual-level outcomes, taking into
consideration psychological empowerment as a mediating mechanism. Furthermore, to
investigate how HRM activities affect individual-level outcomes, one must consider how HRM
activities interrelate to create synergistic effects. Subsequently, this research contributes to the
literature of strategic HRM research by investigating how and why systems of HRM activities
influence individual-level outcomes.

1
Chapter 1: Problem statement
Research has frequently called for studies that attempt to explain the causal chain
between HRM activities and unit-level outcomes. Such a call has become so common that it is
referred to as attempting to explain the “black box” of strategic HRM (Becker & Gerhart, 1996;
Becker & Huselid, 2006; Becker & Huselid, 2010; Messersmith, Patel, & Lepak, 2011; Nishii,
Lepak, & Schneider, 2008; Patel & Cardon, 2010). This dissertation explores the dynamics
within “black box” and, thus, the research questions investigate several of the relations in the
model proposed by Banks and Kepes (2012) presented in Figure 1.
-----------------------------------------Insert Figure 1 about here
-----------------------------------------Research has argued that HRM activities influence organizational outcomes through two
primary mechanisms (Huselid, 1995; Ichniowski et al., 1996). First, HRM activities may affect
organizational outcomes directly, such as by creating operational efficiencies (Ostroff & Bowen,
2000), by reducing labor costs (Barney & Wright, 1998), or by increasing the automation of
services through the use of technology (Liao, Toya, Lepak, & Hong, 2009). Although this first
mechanism can be used to improve individual-level and unit-level outcomes, it is not without
limitations due to both external and internal constraints. For instance, there are both floor and
ceiling effects in terms of how high or low labor costs can be set at that result from external
factors (e.g., market competition for labor and minimum wage requirements) and internal factors
(e.g., constraints of an operations budget) (Gerhart & Rynes, 2003; Kepes, Delery, & Gupta,
2009). Furthermore, technological advantages gained over competitors through this mechanism
may not be sustainable as most technologies can be imitated (Barney, 1991; Barney & Wright,
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1998). Thus, firms might only gain a short-term advantage, if any, over rivals through this
mechanism.
HRM activities can also influence organizational outcomes in a second manner through a
more complex, causal chain involving individual-level dynamics (see Figure 1). The complexity
of this causal chain makes this mechanism harder to understand (Becker & Gerhart, 1996).
However, it is the complexity of this second mechanism that allows firms to use HRM activities
as a resource to gain a sustainable competitive advantage over rivals. The resource-based view of
the firm (Barney, 1991; Rumelt, 1984; Wernerfelt, 1984) provides the logical backdrop for the
argument that HRM activities could serve as a resource for such an advantage. This is because
systems of HRM activities (i.e., interrelated HRM activities) can be valuable, rare, and “difficult,
if not impossible for competitors to identify and copy” (Barney & Wright, 1998, p. 40).
However, only a limited amount of research has attempted to examine this complex causal
pathway which is known as the “black box.” In sum, there are two primary ways for HRM
activities to influence organizational outcomes and the latter is deserving of greater empirical
attention in order to understand exactly how this causal pathway unfolds (Messersmith et al.,
2011).
In order to explain the dynamics within the “black box” between HRM activities and
unit-level outcomes, research has to investigate the underlying individual-level dynamics. It has
been stated that the influence of HRM activities on performance-related outcomes is mediated by
individual-level knowledge, skills, and abilities (KSAs), motivation, and opportunities1 (Delery,
1998; Kepes & Delery, 2007; Lepak et al., 2006; Messersmith et al., 2011; Ostroff & Bowen,
2000; Ployhart, 2012; Tichy, Fombrun, & Devanna, 1982). Research has argued that
1

Opportunities pertain to real or perceived restrictions on individual-level outcomes that stem from work context
characteristics, such as resources, time, or work roles (Appelbaum, Bailey, Berg, & Kalleberg, 2000; Lepak, Liao,
Chung, & Harden, 2006).
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psychological empowerment captures employee KSAs, motivation, and opportunities (Seibert,
Wang, & Courtright, 2011) and empirical research has explored psychological empowerment as
an important variable in the “black box” (Liao et al., 2009; Messersmith et al., 2011). As
depicted in Figure 1, HRM activities affect employee psychological empowerment at the
process-level (Kepes & Delery, 2006, 2007; Liao et al., 2009; Schuler, 1992).
The process-level is where HRM practices are actually implemented (Kepes & Delery,
2007; Lengnick-Hall, Lengnick-Hall, Andrade, & Drake, 2009). For instance, the use of
performance evaluations to guide pay raise decisions would be an example of HRM practices
used to accomplish pay-for-performance. Yet, as illustrated in Figure 1, it is below the level of
HRM practices that HRM processes explain how practices are applied and implemented.
Therefore, the process-level is where employees experience and perceive the enactment of HRM
practices (Kepes & Delery, 2006; Lengnick-Hall et al., 2009; Schuler, 1992). Furthermore,
because HRM processes are more proximal to employee psychological empowerment and other
individual-level outcomes, their importance might be greater than HRM practices (Liao et al.,
2009). Thus, it is essential to consider the HRM process-level in addition to HRM policy- and
practice-levels (Kepes & Delery, 2006, 2007). Furthermore, it is valuable to examine how
various HRM activities interrelate (Kepes & Delery, 2006, 2007).
In order to investigate how HRM activities influence individual-level outcomes within
the “black box,” it is important to consider how HRM activities interrelate to create synergistic
effects (Chadwick, 2010; Delery & Doty, 1996; Kepes & Delery, 2007; Lengnick-Hall et al.,
2009). A focus on synergies between HRM activities is necessary because it draws attention to
the source of the formation and management of “human” assets within a firm (Becker & Huselid,
2006). Rather than simply assume that “best practice” HRM activities naturally align to support
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each other (and do not contradict each other), it is vital to examine empirically whether or not
synergistic effects exist because only with these effects does the argument of the resource-based
view of the firm hold true (Becker, Huselid, Pickus, & Spratt, 1997; Chadwick, 2010; Delery,
1998; Kepes & Delery, 2007). Drawing upon the logic of the resource-based view of the firm
(Barney, 1991), HRM activities that form positive synergistic effects (also referred to as
powerful connections; Becker et al., 1997) while avoiding negative synergistic effects (also
referred to as deadly connections; Becker et al., 1997) can provide a resource to a firm for a
sustainable competitive advantage (Becker & Huselid, 1998; Delery, 1998). This is because an
effective HRM system (i.e., a system of interrelated HRM activities) is a resource in and of itself
that is valuable, rare, non-substitutable, and difficult if not impossible for competitors to
duplicate (Barney, 1991; Becker et al., 1997; Delery, 1998).
In summary, investigations of the dynamics within the “black box” should consider the
importance of the HRM process-level, compared to other levels of a HRM system, because it is
at that level that employee psychological empowerment mediates the relations between HRM
activities and individual-level outcomes (see Figure 1), which then affect unit-level
effectiveness. Similarly, it is important to consider how HRM activities create positive (or
negative) synergistic effects. Subsequently, in this dissertation, I explore the following research
questions:
(1) What is the influence of HRM practices and processes on employee psychological
empowerment and other individual-level outcomes?
(2) How do HRM activities interrelate to affect employee psychological empowerment
and other individual-level outcomes?
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(3) Does employee psychological empowerment mediate the relations between HRM
activities and individual-level outcomes?
(4) Does unit-level task performance relate to unit-level effectiveness?
Data collected from a firm in the service industry are used to investigate the research
questions in this dissertation. Despite the fact that the service industry is the fastest growing
industry in the U.S. (Schneider et al., 2005), the majority of strategic HRM research has been
conducted in the manufacturing industry (Liao et al., 2009). Thus, strategic HRM research in the
service industry context is lacking. Subsequently, the research questions investigated in this
dissertation are applied specifically within the context of service firms.
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Chapter 2: Literature Review
The ambiguous and socially complex causal chain between HRM activities and unit-level
outcomes is referred to as the “black box” of strategic HRM (Becker & Gerhart, 1996; Becker &
Huselid, 2006; Becker & Huselid, 2010; Messersmith et al., 2011; Nishii et al., 2008; Patel &
Cardon, 2010). This causal chain is composed of individual-level factors, such as employee
psychological empowerment, that link HRM activities to individual-level outcomes, and
ultimately, unit-level effectiveness (Delery & Shaw, 2001; MacDuffie, 1995). These dynamics
are believed to affect employee outcomes, and which then influence unit-level outcomes.
It has been argued that through the “black box,” HRM activities may serve as a resource
to support a sustainable competitive advantage for firms (Barney & Wright, 1998; Lado &
Wilson, 1994; Wright & McMahan, 1992). In this section of my dissertation, I begin with a
review of why HRM activities can affect the dynamics (e.g., psychological empowerment and
other individual-level variables) within the “black box,” which can then affect unit-level
effectiveness. Next, drawing upon the resource-based view of the firm, I provide a logical
argument that explains how and why HRM activities can serve as a resource for a sustainable
competitive advantage through the “black box.” Multiple perspectives have emerged within the
strategic HRM literature to explain how this might occur. I proceed to review the three most
commonly considered perspectives of strategic HRM: (1) the universalistic, (2) the contingency,
and (3) the configurational perspectives. As a result of this review, I explain how research on the
configurational perspective can be used to explain the individual-level dynamics within the
“black box” between HRM activities and unit-level outcomes. I conclude this section with a
review of the importance of this research for the service industry, which is the context where this
research is completed.
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The influence of HRM activity areas on the dynamics within the “black box”
The “black box” of strategic HRM is a part of the causal chain between HRM activities
and unit-level outcomes. Employee psychological empowerment and other individual-level
outcomes exist within the “black box” and, ultimately, affect unit-level effectiveness (Liao et al.,
2009; Messersmith et al., 2011). It has been argued that psychological empowerment can
characterize employee KSAs, motivation, and opportunities (Seibert et al., 2011). Similarly,
HRM activities (e.g., HRM practices and processes) can be described by the extent to which they
affect the KSAs, motivation, and opportunities of employees, which affect individual-level
performance-related outcomes (Appelbaum et al., 2000; Boxall, 2003; Campbell, 1990;
Campbell, McCloy, Oppler, & Sager, 1993; Gardner, Wright, & Moynihan, 2011; Lepak et al.,
2006; MacDuffie, 1995; Vroom, 1964; Wright, Kacmar, McMahan, & DeLeeuw, 1995). Thus,
influences on performance have been illustrated mathematically as P = f (A, M, O)
(P=Performance; A=Ability or KSAs; M=Motivation; O=Opportunity; Appelbaum et al., 2000;
Boxall & Purcell, 2003). Consequently, psychological empowerment should be strongly related
to individual-level outcomes, and meta-analytic evidence has supported this (Seibert et al.,
2011). In turn, these outcomes should influence unit-level effectiveness.
Psychological empowerment, first introduced by Kanter (1977), can be expressed in four
sets of cognitions: meaning, competence, impact, and self-determination (Conger & Kanugo,
1988; Maynard, Gilson, & Mathieu, 2012; Spreitzer, 1995). Meaning characterizes the value of a
work goal relative to one’s own ideals. As meaning relates to the concentration of energy, it is
strongly related to employee motivation (Kanter, 1983). Competence reflects employees’ beliefs
in their capability to effectively complete a task (Bandura, 1989). Consequently, competence can
be used to represent employee KSAs (Seibert et al., 2011).
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Self-determination is characterized as employees’ sense that they have opportunities for
independence and freedom in how they do their jobs (Deci, Connell, & Ryan, 1989). Thus, this
dimension strongly relates to employee perceptions of their opportunities to contribute to
organizational objectives (Appelbaum et al., 2000; Boxall & Purcell, 2003). Finally, impact
describes whether or not an employee affects outcomes at work (Spreitzer, 1995). Like selfdetermination, impact attempts to characterize the extent to which employees affect outcomes in
specific work contexts (Ashforth, 1989). Thus, the four dimensions capture the KSAs,
motivation, and opportunities, which have been identified as potential mediating variables
between HRM activities and individual-level as well as unit-level outcomes. In combination, the
four dimensions of psychological empowerment reflect an active approach to one’s work roles in
which employees are able to affect their individual roles and context. Psychological
empowerment should be at its highest when all four cognitions are high (Seibert et al., 2011).
Drawing upon Spreitzer (1995), previous research has considered psychological
empowerment to be a second-order construct of these four individual cognitions (Chen &
Klimoski, 2003; Erdogan & Bauer, 2009; Zhang & Bartol, 2010). Meta-analytic research and
evidence from confirmatory factor analyses (CFAs) have also provided evidence that
psychological empowerment forms a second-order construct (e.g., Seibert et al., 2011). Seibert et
al. (2011) conducted second-order CFAs and their findings indicated that there was no unique
variance explained by the sub-dimensions. Thus, empirical evidence supports the perspective
that psychological empowerment encompasses the four hypothesized sub-dimensions.
To describe how the “black box” works, HRM activities first influence employee
psychological empowerment (Liao et al., 2009; Maynard et al., 2012; Seibert et al., 2011).
Employee psychological empowerment then influences other individual-level outcomes and,
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ultimately, contributes to unit-level effectiveness (Kepes & Delery, 2006, 2007; Messersmith et
al., 2011). Employees with high levels of competence might not achieve the expected level of
performance without finding meaning in their work. Conversely, employees who find meaning in
their work may be unable to achieve maximal performance without the required competencies.
Additionally, it has been proposed that employees must have the self-determination and believe
they can impact their work environment (Spreitzer, 1995). This is because employees who find
meaning in their work and are competent should be allowed to make contributions to unit-level
outcomes; otherwise their contributions could be limited (Boxall & Purcell, 2003; Delery &
Shaw, 2001; Gerhart, 2007; Kepes, Delery, & Gupta, 2008). HRM training activities may
positively affect employee competence. Another HRM activity area may address employee
meaning through HRM activities related to contingent rewards. Other HRM activities, such as
participative decision making (PDM), can be used to ensure that employees have selfdetermination and impact. As individual-level outcomes improve, these outcomes should have a
positive effect on unit-level outcomes and, ultimately, the overall effectiveness of the unit
(Kepes & Delery, 2006; Ostroff & Bowen, 2000).
In summary, one objective of HRM activities is to influence employee psychological
empowerment that then influences other individual-level outcomes in the “black box.” As
employee individual-level outcomes are positively altered, they should have a beneficial effect
on unit-level outcomes, and unit-level effectiveness (Heskett et al., 2008; Kepes & Delery,
2006). Consequently, HRM activities can be developed to serve as a resource for a sustainable
competitive advantage (Barney & Wright, 1998). In the following section, I review how HRM
activities become such a strategic resource.
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The resource-based view of the firm
HRM activities have been argued to serve an underlying role in the competitive
advantage of firms (Barney & Wright, 1998; Lado & Wilson, 1994; Wright & McMahan, 1992).
This notion draws upon the resource-based view of the firm, which encourages employers to
identify critical resources that can be used to obtain a sustainable competitive advantage (Barney,
1991; Rumelt, 1984; Wernerfelt, 1984). A firm obtains a competitive advantage when it earns
profits that exceed the average for its industry (Porter, 1985). However, a firm achieves a
“sustained competitive advantage when it is implementing a value creating strategy not
simultaneously being implemented by any current or potential competitors and when these other
firms are unable to duplicate the benefits of this strategy” (Barney, 1991, p. 102). It has been
argued that HRM activities can provide a resource to a firm that is valuable and rare as well as
non-substitutable and difficult if not impossible for competitors to imitate. Thus, the resourcebased view of the firm serves to describe how HRM activities, particularly systems of HRM
activities, can provide an economic foundation for a sustainable competitive advantage (Barney
& Wright, 1998; Wright & McMahan, 1992).
First, to be valuable, HRM activities must either decrease labor costs or increase revenue
(Wright, McMahan, & McWilliams, 1994). Thus, HRM activities must serve to create value or
reduce costs to yield above average financial returns. As an example, a firm might implement a
new training program that empowers first-line supervisors with the competencies necessary to
take on some of the responsibilities of second-line supervisors. Consequently, a firm may be able
to reduce the number of second-line supervisors needed, which could result in reduced labor
costs. As another example, empirical work using utility theory (Boudreau & Berger, 1985) has
provided strong evidence to support the notion that HRM activities, such as effective personnel
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selection practices, increase revenue (e.g., Hunter & Hunter, 1984; Schmidt & Hunter, 1998).
For instance, the use of certain selection tests can be used to select job applicants with higher
levels of cognitive ability, which is an effective predictor of employee performance (McDaniel &
Banks, 2010; Schmidt & Hunter, 1998). As employee performance improves and is aggregated
to the unit-level, it should improve unit-level effectiveness (Heskett et al., 2008).
Second, although value is a necessary criterion, it is not sufficient for a sustainable
competitive advantage. HRM activities must be rare in addition to being valuable in order to be
a strategic resource. If HRM activities are valuable, but not rare, they can only result in
“competitive parity” rather than a competitive advantage (Barney & Wright, 1998). For instance,
the use of cognitive ability tests is an effective means to screen job applicants (McDaniel &
Banks, 2010; Schmidt & Hunter, 1998). However, the benefits of cognitive ability tests
generalize across firms and industries. Subsequently, the use of cognitive ability tests, although
valuable as a resource, are not necessarily rare as any company may use them (Ployhart, 2012).
Third, HRM activities that are valuable and rare provide a firm with returns that are
above market average in the short-run. However, to be a strategic resource and generate longterm above average returns, HRM activities must be difficult to imitate. A strategic resource is
more difficult to imitate if it can be described as causally ambiguous or socially complex
(Barney, 1991). For instance, causal ambiguity exists when there is a lack of understanding of
the link between a resource and a competitive advantage (Reed & DeFillippi, 1990). In the
context of strategic HRM, causal ambiguity is illustrated by the “black box” between potentially
interrelating HRM activities, psychological empowerment and other individual-level outcomes,
and ultimately, unit-level outcomes (Becker & Gerhart, 1996; Becker & Huselid, 2006; Becker
& Huselid, 2010; Messersmith et al., 2011; Nishii et al., 2008; Patel & Cardon, 2010).
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Social complexity can result from transaction-specific human capital (Becker, 1964) or
social exchange relationships (Blau, 1964) that develop overtime (Wright et al., 1994).
Particularly, social exchange relationships exhibit serial dependence (Molm, 1994) and are not
easily transferable to other firms. In other words, effective HRM activities may not always be
simply imitated in a competing firm as the actual implementation of HRM activities can be
dependent on social exchange relationships between managers and employees that take time to
develop. If HRM activities are socially complex and their link to individual-level outcomes and,
ultimately, unit-level outcomes, is causally ambiguous, they are a resource that is difficult to
duplicate or copy (Barney & Wright, 1998; Wright et al., 1994).
Finally, to be a strategic resource, HRM activities must be something that cannot be
substituted without great effort (Barney, 1991). If competing firms are able to develop alternative
HRM activities that can be leveraged to create value, any competitive advantage gained may be
nullified. For example, if technological services are developed that serve the same function as
certain HRM activities, the HRM activities cannot serve as a resource for a sustainable
competitive advantage (Wright et al., 1994). Thus, in order for HRM activities to be a resource
for a sustainable competitive advantage, they must be difficult to substitute.
In summary, the resource-based view of the firm indicates that HRM activities can be
used to achieve a sustainable competitive advantage (Barney & Wright, 1998; Lado & Wilson,
1994; Wright & McMahan, 1992). Meta-analytic work has provided some support for the notion
that HRM activities may serve as a strategic resource for a competitive advantage (Crook,
Ketchen, Combs, & Todd, 2008). However, research in the strategic HRM literature must ask,
how can a firm develop a set of HRM activities that serves as a source of a sustainable
competitive advantage? Some HRM activities, such as the ones related to personnel selection
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(e.g., cognitive ability tests), have validity that generalizes across organizations and, therefore,
may be less likely to provide a sustainable competitive advantage because all organizations can
take advantage of such HRM activities (Ployhart, 2012). These HRM activities create value for
firms, but may not be capable of serving as a strategic resource. Several perspectives have been
developed that may be used to answer the question of certain HRM activities can serve as a
strategic resource. The following sections serve as a review of the most prominent perspectives.
The universalistic perspective
The universalistic perspective of strategic HRM posits that certain HRM activities have a
positive effect on unit-level outcomes across firms and situations (Delery & Doty, 1996; Kepes
& Delery, 2007; Pfeffer, 1998). If HRM activities have a universal effect on firm performance,
this perspective suggests that there is no need to align HRM activities with firm strategy or
context, nor is there a need to align multiple HRM activities (Lengnick-Hall et al., 2009).
Empirical evidence has provided support for the universalistic perspective (e.g., Delery & Doty,
1996; Pfeffer, 1998).
However, there are arguments that the universalistic perspective is limited (Kepes &
Delery, 2007; Lengnick-Hall et al., 2009; Ployhart, 2012). The value of universalistic HRM
activities is constrained because of their generalizability across firms; they cannot lead to a
competitive advantage (Barney & Wright, 1998). For instance, as previously mentioned,
cognitive ability tests in personnel selection have been used to predict individual performance
across organizations and situations (Hunter & Hunter, 1984; Schmidt & Hunter, 1998). The
application of cognitive ability tests is a “best practice,” but it cannot necessarily lead to a
sustainable competitive advantage because all firms may use this practice (Ployhart, 2012). In
sum, the universalistic perspective is limited because it advocates examining the benefits of
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individual HRM activities in isolation (Takeuchi, Lepak, Wang, & Takeuchi, 2007). This is
because it is possible that the influence of HRM activities on employees is dependent on other
factors. Due to these limitations, it is useful to consider other perspectives of strategic HRM.
The contingency perspective
A second perspective of strategic HRM is the contingency perspective. This perspective
looks past simple, linear relations by taking into account the extent to which the influence of
HRM activities on unit-level outcomes is dependent upon contextual factors (Delery & Doty,
1996; Lengnick-Hall et al., 2009). The contingency perspective highlights the importance of the
alignment between HRM activities and external factors. This alignment has been referred to as
external fit or vertical fit (Delery, 1998; Kepes & Delery, 2007), such as the “fit” between HRM
activities and a firm’s business strategy, a firm’s functions (e.g., marketing and sales), labor
market conditions, unionization, life cycle stages, or a firm’s industry (Chadwick, 2010; Kepes
& Delery, 2007; Lengnick-Hall et al., 2009). Therefore, the contingency perspective would
suggest that HRM activities must be implemented consistent with a firm’s overarching strategy
as well as other contextual factors (Miles & Snow, 1984).
Miles and Snow (1984) published one of the first papers that explored how HRM
activities could be aligned with firm strategy. The authors argued that firms must prioritize HRM
activities to achieve alignment with firm strategy. Miles and Snow (1984) outlined how firms
can link product-market strategies and HRM activities. They suggested that it was insufficient
for a firm to simply engage in “best practices.” Rather, a firm must give consideration in regards
to how HRM activities corresponded to other contextual factors, such as a firm’s strategy, labor
market conditions, and industry type.

15
Other early research provided empirical evidence that the influence of HRM activities on
organizational outcomes is contingent upon organizational context characteristics, such as
organizational size, unionization, organizational structure, and industry type (Jackson, Schuler,
& Rivero, 1989; Terpstra & Rozell, 1993). However, as empirical research on the contingency
perspective progressed, it became apparent that HRM activities are complex and interdependent
(Delery & Doty, 1996). Therefore, it was argued that HRM activities were dependent not only on
their alignment with external factors (e.g., firm strategy, industry, etc.), but also with other HRM
activities (Delery, 1998).
Thus, the contingency perspective of strategic HRM is limited as it does not consider the
interrelations between HRM activities. These interrelations may be important to describe how
HRM activities can serve as a resource for a sustainable competitive advantage through the
causally ambiguous link that is the “black box.” These considerations gave way to the
configurational perspective of strategic HRM where HRM activities are explored as integrated
systems. Subsequently, HRM activities began to be considered as systems or bundles of
integrated HRM activities (Delery & Doty, 1996; Kepes & Delery, 2007; MacDuffie, 1995;
Osterman, 1987).
The configurational perspective
A third perspective of strategic HRM is the configurational perspective. Configurational
approaches to organizing can be characterized as “any multidimensional constellation of
conceptually distinct characteristics that commonly occur together” (Meyer, Tsui, & Hinings,
1993, p. 1175). This perspective posits that the effectiveness of certain HRM activities is
dependent upon other HRM activities within a firm (Delery & Doty, 1996). Therefore, “bundles”
(MacDuffie, 1995), “clusters” (Arthur, 1992), or “systems” (Delery & Doty, 1996; Osterman,
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1987) of HRM activities can have positive (or negative) synergistic effects that result in a
sustainable competitive advantage (disadvantage) when HRM activities are aligned (misaligned)
(Barney & Wright, 1998; Delery, 1998; Kepes & Delery, 2007). Thus, the configurational
perspective provides a focus on internal fit, also referred to as horizontal fit, between HRM
activities (Delery, 1998; Kepes & Delery, 2007).
According to the resource-based view of the firm, HRM activities can provide a strategic
resource for a sustainable competitive advantage if they are valuable and rare as well as difficult,
if not impossible to imitate and substitute (Barney & Wright, 1998; Lado & Wilson, 1994;
Wright & McMahan, 1992). Interrelated HRM activities that are aligned are inherently socially
complex, casually ambiguous, and could be difficult for competitors to copy (Kepes & Delery,
2007). Thus, interrelated HRM activities can lead to a sustainable competitive advantage not
possible with “best practices” (Barney & Wright, 1998; Ployhart, 2012; Wright et al., 1994).
Hence, using the resource-based view of the firm, the configurational perspective can be used to
explain how and why HRM activities may serve as a resource for a sustainable competitive
advantage (Barney & Wright, 1998; Lado & Wilson, 1994; Wright & McMahan, 1992).
Extending previous work by Lawler (1986, 1987), which considered high involvement
HRM activities, early empirical work by Arthur (1992; 1994) examined control (e.g., bundles of
HRM activities that improve efficiency) and commitment (e.g., bundles of HRM activities that
increase employee involvement and commitment) HRM systems. By using cluster analysis to
categorize HRM activities, Arthur found that commitment HRM systems led to higher
productivity and employee retention than control HRM systems (Arthur, 1994). Building upon
this stream of research, Dyer and Reeves (1995) argued that “bundles” of HRM activities may be
more valuable than individual HRM activities. They suggested that “at a minimum, bundles
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should produce greater performance effects than any of the individual human practices of which
they are composed” (Dyer & Reeves, 1995, p. 661). However, Dyer and Reeves (1995) also
noted that not all bundles can be assumed to be equally effective (Arthur, 1994). Therefore,
research should be conducted to understand how and why HRM activities interrelate to influence
unit-level outcomes.
Huselid (1995) considered the influence of high performance work systems (HPWS) on
firm outcomes in a sample of 1,000 companies. HPWS can be defined as HRM activities
“designed to enhance employees’ competencies, motivation, and performance” (Liao et al., 2009,
p. 371). Huselid (1995) argued that such HRM systems, rather than the individual HRM
activities, provide the potential for complementarities between HRM activities that result in a
source of a sustained competitive advantage for firms. Thus, the study by Huselid (1995) was
one of the first tests of the hypothesis that the influence of HRM activities on firm performance
was contingent on the degree of complementarity between HRM activities. Huselid estimated
that an increase by one standard deviation in HPWS resulted in an increase of $27,044 in sales
on a per employee basis (Huselid, 1995).
MacDuffie (1995) explored the influence of HRM “bundles” on firm-related outcomes.
MacDuffie (1995) argued that “bundles” of interrelated and internally consistent HRM activities
were more appropriate to study than individual HRM activities when predicting firmperformance. This is because “bundles” of HRM activities “create multiple, mutually reinforcing
conditions that support employee motivation and skill acquisition” (MacDuffie, 1995, p. 198).
Using data from 62 automotive assembly plants, MacDuffie (1995) created three “bundles” of
interrelated HRM practices that predicted firm productivity. In sum, empirical evidence has
supported the notion that the effects of HRM activities on individual-level outcomes are in fact
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dependent upon other HRM activities (Delery & Shaw, 2001; Kepes & Delery, 2007; LengnickHall et al., 2009).
Building upon this initial work, it was theorized that HRM activities could influence unitlevel outcomes. If HRM activities are formed into a coherent system (Delery & Doty, 1996),
additive, substitutable, positive synergistic, or negative synergistic effects may result (Delery,
1998). Additive effects are the application of HRM activities that have a universally positive
effect on unit-level outcomes. The use of such an approach could lead to increased firm
performance. For example, the use of a cognitive ability test can have positive effects on unitlevel outcomes in addition to other personnel selection tests (e.g., situational judgment tests).
Substitutable effects occur when HRM activities serve to replace one another and still
achieve the same result (Delery, 1998). Thus, one HRM activity could serve to replace or
mitigate the need for another HRM activity or multiple HRM activities. This can result in
reduced costs for a firm (Ichniowski et al., 1996). Or, conversely, a firm may waste money and
resources by implementing two redundant activities, such as the use of two different assessments
that evaluate the Big Five personality traits in the area of personnel selection (Kepes & Delery,
2007). The notion of substitutable effects draws upon the concept of equifinality, which suggests
that there is more than one approach to reach the same result (Delery & Doty, 1996). Therefore,
firms may implement HRM activities that substitute the need for one another.
Positive synergistic effects, also referred to as powerful connections, exist when two
HRM activities interrelate to positively affect unit-level outcomes (Becker et al., 1997). In other
words, HRM activities within a firm can interrelate to achieve what is not possible with any
individual HRM activity. One example could be the combination of an effective pay-forperformance activity and an effective performance appraisal activity. A firm may employ HRM
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activities to provide a link between compensation and performance in order to increase employee
motivation. Both HRM activities in combination are needed to ensure that employees receive
financial rewards relative to their level of performance. Thus, a system of HRM activities
focused on employee compensation and performance can create synergistic effects that influence
employee motivation, performance, and, ultimately, unit-level outcomes. Collectively, these
HRM activities may have a stronger positive effect on performance-related outcomes than the
individual activities unaccompanied (Kepes & Delery, 2007).
Conversely, negative synergistic effects, also referred to as deadly combinations, can
occur when HRM activities are mis-aligned (Becker et al., 1997; Delery, 1998). For example, a
firm may design jobs to encourage employee collaboration in order to reach a common goal
(e.g., a job design practice), but rewards individual employee performance, thereby discouraging
collaboration (Kepes & Delery, 2007). The result of negative synergistic effects can be a
reduction in beneficial individual-level and unit-level outcomes (and an increase in negative
individual-level and unit-level outcomes) because HRM activities weaken each other’s effects. In
summary, if firms are able to leverage HRM activities to achieve positive synergistic effects, and
avoid negative synergistic effects, the HRM activities may serve as a resource for a competitive
advantage that is rare, valuable, and “difficult, if not impossible for competitors to identify and
copy” (Barney & Wright, 1998, p. 40). This is because these HRM activities can have a stronger
effect on performance-related outcomes than the individual activities alone (Kepes & Delery,
2007).
Four specific types of internal fit have been proposed, which serve to explain how
positive and negative synergistic effects may emerge within a coherent and thus internally
aligned HRM system (Kepes & Delery, 2007). First, within-HRM system vertical fit
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characterizes the degree of fit within an individual HRM activity area, such as training (Kepes &
Delery, 2007). This type of “fit” describes the alignment between HRM activities. As an
example, a firm might report having merit pay practices. However, the firm might not
successfully implement these practices and, therefore, may not create a link between pay and
performance (Heneman, 1990). Subsequently, there is a lack of alignment between the HRM
practices and processes; the result could be a negative synergistic effect that harms unit-level
effectiveness. Conversely, if there is alignment between HRM activities, a positive synergistic
effect may emerge that benefits individual-level outcomes and unit-level effectiveness (Kepes &
Delery, 2007). Thus, within-HRM system vertical fit is concerned with the beneficial or harmful
effects that result from the alignment, or lack thereof, within an individual HRM activity area.
Second, inter-HRM activity area fit describes the consistency between HRM activity
areas, such as compensation and performance appraisal. Thus, this type of “fit” considers the
alignment between different HRM activity areas (e.g., the alignment between compensation and
work design HRM practices; Kepes & Delery, 2007). As one example, Shaw, Gupta, and Delery,
(2002) found that dispersed pay structures were positively related to productivity when
interdependence was low. Conversely, compressed pay structures were more effective when
work interdependence was high. Hence, inter-HRM activity area fit is concerned with the
alignment between different HRM activity areas.
Third, intra-HRM activity area fit refers to the alignment within a specific HRM activity
area, such as multiple HRM practices within an activity area (e.g., HRM practices such as within
the compensation area; Kepes & Delery, 2007). For instance, research findings identified by
Pfeffer and colleagues (Pfeffer & Davis-Blake, 1992; Pfeffer & Langton, 1993) indicated that
specific combinations of pay-related activities, such as pay dispersion and pay structure
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knowledge, can interact to affect satisfaction and performance. Thus, empirical evidence has
shown the importance of the internal fit within a specific HRM activity area (i.e., intra-HRM
activity area fit).
Fourth, between-HRM system fit characterizes the consistency between different HRM
systems within an organization (Kepes & Delery, 2007). Lepak and Snell (1999) outlined four
different types of HRM systems (e.g., developing human capital, acquiring human capital,
contracting human capital, creating human capital alliances) that a firm can use for the
management of disparate employee groups (depending on the value and uniqueness of their
human capital) within an overarching HRM architecture. Therefore, internal fit can be
considered not only within an individual HRM system, but also between distinct HRM systems.
Unfortunately, empirical research of this particular type of internal fit has been neglected in the
strategic HRM field (Kepes & Delery, 2007; Lengnick-Hall et al., 2009). Nonetheless, the
importance of the degree of fit between disparate HRM systems within a firm (i.e., betweenHRM system fit) is also deserving of research.
In response to the four types of “fit” proposed by Kepes & Delery (2007), Lengnick-Hall
et al. (2009) asked, are all types of internal fit critical for a sustainable competitive advantage? A
large body of evidence has emerged that supports the importance of inter-HRM activity area fit
as well as intra-HRM activity area fit. For example, Kepes et al. (2009) provided support for the
notion of inter-HRM activity area fit in the HRM activity area of compensation. In the context of
the trucking industry, Kepes et al. (2009) explored the influence of pay range variation on firmlevel outcomes, such as workforce productivity and firm performance. Their results indicated
that the positive effects of pay variation on firm-level outcomes was dependent upon the basis
for the variation (e.g., the degree of performance-based pay and/or politically-based pay a firm
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used). A negative synergistic effect was found when the influence of pay variation on firm-level
outcomes was affected by politically-based pay. There have also been other studies that have
provided additional empirical support that inter-HRM activity area fit can result in positive and
negative synergistic effects, which influences organizational effectiveness (e.g., Delery, Gupta,
& Shaw, 1997; Kruse et al., 2004; Shaw et al., 2002).
A considerable amount of research has been conducted on intra-HRM activity area fit
(e.g., Brown, Sturman, & Simmering, 2003; Pfeffer & Davis-Blake, 1992; Pfeffer & Langton,
1993; Shaw, Delery, Jenkins, & Gupta, 1998). Pfeffer and Langton (1993), for instance,
investigated the influence of pay variation on job satisfaction among college and university
professors. Their results indicated that the availability of information about wages moderated the
pay variation-job satisfaction relation. The negative effects of pay variation were weaker when
less information was available regarding faculty pay. As another example, using data obtained
from 354 California state-mandated annual hospital disclosure reports, Brown et al. (2003)
examined the effect of HRM activities on unit-level outcomes (e.g., patient care outcomes and
financial performance). Their results showed the potential for positive synergistic effects
between pay structure and pay levels when predicting unit-level outcomes. In sum, studies have
provided support for the notions of positive and negative synergistic effects (Brown et al., 2003;
Pfeffer & Davis-Blake, 1992; Pfeffer & Langton, 1993; Shaw et al., 1998).
Research has also illustrated that we cannot simply assume that synergistic effects exist
and, in several instances, cases for synergistic effects may have been overstated (Chadwick,
2010). Thus, researchers and practitioners should not assume that all “best practices” have
positive synergistic effects on unit-level effectiveness. For example, Chadwick (2007), did not
find evidence of synergistic effects in a study on HRM activities in the area of job design (e.g.,
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self-managed teams and job rotation) across manufacturing firms. Using data collected from the
U.S. Bureau of the Census for the National Center on the Educational Quality of the Workforce,
Capelli and Neumark (2001) also failed to find synergistic effects between HRM activities
within HPWS. Other research has provided support that synergies between HRM activities do
not add incremental validity in regression models above the independent main effects for unitlevel outcomes (Kasturi, Orlov, & Roufagalas, 2006; Laursen & Foss, 2003). In summary, there
is a large body of evidence that synergistic effects exist, supporting the configurational
perspective of strategic HRM (Kepes & Delery, 2007). However, researchers should empirically
test, rather than assume, that synergistic effects actually exist. Next, I describe various ways in
which research has attempted to explore the potential for synergistic effects between HRM
activities.
Measuring synergistic effects
Chadwick (2010) described a variety of ways in which synergistic effects have been
explored in previous research. However, not all of these approaches are theoretically and
methodologically appropriate. One inappropriate approach to explore synergistic effects is
through additive indices (e.g., Batt, 2002; Laursen, 2002; Richard & Johnson, 2004; Wright,
Gardner, Moynihan, & Allen, 2005). In other words, using additional HRM activities should
have beneficial effects for an entire HRM system (Chadwick, 2010). However, these approaches
are limited as they do not consider the interrelations of HRM activities. Thus, such statistical
approaches do not actually test for synergistic effects, but rather additive effects (i.e., the
universalistic perspective; Kepes & Delery, 2007).
Exploratory and confirmatory factor analyses as well as latent trait analysis have also
been used to examine synergistic effects when there is “virtual overlap” between HRM activities
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(e.g., Huselid, 1995; Tanriverdi & Venkatraman, 2005; Wood, 1999). For instance, one could
aggregate HRM activities to examine their influence on outcomes if one was making the
argument that these activities are a single construct (e.g., an overarching HRM system;
Zacharatos, Barling, & Iverson, 2005). This approach may be useful when the extent to which
there is internal consistency between HRM activities is likely to affect unit-level outcomes.
Consequently, the focus is on an entire HRM system, rather than individual HRM activities.
Empirical tests are then conducted to evaluate a potential relation between the HRM system and
unit-level outcomes. Yet again, this approach fails to actually test for synergistic effects (Kepes
& Delery, 2007). Instead, it assesses additive effects (Chadwick, 2010).
Similarly, cluster analyses of alignment have been used to explore potential synergistic
effects (e.g., Arthur, 1992; Gerhart, Trevor, & Graham, 1996; Ichniowski, Shaw, & Prennushi,
1997; Perry-Smith & Blum, 2000). For instance, Arthur (1992) used cluster analysis to show that
ten HRM activities (e.g., policies and practices) could form a HRM system. However, although
approaches such as cluster and factor analysis can provide support for the existence of HRM
systems, these methods do not explicitly consider the interrelations of HRM activities.
Subsequently, the relations between HRM system components are rather ambiguous (Chadwick,
2010). Thus, these statistical approaches can only indirectly support the notion of internal fit;
they don’t test for synergistic effects (Kepes & Delery, 2007).
Profile deviation analysis has also been used to test for synergistic effects (Delery &
Doty, 1996; Drazin & Van de Ven, 1985; Verburg, den Hartog, & Koopman, 2007). With this
approach, a “reference profile” is created, either theoretically or empirically (Chadwick, 2010;
Delery & Doty, 1996), which can then be compared against a profile created in the data.
However, the profile deviation approach is limited as it also does not model interrelations
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between HRM activities. Thus, it does not assess the synergistic effects between HRM activities.
Furthermore, it is restricted to the accuracy of the reference profile selected by the researchers.
Taken together, the approaches listed above do not actually test directly for synergistic
effects (Chadwick, 2010). Furthermore, these techniques do not test alternative models to
examine whether or not synergistic effects increment independent effects. An interaction term
can be used to examine whether or not the interaction term explains additional variance in the
outcome of interest. It has thus been argued that interaction effects of HRM activities using
regression analysis provides the best approach to empirically test synergistic effects because this
approach actually test for “fit” and synergies (Kepes & Delery, 2007). This is because such an
approach allows researchers to evaluate whether the effects of one HRM activity on outcomes is
dependent upon another. In addition, this approach allows for different models to be compared in
terms of model fit, variable significance, and incremental validity (Chadwick, 2010).
Thus, the interaction approach actually assesses whether or not individual HRM activities
have synergistic effects such that a combination of individual HRM activities (i.e., an interactive
combination) are effective above and beyond their individual additive effectiveness. In sum, an
analytical approach that does not consider the interrelations between HRM activities runs the risk
of underestimating or overestimating the influence of HRM activities on outcomes (Chadwick,
2010). In the next section, I explain how research on the configurational perspective of strategic
HRM may be used to help explain the “black box” between HRM activities and unit-level
outcomes.
The “black box” between HRM activities and unit-level outcomes
When investigating the effectiveness of HRM activities, we must take a comprehensive
approach that examines the dynamics within the “black box” between HRM activities and unit-
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level outcomes. It is the effect of HRM activities on unit-level outcomes through the “black box”
that may provide a sustainable competitive advantage for firms (Barney & Wright, 1998; Wright
& McMahan, 1992). Additionally, it is critical that researchers consider potential synergies
between different HRM activities (Becker & Huselid, 2006). Thus, their effects need to be
addressed to understand how HRM activities can affect unit-level outcomes.
The “black box” of strategic HRM composes the complex, causal chain between HRM
activities and unit-level outcomes. Unfortunately, research examining the “black box” has been
limited (Messersmith et al., 2011). Exceptions include the examination of mediating variables,
such as employee psychological empowerment, job satisfaction, and affective commitment (Liao
et al., 2009; McClean & Collins, 2011; Messersmith et al., 2011; Takeuchi et al., 2007). Even
still, only Messersmith et al. (2011) and McClean and Collins (2011) explicitly considered the
“black box.” Furthermore, none of these studies considered the potential for positive or negative
synergistic effects. Nonetheless, these studies helped address a “blind spot” in the literature of
strategic HRM.
In this section of my literature review, I discuss at a broad level the components of HRM
activities (e.g., practices and processes) that influence unit-level outcomes through the “black
box” of strategic HRM. Figure 2 presents the general components I discuss.
-----------------------------------------Insert Figure 2 about here
-----------------------------------------HRM activities exist within a HRM architecture. A HRM architecture is the overarching
framework that can include multiple HRM systems of HRM activities within one firm (Kepes &
Delery, 2006). HRM systems are typically composed of a philosophy, HRM policies, practices,
and processes (Becker & Gerhart, 1996; Kepes & Delery, 2006; Schuler, 1992). A HRM
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philosophy “is a statement of the guiding principles that defines the value of the organization
with regard to its human resources within a particular system” (Kepes & Delery, 2006, p. 59-61).
Below the level of HRM philosophy is the HRM policy-level. HRM policies are
employment-related statements that provide guidelines for the development and implementation
of various HRM practices and processes within a HRM system (Schuler, 1992). These
statements provide guidance towards the accomplishment of firm goals and benchmarks. For
example, a firm may have a merit pay policy because the firm values paying for performance.
Policies explain what HRM goals a firm is trying to accomplish, such as pay-for-performance.
HRM policies are the driving force for the choice of practices (Kepes & Delery, 2006; Schuler,
1992), but policies do not describe how a firm accomplishes its objectives. Although at a more
general level, HRM policies allow researchers to understand the approach specific to a HRM
system intended by the firm. Furthermore, HRM policies may be used to summarize an approach
to a HRM system that could be implemented by a host of different HRM practices. However,
HRM policies typically lack the specificity necessary to make important distinctions regarding
how HRM policies are implemented (Lepak et al., 2006). For example, it is quite possible for a
high-level manager to say “yes, we have a policy of paying-for-performance” when, in fact, that
firm does not have practices and processes that actually support pay-for-performance (Kepes &
Delery, 2007). In sum, HRM policies are typically very general and they lack specificity relative
to HRM practices and processes.
HRM practices (Figure 2, Box 1) are composed of activities that put HRM policies into
place. Thus, practices ensure that policies are implemented (Schuler, 1992). A variety of
practices may be used to implement any given policy. For example, a firm might have a policy of
paying for performance in order to affect employee motivation. This policy can be implemented

28
using, for instance, commission-based pay, team-based pay, gainsharing, or employee stock
option plans. Similarly, policies related to developing employee competencies could be
implemented using effective personnel selection practices (e.g., cognitive ability tests) or
effective training and development practices (e.g., coaching). Policies that seek to engage
employees and provide them with opportunities to perform may be implemented using practices
related to job design, such as leadership practices aimed at delegating work tasks, or autonomous
work teams. Thus, HRM policies are broad in describing what a firm wishes to accomplish and
HRM practices are specific in describing how a firm desires to achieve such goals.
HRM processes (Figure 2, Box 2), employees’ experiences and perceptions of HRM
practices, are perhaps the most important level of a HRM system (Kepes & Delery, 2006, 2007).
HRM processes provide an explanation of how practices are identified, formulated, and
implemented (Lengnick-Hall et al., 2009; Schuler, 1992)2. HRM policies and practices can be
ineffective without the appropriate implementation through HRM processes. As HRM processes
directly influence employee psychological empowerment and other individual-level outcomes,
this level must not be neglected (Kepes & Delery, 2006, 2007; Lengnick-Hall et al., 2009;
Schuler, 1992). It is, therefore, useful to survey employees regarding how they perceive various
HRM activities (Lengnick-Hall et al., 2009; Liao et al., 2009). HRM processes should be related
to HRM practices since they are a reflection of formal management practices.
As an example, Liao et al. (2009) explored how the effect of HPWS (measured through
HRM practices and processes) on individual-level outcomes (e.g., individual general service
performance and individual-knowledge-intensive performance) was mediated by psychological
empowerment and perceived organizational support. Liao et al. (2009) showed that there were

2

HRM processes are unique from attributions employees make about why firms make use of certain HRM practices
(e.g., employee exploitation, union compliance, etc.; Nishii et al., 2008).
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noticeable differences between the HRM practices (referred to as management-HPWS) and the
HRM processes (referred to as employee-HPWS). Specifically, Liao et al. (2009) summarized
that “the lack of uniformity across employees in their experiential-based perceptions about the
HPWS practices suggests that there will exist a disconnection between what management says
about the HPWS practices generally implemented for a particular employee group and the
HPWS practices actually experienced [e.g., HRM processes] by the individual employees in that
group” (p. 374). Thus, researchers may want to examine both the employee perspective (e.g.,
HRM processes) as well as the management perspective (e.g., HRM practices) when
investigating the influence of HRM activities on unit-level outcomes. Unfortunately, most
studies in the strategic HRM literature measure either HRM policies or practices, while
neglecting HRM processes. However, to adequately measure the effects of a HRM system, one
must explicitly consider the HRM process-level as it is at this level that HRM policies and
practices are implemented (Kepes & Delery, 2006, 2007). Thus, processes directly affect the
individual-level dynamics of the “black box.” We cannot assume that HRM practices and HRM
processes are equivalent (Kepes & Delery, 2007; Liao et al., 2009).
Next, HRM practices and processes affect individual-level and unit-level outcomes
through individual-level mediators, such as employee psychological empowerment (Figure 2,
Box 3) (Delery & Shaw, 2001; Kepes & Delery, 2007; Kepes et al., 2008; MacDuffie, 1995;
Messersmith et al., 2011). As previously mentioned, KSAs, motivation, and opportunities have
been characterized by psychological empowerment in previous investigations (Liao et al., 2009;
Messersmith et al., 2011; Seibert et al., 2011). Although psychological empowerment overall
reflects a form of motivation (Seibert, Silver, & Randolph, 2004; Thomas & Velthouse, 1990), it
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also reflects employees’ beliefs in their competencies (i.e., KSAs) needed to perform and their
opportunities to perform their work roles (Seibert et al., 2011; Spreitzer, 1995).
As described earlier, HRM practices and HRM processes affect employee psychological
empowerment. However, HRM processes (i.e., employee perceptions of HRM activities) likely
have more proximal relations with employee psychological empowerment than managerial
perceptions of HRM activities (i.e., HRM practices). HRM processes, not the HRM practices in
and of themselves, directly influence employee attitudes and behaviors (James, James, & Ashe,
1990; Kepes & Delery, 2007; Schneider, 1990). This is not to imply that management and
employee perceptions should not be related, rather, one may expect some differences to exist
between the perspectives of managers and employees and that these disparities likely lead to
variations in employee psychological empowerment.
Employee psychological empowerment directly precedes other important individual-level
outcomes, including performance-related outcomes (Figure 2, Box 4). Employee psychological
empowerment serves to guide and influence discretionary behaviors, such as work effort, task
performance, counterproductive work behaviors (CWB), as well as employee turnover (Jiang et
al., in press; Lepak et al., 2006). As previously explained, these individual-level outcomes are a
function of employee KSAs, motivation, and opportunities or the extent to which employees are
psychologically empowered. Without the necessary competencies, employees are unable to
achieve a high level of performance. Furthermore, employees find meaning in their work to
engage in a high level of sustained effort. Finally, employees must have self-determination and
believe they can impact their work environment in order to increase their contribution to
performance-related individual-level outcomes (e.g., work effort, task performance, CWB, and
turnover intentions).
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These individual-level outcomes can include those that are positive and beneficial for a
firm, such as work effort (Brockner, Grover, Reed, & Dewitt, 1992) and task performance
(Campbell, 1990; Campbell et al., 1993). Work effort has been demarcated from task
performance and may be described as the amount of energy employees expend when carrying
out their job. As a standalone measure of a positive individual-level outcome, work effort can be
differentiated from task performance because effective performance requires more than
employees simply expending effort (Stajkovic & Luthans, 2001). Employee task performance
describes individual, discretionary behaviors that are aimed at achieving firm goals (Campbell et
al., 1993). In other words, task performance reflects behaviors that employees engage in to
accomplish desired organizational objectives. Both work effort and task performance are
expected to be positively correlated because high levels of work effort tend to relate to high
levels of task performance (Kuvaas, 2006). Consequently, employee work effort and task
performance are necessary for effective organizational performance.
Individual-level outcomes can also include those that have potentially negative effects for
a firm and should be minimized, such as CWB and turnover intentions. CWB may be defined as
“any intentional behavior on the part of an organization member viewed by the organization as
contrary to its legitimate interests” (Sackett, 2002, p. 5). Over recent decades, CWB has been
linked to negative organizational outcomes (Bennett & Robinson, 2000). Estimates for the
negative consequences of delinquent organizational behavior in the U.S. have ranged from $40
to $120 billion (Buss, 1993) and more recently, $50 billion annually (Coffin, 2003). Thus, CWB
is an important outcome to be considered in organizational research given the myriad of negative
consequences (e.g., theft, loss of productivity, hostile work environments, etc.) associated with
such behaviors.
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Another negative outcome is employee turnover because of the cost of replacing
employees and the loss of firm-specific knowledge (O'Connell & Kung, 2007), particularly if a
firm has invested financial resources and time in developing employee knowledge that is specific
to the firm. Although research has shown a curvilinear relation between employee turnover and
organizational outcomes (Shaw et al., 1998), turnover is generally considered to be harmful for
firm performance (O'Connell & Kung, 2007). Turnover intentions are the immediate precursor to
actual employee turnover and may be considered an adequate predictor of actual turnover
(Mitchel, 1981; Mobley, Griffeth, Hand, & Meglino, 1979). HRM activities can be used to
reduce employee turnover intentions and improve employee retention (Nyberg, 2010; Shaw et
al., 1998).
Individual-level outcomes aggregate to the unit-level (Figure 2, Box 5). For instance,
employee performance can aggregate to become a unit-level outcome (Ostroff & Bowen, 2000)
that then influences unit-level effectiveness, such as customer satisfaction (Figure 2, Box 6)
(Schneider et al., 2005). Frontline employees in the service industry are critically involved in
customer interactions as their behaviors may directly affect the services delivered by firms
(Dietz, Pugh, & Wiley, 2004). This employee-customer connection (Grandey, Goldberg, &
Pugh, 2011) has been featured under a variety of names such as: (1) service climate (Schneider
& Bowen, 1985); (2) emotional contagion (Pugh, 2001); (3) service-profit chain (Heskett et al.,
2008; Heskett et al., 1994; Heskett, Sasser, & Schlesinger, 1997); (4) market orientation
(Jaworski & Ajay, 1993); and (5) linkage research (Wiley, 1996).
More specifically, empirical research has supported a link between employee behaviors
and unit-level outcomes, such as customer satisfaction and their perceptions of service quality
(e.g., Johnson, 1996; Schneider & Bowen, 1985; Schneider et al., 2005; Schneider, White, &
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Paul, 1998). This is particularly true when there is high frequency contact between employees
and customers (Dietz et al., 2004). An employee-customer connection exists if employees
perform at a high level. Employees who perform at a high level are likely to positively affect the
accomplishment of organizational objectives (Heskett et al., 1997; Schneider et al., 2005), and
contribute to other unit-level outcomes in a positive way. The result is that customers are more
satisfied due to the enjoyable service experience (Heskett et al., 1997; Schneider & Bowen,
1985; Whitman, Van Rooy, & Viswesvaran, 2010). Consequently, employee performance, when
aggregated, should be positively related to unit-level effectiveness.
As an overall review of what has been discussed thus far in this literature review section,
research on the implementation of HRM activities and systems of such activities has been
neglected (Becker & Huselid, 2006; Kepes & Delery, 2007). This is problematic because the
ability to identify, formulate, and execute HRM activities “is, by itself, a resource that can be a
source of a competitive advantage” (Barney, 2001, p. 54). Therefore, in order to
comprehensively understand the “black box” of strategic HRM, research is needed that explores
the implementation of HRM activities (e.g., practices and process) and how such implementation
affects employee psychological empowerment and other individual-level outcomes to affect unitlevel effectiveness. Furthermore, there exists a need to investigate internal fit, such as the
alignment between HRM activities and what implications internal fit holds for the “black box”
(Kepes & Delery, 2007).
Currently, there is a lack of research that examines: (1) the importance of HRM practices
compared to HRM processes when influencing employee psychological empowerment and unitlevel outcomes; (2) the effects of interacting HRM activities on the dynamics within the “black
box; (3) the mediating effects of psychological empowerment between interacting HRM
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activities and other performance-related individual-level outcomes; and (4) the effects of unitlevel task performance on unit-level effectiveness. This dissertation seeks to address these gaps.
The importance of HRM activities in the service industry
The research questions of this dissertation are explored using data collected in a firm in
the service industry. It is important to consider how interacting HRM activities affect
psychological empowerment and other individual-level outcomes within the “black box” (e.g.,
employee KSAs, motivation, and opportunities) in the service industry (e.g., Batt, 2000; Liao et
al., 2009; Richard, Murthi, & Ismail, 2007). Employees in this industry have opportunities for
discretionary behaviors that ultimately affect firm performance (Bowen & Ford, 2002). In
particular, HRM activities can be a competitive advantage in the service industry where
employees deliver both products and services (Barney & Wright, 1998). Subsequently, an
investigation of the HRM activities that affect employees in this industry is important.
Unfortunately, the majority of strategic HRM research has been conducted in the manufacturing
industry, neglecting the service industry, which is the fastest growing industry (Liao et al., 2009).
One important aspect of the service industry is the creation and sale of services (Bowen
& Ford, 2002). Services may be defined as “an act or performance offered by one party to
another. Although the process might be tied to a physical product [e.g., a tangible good], the
performance is essentially intangible and does not result in ownership of any of the factors of
production” (Lovelock, 2000, p. 3). For example, services result in the creation of an experience
that can be as much a product of the service firm as products that customers purchase (Bowen &
Ford, 2002). Consider a grocery store where products (e.g., bread, meat, and produce) are sold.
Although grocery stores may differ by the types of products sold (e.g., organic vs. non-organic),
such stores can also differ by the services provided. One might wish to avoid the grocery store
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with poor services that are manifested by incompetent cashiers, crowded checkout lines, and
unfriendly customer service representatives, regardless of the bargains or variety of products sold
at the store. Therefore, the production of services is an important feature of firms in the service
industry.
A second important feature of firms in the service industry is the simultaneous production
and consumption (i.e., a customer experiencing the service) of services (Zeithaml & Bitner,
2000). Typically, a firm’s services cannot be “produced” in advance of a customer’s demand for
that service, nor can excess services be “stored” and “saved” for a later time. Consequently,
firms in the service industry are not in a position where they may easily address the quality of
their services. In the event that a service is of poor quality, an employee who engages the
customer must recognize the poor quality of the service and correct it in real time. This presents
unique challenges for a firm when it comes to effectively developing, motivating, and providing
employees with opportunities to exercise their discretion. Thus, the simultaneous production and
consumption of services is another important feature of firms in the service industry.
A third critical feature of firms in the service industry is the requirement for service
heterogeneity as customers have different needs and expectations (Bowen & Ford, 2002). Even
when a firm’s performance is consistent, as indicated by objective assessments, evaluations made
by customers are subjective and can vary in terms of criteria. Employees with frequent customer
contact are in a better position than management to identify customer needs in the delivery of
services and to attempt to address them (Pugh, 2001; Schneider et al., 1998). Therefore,
employees in the service industry must be empowered to meet customers’ heterogeneous
expectations.
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In summary, the study of the influence of HRM activities on psychological empowerment
and other individual-level outcomes as well as ultimately, unit-level outcomes in the service
industry is of critical importance. The services provided by these firms are frequently
simultaneously produced and consumed making it difficult for a firm to maintain or adjust their
quality. To further complicate matters, customers’ expectations are heterogeneous and subjective
which makes meeting these expectations even more difficult. As frontline employees have the
most frequent contact with customers (Pugh, 2001), firms must focus on effective people
management practices that empower employees to perform at a high level.
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Chapter 3: Theoretical framework
It has been previously argued that HRM activities influence unit-level outcomes through
the dynamics within the “black box” (Boxall & Purcell, 2003; Lepak et al., 2006; MacDuffie,
1995; Messersmith et al., 2011). Organizations may accomplish this in part by developing
effective HRM activities at the HRM practice- and process-levels. The HRM process-level can
be especially important because it is at this level that HRM practices are actually implemented.
In other words, it is at this level where employees experience the implementation and execution
of HRM policies and practices. Yet, until now, only very limited empirical research has
investigated the importance of the HRM process-level (Kepes & Delery, 2006, 2007; LengnickHall et al., 2009; Liao et al., 2009). Additionally, it is also important to investigate synergistic
effects that occur when HRM activities interact (Barney & Wright, 1998; Delery, 1998; Delery
& Doty, 1996; Kepes & Delery, 2007). The outcome of such examinations will provide a better
understanding of how HRM activities influence unit-level outcomes through the “black box” of
strategic HRM. This dissertation seeks to explore these issues. The specific relations to be
investigated are presented in Figure 3. A summary of the specific hypotheses to be investigated
are presented in Table 1.
-----------------------------------------Insert Figure 3 and Table 1 about here
-----------------------------------------HRM practices vs. processes
HRM processes are likely to be more important in influencing individual-level outcomes
than HRM practices as the former are more proximal to employee psychological empowerment
and other individual-level outcomes (Kepes & Delery, 2007; Kepes et al., 2009; Liao et al.,
2009). It is employees’ perceptions of HRM activities, rather than the actual HRM activities in

38
and of themselves, that directly influences their perceptions, attitudes, and behaviors (James et
al., 1990; Schneider, 1990). Thus, although both HRM practices and processes should be
important in the prediction of employee psychological empowerment and other individual-level
outcomes, it can be argued that HRM processes are of greater importance when investigating the
effects of HRM activities on employee reactions and performance-related outcomes (Kepes &
Delery, 2007; Liao et al., 2009). When exploring the effectiveness of HRM systems, it is thus
very useful to take employees’ perspectives into consideration.
Strategic HRM research conducted at the macro level typically assumes invariability in
perceptions of HRM activities (Wright & Boswell, 2002). Consequently, strategic HRM research
has primarily focused on the management perspective of HRM activities (i.e., HRM policies and
practices; Kepes & Delery, 2006, 2007; Liao et al., 2009). Criticisms have emerged about the use
of single response organization surveys and the use of key informants as subjects (Gerhart,
Wright, & McMahan, 2000a; Gerhart, Wright, McMahan, & Snell, 2000b; Huselid & Becker,
2000; Wright et al., 2001). There has been some empirical research that showed variability
between different employment groups (e.g., Lepak & Snell, 2002; Lepak et al., 2007; MelianGonzalez & Verano-Tacoronte, 2006), and other research that has examined the attributions
employees might make regarding why a firm may use particular HRM practices (e.g., Nishii et
al., 2008). Only recently has research considered how employee perspectives (e.g., HRM
processes) compare to management perspectives of HRM activities (i.e., HRM practices; Liao et
al., 2009).
It is likely that there are differences in employee perceptions of HRM practices compared
to the view of managers. Employees are likely to view HRM practices as signaling messages
from management (Bowen & Ostroff, 2004). As a result, employees may form attributions about
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the purpose for the implementation of such practices (Nishii et al., 2008). Thus, there is a
possibility for employees to perceive HRM practices idiosyncratically and for managers and
employees to construe HRM practices differently (Guzzo & Noonan, 1994). Two primary
reasons have been proposed as to why variability may exist between HRM practices and HRM
processes (Liao et al., 2009).
First, it has been argued that HRM practices can actually be implemented differently for
distinct employment groups (Kepes & Delery, 2007; Lepak & Snell, 1999). In fact, empirical
research has supported the notion that employees may be differentially exposed to HRM
practices in their implementation (e.g., Lepak & Snell, 2002; Lepak et al., 2007; MelianGonzalez & Verano-Tacoronte, 2006). Thus, although managers might perceive HRM practices
as consistently implemented, employees can perceive variance in the implementation of the
practices. The differences in perspective may occur as a result of artificial or true differences in
the implementation of HRM practices. For instance, perceived or true differences in
implementation could be a result of the status of different employees relative to the value and
uniqueness of their contributions to unit-level effectiveness (Lepak & Snell, 1999).
Consequently, variability may form between managers’ and employees’ perspectives (i.e., HRM
practices vs. processes).
Second, in addition to between-group differences, within-group differences may exist
(Liao et al., 2009). Within-group differences can exist between employees’ perceptions and
experiences of HRM practices as a result of individual differences, such as sex and age (Joshi,
Liao, & Jackson, 2006; McDaniel, Pesta, & Banks, 2012; Pfeffer & Davis-Blake, 1987).
Research has also argued that employees develop different perceptions of the allocation of
resources and rewards as well as the procedures used to determine their allocation (Colquitt et
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al., 2001). Additionally, research has suggested, drawing upon leader-member exchange theory
(LMX; Graen & Cashman, 1975; Graen, Cashman, Ginsburgh, & Schiemann, 1977), that
managers may treat employees in the same employment group differently. Employees that have
high quality social exchange relationships with their managers are likely to receive additional
resources, training opportunities, social support, and informational advantages (Dulebohn et al.,
2011; Gerstner & Day, 1997; Graen & Uhl-Bien, 1995). Thus, within-group differences can form
because of individual differences in employees, different perceptions of HRM activities, as well
as differential treatment by managers.
In sum, disparities in the perceptions of HRM activities can form between managers and
employees. These disparities emerge as a result of between- and within-group differences. It
seems reasonable that manager and employee perceptions of HRM practices are similar. Yet,
disparities between the two perceptions likely exist. The degree of disparity in the perceptions of
HRM activities are likely to result in HRM processes being more predictive of employee
psychological empowerment and other individual-level outcomes and, ultimately, unit-level
outcomes than HRM practices (Kepes & Delery, 2007). In fact, empirical research has provided
some support for this notion (Liao et al., 2009). This is because it is the employees’ perceptions
of HRM activities (i.e., HRM processes), that are the actual cues and stimuli and thus directly
affect employee behaviors (James et al., 1990; Schneider, 1990) rather than HRM practices.
Hypothesis 1: HRM processes are more important than HRM practices in
predicting employee psychological empowerment and other individual-level
outcomes.
To provide evidence for the robustness of this hypothesis, it is important to obtain
empirical evidence across various conceptualizations of HRM activities. Thus, it is useful to
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explore the importance of HRM processes compared to HRM practices across HRM activity
areas. Therefore, I seek to find support for this hypothesis across HRM activities, such as
contingent rewards, training, and PDM, targeted at employee psychological empowerment and
other performance-related individual-level outcomes. These HRM activities are useful to focus
on because they serve to influence employees’ attitudes and behaviors after they have joined
their organization.
Additionally, it is useful to compare the importance of HRM practices and processes
across distinct outcomes. In order to clearly understand the influence of HRM activities, it is
helpful to consider various individual-level outcomes (Delery & Shaw, 2001; Jiang et al., in
press; Liao et al., 2009; Nishii et al., 2008). Therefore, I explore the importance of HRM
practices and processes across psychological empowerment, work effort, task performance,
CWB, and turnover intentions. Furthermore, I consider the importance of HRM practices and
processes when testing for synergistic effects of HRM activities on employee psychological
empowerment and other individual-level outcomes.
In summary, I propose to implement a conceptual replication of my empirical tests to
provide support for hypothesis 1 across various independent and dependent variables. I outline
six hypotheses (hypotheses two to seven) that each predict that domains of HRM activities affect
employee psychological empowerment and other individual-level outcomes. More specifically,
these hypotheses seek to provide evidence that HRM processes (both main effects and
interaction effects) are important HRM activities.
Contingent rewards HRM activities
Contingent rewards is a critical variable in the organizational sciences and describes how
HRM activities can be used to set up constructive transactions or exchanges with employees
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(Locke et al., 1980). The first systematic investigation into contingent rewards may have been
conducted by Taylor (1911/1967). This work pioneered scientifically designed incentive plans
(Locke et al., 1980). Contingent rewards have been operationalized in both tangible and
intangible ways (Gerhart & Rynes, 2003). Tangible contingent rewards include piecework plans,
individual bonus plans, and Scanlon plans (i.e., gainsharing), to name a few. Intangible types of
contingent rewards include nonfinancial incentives, such as recognition plans, development
opportunities, and other acknowledgements (Heneman, 1992). Contingent rewards are
potentially the strongest motivational tool for employees (Gerhart, Rynes, & Fulmer, 2009;
Locke et al., 1980), however, their effects are dependent on the extent to which the rewards are
linked to performance (Kepes et al., 2009; Lawler, 1971).
HRM activities (e.g., practices and processes) related to contingent rewards can be used
to affect employee psychological empowerment and other individual-level outcomes which
should then affect unit-level effectiveness (see Figure 2). Although HRM activities related to
contingent rewards likely affect all four dimensions of psychological empowerment, they may
primarily affect employee meaning (Gerhart & Rynes, 2003; Lawler, 1971; Porter & Lawler,
1968; Vroom, 1964). The beneficial effect of contingent rewards on individual-level outcomes
through employee psychological empowerment can be explained by several theories.
Expectancy theory (Porter & Lawler, 1968; Vroom, 1964) suggests that employees
evaluate (1) the likelihood that their efforts will result in successful performance (i.e.,
expectancy); (2) the likelihood that successful performance will be rewarded (i.e.,
instrumentality); and finally, (3) the value of the rewards given (i.e., valence). As a result of
these evaluations, employees attempt to maximize their effort when they believe they can
perform at a high level and when their performance will be rewarded with things that they value.
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Subsequently, HRM activities that affect these three components may be developed to influence
employee psychological empowerment.
In the context of contingent rewards, employees form perceptions regarding the
likelihood that their performance will be rewarded (i.e., instrumentality) and that the reward will
be something they desire (i.e., valence). It is the anticipated value of the reward that should drive
employees to expend effort in what is an iterative process (Porter & Lawler, 1968). According to
expectancy theory, HRM activities lead to increased employee empowerment, but only to the
degree that such activities enhance employees’ performance-reward expectancies thereby
increasing the meaning of their work (Lawler, 1973; Seibert et al., 2011; Spreitzer, 1995).
Consequently, HRM activities that provide a strong link between employees’ level of
performance and the subsequent rewards that employees receive should result in increased
employee psychological empowerment.
In addition to expectancy theory, the effectiveness of contingent rewards can also be
explained by equity theory (Adams, 1963) and exchange theory (Homans, 1958). Equity theory
states that employees develop beliefs regarding the perceived fairness of their outcomes relative
to their inputs (Adams, 1963; Carrell & Dittrich, 1978). Individuals desire to maximize their
outcomes (e.g., pay, recognition, job security, etc.) relative to their input (e.g., effort, hard work,
time, etc.). Employees make comparisons of their inputs and outcomes relative to the inputs and
outcomes received by others. Employees may experience lower levels of psychological
empowerment if they perceive that their input-outcome ratio is less favorable than the
input/outcome ratio of co-workers; the employee is likely to perceive equity distress (Huseman,
Hatfield, & Miles, 1987). In other words, individuals may not be empowered if they perceive an
inconsistency between their goals and their work (Seibert et al., 2011). Equity distress, which
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occurs due to an unfavorable input-outcome ratio, is thus likely to result in greater perceptions of
inconsistencies and, therefore, lower psychological empowerment. Behavioral and psychological
changes may serve to increase psychological empowerment as employees desire to obtain
equitable or favorable input-outcome ratios relative to others (Carrell & Dittrich, 1978).
Consequently, employees tend to reduce their equity distress, thereby improving their
psychological empowerment by engaging in a variety of behaviors, such as increasing their
inputs (e.g., working harder) to earn more outcomes or by directly increasing their outcomes
(e.g., applying for a raise). Such behaviors can address employees’ perceptions of inconsistencies
between their work roles and the rewards that they receive. This should increase the
psychological empowerment that employees experience. Employees may also cope with the
distress cognitively (e.g., change their social comparison or develop a new explanation for the
difference in ratios).
Similar to equity and exchange theory, justice perceptions can be used to explain the
effect of contingent rewards on psychological empowerment and other individual-level
outcomes. The concept of organizational justice, and, in particular, distributive justice, draws
upon equity theory (Adams, 1963; Adams, 1965). Meta-analytic evidence has shown that justice
perceptions play an important role in the nomological network of many variables in the
organizational sciences (Colquitt et al., 2001). Distributed justice is cultivated when the
allocation of outcomes reflects implicit norms (e.g., equity or equality; Colquitt, 2001). Thus,
employees should perceive a high level of distributive justice when the allotment of outcomes is
consistent with their contributions. Employees are, therefore, concerned with the ratio of their
contributions (i.e., inputs) to their rewards (i.e., outputs). Employees should experience higher
levels of psychological empowerment, particularly meaning, when they perceive that the
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outcomes they receive are equitably distributed; to be just and fair compared to co-workers
(Huseman et al., 1987).
Similar to the argument made by equity theory, employees can experience higher levels
of meaning in their work and, therefore, psychological empowerment, when there is a fair and
just (i.e., equitable) ratio between their contributions in the workplace and the rewards they want
to receive (Seibert et al., 2011). Thus, employees may have higher levels of psychological
empowerment when there is alignment between their work roles and their goals (Spreitzer,
1995). Employees derive a greater sense of empowerment from their work when they are
rewarded justly for work inputs. Therefore, this theoretical stream suggests that employees are
concerned with the absolute level of outcomes and that their perceptions of justice affects the
extent to which they feel empowered (Seibert et al., 2011).
Taken together, expectancy theory, equity theory and exchange theory as well as justice
theory can be used to explain how contingent rewards affect employee psychological
empowerment (Kepes et al., 2009; Lawler, 1971). When incentive rewards are linked to
performance (i.e., contingent rewards), employees should have higher levels of psychological
empowerment (Lawler, 1971). Furthermore, employees are psychologically empowered to
complete organizational objectives when they perceive that their input-output ratio is equitable or
favorable relative to comparison others (Huseman et al., 1987; Seibert et al., 2011). Managers
should establish equitable and just exchange rates as employees are likely to engage in social
comparisons in order to evaluate the fairness of their exchange rate (Seibert et al., 2011). In sum,
this class of theories provides logical support that HRM activities related to continent rewards
are an effective approach to psychologically empower employees (Conger & Kanugo, 1988;
Seibert et al., 2011).
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Hypothesis 2a: Contingent rewards positively relate to employee psychological
empowerment.
When comparing HRM practices and HRM processes of contingent rewards, I also
consider how these HRM activities are related to other individual-level outcomes (e.g., work
effort and task performance; CWB and turnover intentions). First, work effort describes the
energy an employee expends when accomplishing their work roles to reach a given level of task
performance (Brockner et al., 1992) and task performance describes the in-role behaviors that
employees are designated to perform (Campbell, 1990; Campbell et al., 1993). When incentive
rewards are linked to performance, employees should be motivated to improve their overall
performance (Lawler, 1971). Once employees perceive a clear link between their input (e.g.,
hard work, effort, time, support for co-workers) and experience positive consequences as
outcomes (e.g., recognition, pay, job security), they are likely to perceive a sense of equity in the
social and economic exchanges (Huseman et al., 1987) and are motivated to work hard (Lawler,
1971). Employees that are motivated to work hard to get the rewards they desire will increase
their work effort and, ultimately, task performance. Empirical research has supported that
contingent rewards, such as piece-rate and commission-based pay, are related to in-role
behaviors (Jenkins, Mitra, Gupta, & Shaw, 1998). Thus, HRM activities related to contingent
rewards should positively affect work effort and task performance.
HRM activities related to contingent rewards can also have a negative effect on work
outcomes, such as CWB and turnover intentions. According to expectancy theory, employees
form perceptions of the probability that their performance will be rewarded (i.e., instrumentality)
(Lawler, 1971). Employees are thought to engage in CWB, in part, if they do not perceive a clear
connection between their performance and their rewards (Huseman et al., 1987). Drawing upon
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equity and justice theory, it can also be suggested that employees may engage in CWB and
perceive that such behaviors are an acceptable correction to an injustice, such as when they
perceive that their outcomes do not match their input (Greenberg, 1990b; James et al., 2005). In
other words, employees may engage in CWB when they believe they have not received
equivalent or just treatment (e.g., Greenberg, 1990a). However, if contingent rewards are highly
emphasized, an employee is likely to perceive that their input matches their outcomes, which
reduces their desire to engage in CWB. Thus, the extent to which HRM activities related to
contingent rewards reflect equitable exchange ratios, employees should have a decreased desire
to perform CWB (Greenberg, 1990a, b).
Furthermore, contingent rewards may also be negatively related to turnover intentions
(Williams, McDaniel, & Nguyen, 2006). HRM activities related to contingent rewards can
provide employees with a strong link between their performance and rewards, which should
result in decreased employee turnover because employees feel equitably treated and thus desire
to remain with their organization (Leonard, 1987; Park, Ofori-Dankwa, & Bishop, 1994; Powell,
Montgomery, & Cosgrove, 1994; Wilson & Peel, 1991). Additionally, when employees desire
rewards and perceive opportunities to receive them, employees believe that they would have to
relinquish an opportunity cost if they were to turnover (Leonard, 1987; Nyberg, 2010). Drawing
upon this logic, contingent rewards should have a positive effect on work effort and task
performance behaviors as well as a negative effect on CWB and turnover intentions.
Hypothesis 2b: Contingent rewards relate to individual-level outcomes (positively
to work effort and task performance; negatively to CWB and turnover intentions).
Employee psychological empowerment should mediate the relations between contingent
rewards and other individual-level outcomes. According to expectancy theory (Lawler, 1971;
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Porter & Lawler, 1968; Vroom, 1964), contingent rewards affect employee psychological
empowerment as employees are able to perceive a fair and just link between their performance
and rewards (Seibert et al., 2011). Employee psychological empowerment should then affect
other performance-related individual-level outcomes (Campbell et al., 1993).
As contingent rewards influences employee psychological empowerment, employees are
more empowered and their work effort is likely to increase in persistence and direction (Seibert
et al., 2011). Contingent rewards serves to empower employees which then leads to higher
concentrations of energy. Contingent rewards affect employees’ beliefs in their capabilities
which results in employees expending higher amounts of effort at work. If employees are
psychologically empowered, they are more likely to raise their efforts, persist in their efforts, and
direct their efforts towards accomplishing organizational objectives (Campbell et al., 1993). As
contingent rewards empowers employees, they should be able to achieve higher levels of task
performance as they have higher levels of expectations in their abilities to overcome and
preserve against workplace challenges related to their job (Seibert et al., 2011).
Psychological empowerment can also decrease the likelihood that employees will engage
in CWB (Bennett & Robinson, 2000). Research has shown that frustration, boredom, and
dissatisfaction can all lead to CWB (Spector et al., 2006). Employees that are psychological
empowered and find meaning in their work are less likely to be bored (Conger & Kanugo, 1988).
Additionally, when employees are psychologically empowered, they may experience less
frustration and dissatisfaction at work which otherwise could result in an increase in CWB. Thus,
empowered employees are less likely to steal, be uncivil, or engage in other harmful behaviors.
Likewise, contingent rewards should affect turnover intentions through psychological
empowerment. As contingent rewards increase psychological empowerment, employees will
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view their high levels of psychological empowerment as a resource that is of value. This should
diminish the likelihood that they turnover (Seibert et al., 2011) because high levels of
psychological empowerment may not be easily achieved with another firm. Research has shown
that employees with higher levels of psychological empowerment are more likely to engage in
positive organizational behaviors and avoid those that are negative in nature (Maynard et al.,
2012; Seibert et al., 2011; Spreitzer & Mishra, 2002). Taken together, the level of psychological
empowerment an employee experiences should mediate the relation between contingent rewards
and individual-level outcomes (Jenkins et al., 1998; Lawler & Jenkins, 1992).
Hypothesis 2c: Employee psychological empowerment mediates the relations
between contingent rewards and other individual-level outcomes (positively to
work effort and task performance; negatively to CWB and turnover intentions).
In sum, the influence of HRM practices and processes on individual-level outcomes may
be mediated by psychological empowerment. Differences likely exist between HRM practices
and processes (Liao et al., 2009). As explained in hypothesis 1, these disparities can result in
processes related to contingent rewards having greater importance than HRM practices when
predicting psychological empowerment and other individual-level outcomes (Kepes & Delery,
2007; Lengnick-Hall et al., 2009).
Training HRM activities
Next, I explore HRM practices and processes related to training. Although training can
affect all four dimensions of psychological empowerment, it is particularly likely to affect
employee competence, which reflects employees’ perceptions that they have the KSAs necessary
to perform at a high level (Seibert et al., 2011). It is valuable for organizations to develop the
competencies of their employees in order to maintain and improve employee performance (Salas
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& Cannon-Bowers, 2001). As such, U.S. firms spent close to $125.9 billion in 2009 on training
activities related to learning and development (American Society for Training & Development,
2010). Thus, HRM activities related to training are of great importance to U.S. firms. Human
capital theory (Becker, 1964; Schultz, 1961) can be used to explain why psychological
empowerment is beneficial for firms.
Human capital theory is founded on the notion that employees’ have potential qualities
that can serve as a resource that benefits firms’ profitability (Becker, 1964; Flamholtz & Lacey,
1981; Schultz, 1961). Schultz (1961), who contributed one of the seminal papers on human
capital theory, defined employee competencies as a form of capital that could be deliberately
invested in as a means to achieve a variety of ends. Thus, employees can compose a type of
capital to be developed (Becker, 1993) and this capital can be valuable for firms (Nafukho,
Hairston, & Brooks, 2004). Human capital within a firm can be characterized by the extent to
which that capital provides strategic value to the firm and is unique (Lepak & Snell, 1999). The
extent to which human capital is valuable is represented by the degree to which it improves the
efficiency and effectiveness of the firm (Lepak & Snell, 2002). If human capital is unique
(Barney, 1991), it is an indication that it is rare and possibly firm-specific (Lepak & Snell, 2002).
A firm can acquire or develop human capital through various HRM activities, such as
through selection and training (Becker, 1964). To obtain a competitive advantage, firms may
have a strong desire to obtain human capital that is unique and firm-specific, and therefore, not
easily transferred to competing firms. Such human capital could qualify as a strategic resource
according to the resource-based view of the firm (Barney, 1991). Firms can gain human capital
that is nonspecific by acquiring it from the external labor market through selection (Schultz,
1961). Conversely, training allows firms to develop human capital that is more unique and job
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specific (Schmidt & Hunter, 1993). Human capital acquired through such means may be specific
to a firm’s context and thus more valuable (Becker, 1964; Lepak & Snell, 1999; Schultz, 1961).
HRM activities related to training can include managerial feedback that seeks to guide
and improve employee performance (Heslin, Vandewalle, & Latham, 2006; Liu & Batt, 2010;
Yukl, 2002). This guidance should serve to affect employee psychological empowerment,
particularly the competency dimension, as employees receive training that serves to improve
their capabilities (Seibert et al., 2011). The advantage of developing human capital through
training, relative to other HRM activities, is that training provides a focus on workplace
challenges specific to the firm which should have an empowering effect (Hall, Otazo, &
Hollenbeck, 1999; Heslin et al., 2006).
Additionally, training, particularly if it is on-the-job, can be tailored to the individual
employee being taught which should improve employees’ beliefs in their abilities to complete
their work (Heslin et al., 2006). As a result, employees may experience higher levels of
psychological empowerment. This avoids the limitations that come with attempting to transfer
employee competencies from contexts external to the firm (Baldwin & Ford, 1988; Olivero,
Bane, & Kopelman, 1997; Tracey, Tannenbaum, & Kavanaugh, 1995). Types of training that are
on-the-job have additional advantages over acquiring human capital through the external labor
market because it may be less expensive and can provide employees with opportunities for
ongoing learning that should have an empowering effect specific to the firm (Liu & Batt, 2010).
Therefore, training can have a positive effect on employees’ beliefs in their knowledge, skills
and abilities (i.e., psychological empowerment; Seibert et al., 2011).
Hypothesis 3a: Training positively relates to employee psychological
empowerment.
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Drawing upon human capital theory, one can suggest that HRM activities related to
training should have a beneficial influence on other performance-related individual-level
outcomes (Liu & Batt, 2010), such as work effort and task performance behaviors (Becker,
1964). This occurs because training delivers individualized feedback and guidance that facilitates
job specific knowledge (Kraiger, Ford, & Salas, 1993; Liu & Batt, 2010). Job specific
knowledge (Schmidt & Hunter, 1993), in particular, may not be easily acquired on the external
market, yet might be unique and critical for effective performance in the firm (Behling, 1998;
Schultz, 1961). Firm-specific training that results in employee development could reduce anxiety
that stems from role confusion (Gardner et al., 2011), which can result in increased work effort
and task performance. By developing human capital, employees can gain the competencies that
they need when expending work effort and performing their in-role functions. Furthermore,
employees may appreciate the individualized development that they receive and, as a
consequence, they may have a desire to reciprocate by expending higher levels of effort which
should lead to higher levels of task performance (Lawler, 1971). Thus, HRM activities related to
training can positively relate to work effort and task performance (Kraiger et al., 1993).
Training may also be expected to negatively relate to some work outcomes, such as CWB
and turnover intentions. As a result of training and personal investment, employees might be
discouraged from engaging in CWB, such as incivility towards co-workers, sabotage, or theft.
Employees may feel a sense of obligation to the organization and their managers for investing in
them and developing them. As a result, they may be motivated to abstain from behaviors that
might be harmful for the organization and its stakeholders, such as social loafing, putting little
effort into their work, acting rude, and intentionally working slower (Bennett & Robinson,
2000). Thus, training can reduce CWB that stem from poor job attitudes (Spector & Fox, 2010).
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Furthermore, employees can have a stronger understanding of how their negative behaviors hurt
their co-workers, the organization, and its stakeholders (Lepak & Snell, 2002), particularly in
cases of sexual harassment and discrimination (Antecol & Cobb-Clark, 2003).
The investment by the firm in employees should also encourage employee retention as
employees may feel obligated to remain with an organization and manager who have made a
personal investment in their development (Meyer, Stanley, Herscovitch, & Topolnytsky, 2002).
If employees develop human capital that is idiosyncratic to a firm’s particular context (Lepak &
Snell, 1999; 2002) and such human capital is not as valuable in competing firms (Schultz, 1961),
employees may desire to remain with the firm where their human capital is valuable. Employees
might also perceive opportunities for continued development and advancement if they remain
with their firm. Thus, turnover would result in an opportunity cost for employees (Leonard,
1987; Nyberg, 2010). In sum, training can increase work effort and performance while reducing
both CWB and turnover intentions. By contrast, if a firm does not provide employees with
training, work effort and performance may be harmed and CWB and turnover intentions may
increase. Hence, I hypothesize the following:
Hypothesis 3b: Training relates to individual-level outcomes (positively to work
effort and task performance; negatively to CWB and turnover intentions).
Employee psychological empowerment may mediate the relations between training and
other individual-level outcomes. It may be through changes in psychological empowerment that
training can influence both positive and negative outcomes (Behling, 1998). As employees
receive training, their sense of their capabilities should improve which can increase their work
effort (Maynard et al., 2012; Seibert et al., 2011). Therefore, training might serve to increase
psychological empowerment, and as employees become more empowered, they are more likely
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to persist in the accomplishment of work-related objectives leading to higher work effort and
actual task performance. Also, employees with a high level of psychological empowerment have
a better understanding of organizational procedures and goals that allows them to improve their
performance (Campbell et al., 1993; Seibert et al., 2011). Thus, the influence of training on
psychological empowerment can positively affect work effort and task performance because
employees become more capable of contributing to the accomplish of their work tasks.
Training can also diminish negative individual-level outcomes, such as CWB and
turnover intentions, through psychological empowerment. Training should serve to affect
employees’ level of empowerment which then contributes to their likelihood to abstain for
negative workplace behaviors (Bennett & Robinson, 2000; Robinson & Bennett, 1995). Thus,
training can reduce CWB through psychological empowerment because empowered employees
are less likely to be uncivil to colleagues or slack off at work. In other words, because training
increases psychological empowerment, employees become more empowered, which should
reduce their potential negative actions, such as being uncivil to co-workers, disrespecting
customers, and engaging in behaviors that hurt the effectiveness of their firm.
Training can also reduce turnover intentions through psychological empowerment. In
fact, research has shown that managerial practices can influence employee commitment to an
organization through the mediating role of psychological empowerment (Avolio, Zhu, Koh, &
Bhatia, 2004). Such practices accomplish this by providing employees with high levels of
concentration, initiative, and resiliency which then increases employees’ commitment to the
organization. Likewise, training can improve employees’ ability to overcome challenges and take
initiatives resulting in higher levels of empowerment that should decrease employees desire to
turnover (Maynard et al., 2012; Seibert et al., 2011). This could lead to increased retention as
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employees want to remain with the organization that provides them with such empowerment
(Meyer et al., 2002). Taken together, psychological empowerment should mediate the
relationships between training and several other individual-level outcomes (Baldwin & Ford,
1988; Becker, 1964; Tracey et al., 1995).
Hypothesis 3c: Employee psychological empowerment mediates the relations
between training and other individual-level outcomes (positively to work effort
and task performance; negatively to CWB and turnover intentions).
Taking hypothesis 1 into consideration, I expect that both training HRM practices and
processes affect psychological empowerment as well as other individual-level outcomes. Yet, I
expect that training HRM processes are more important relative to HRM practices in predicting
psychological empowerment and other individual-level outcomes. Thus, it is necessary that
empirical research take into consideration the influence of both HRM practices and processes on
psychological empowerment and other individual-level outcomes.
Participative decision making (PDM) HRM activities
Finally, I examine HRM activities related to PDM targeted at psychological
empowerment that operates by creating opportunities for employees to contribute to
organizational objectives. Although HRM activities related to PDM likely affect all four
dimensions of psychological empowerment, these activities may have the strongest affect on
self-determination and impact. As self-determination and impact reflect the extent to which
employees are both able to control and influence the work environment (Seibert et al., 2011),
these two dimensions are perhaps most affected by PDM. HRM practices and processes related
to PDM provide employees with opportunities to influence their work environment and
ultimately affect performance-related individual-level outcomes (Lowin, 1968).
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PDM can be characterized as influence sharing between managers and employees
(Mitchell, 1973), joint decision making (Locke & Schweiger, 1979), or the degree to which
managers encourage employee participation in work-related decisions (Miller & Monge, 1986).
There has been an increase in PDM in organizations within the last two decades, perhaps in part
due to organizational trends to flatten organizational hierarchies and to reduce firm dependence
on middle managers (Probst, 2005). Meta-analytic research has provided evidence showing that
PDM can increase job satisfaction and organizational commitment as well as reduce employee
absenteeism and turnover intentions (Spector, 1986).
Expectancy theory can be used to provide the theoretical explanation for the beneficial
effects of PDM on psychological empowerment and other individual-level outcomes (Black &
Gregersen, 1997). When employees are involved in decision making processes that relate to their
job, they have opportunities to contribute to the accomplishment of organizational objectives;
this can have psychologically empowering effects. Thus, HRM activities related to PDM provide
employees with opportunities to participate, such as the opportunity to impact and control workrelated decisions. This likely influences the extent to which employees perceive that they have
opportunities for independence and freedom; that they can impact their work environment
(Spreitzer, 1995). Consequently, this strengthens employee perceptions of the link between their
effort and their performance because of increased perceptions of control (i.e., expectancy;
Lawler, 1971). Conversely, if employees are not involved in decision making processes, they
have fewer opportunities to affect their work environment and to contribute to the
accomplishment of organizational objectives (Greenhalgh & Rosenblatt, 1984). Because of this
employee psychological empowerment could be low (Kanter, 1977).
Hypothesis 4a: PDM positively relates to employee psychological empowerment.
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HRM activities related to PDM may also have positive relations with other performancerelated individual-level outcomes, such as work effort and task performance. According to
expectancy theory (Lawler, 1971; Porter & Lawler, 1968; Vroom, 1964), PDM helps increase
employees’ understanding of the link between their effort and their performance (Black &
Gregersen, 1997). Thus, PDM should increase an employee’s desire to display performancerelated behaviors and work effort, which should positively affect their performance (Lawler,
1971). PDM can also affect work effort and task performance because it allows employees to
generate alternative solutions, select proper solutions, plan and implement solutions, and
evaluate the results (Black & Gregersen, 1997). In fact, meta-analytic evidence has indicated that
PDM can have a positive effect on employee performance (e.g., = .27) (Sagie, 1994).
Engaging employees in decision making processes provides clarity in terms of
expectations regarding instrumentalities (Mitchell, 1973). More specifically, PDM should
positively affect work effort and task performance because employees use their opportunities to
control their work environment in ways that facilitate effective performance (Lam, Chen, &
Schaubroeck, 2002; Mitchell, 1973). PDM also facilitates two-way communication, which can
lead to the better utilization of critical information, and, as a result, improves employees’
understanding of the rationale for the implementation of work tasks (Locke, Schweiger, &
Latham, 1986). Thus, if employees have critical information that explains the rationale for how
to perform certain work tasks, they are better able to adapt their behaviors to meet changing
needs in their work environment. Consequently, task performance should be positively
influenced. Taken together, PDM affects work effort and task performance as employees
perceive a stronger link between their effort and their performance as their control increases
(Spector, 1986).
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Similarly, research has shown that PDM can reduce a variety of negative work outcomes,
such as CWB and turnover intentions. When employees perceive time pressure, role conflict and
ambiguity, and a heavy workload, employee PDM should help reduce such negative strains
(Karasek, 1979). Therefore, with high levels of PDM, employees may be less likely to lash out at
their organization or its stakeholders (e.g., engage in CWB). Furthermore, as a result of PDM,
employees are given opportunities to exercise discretion and share influence, which can
strengthen their perceived expectancy between effort and performance. Thus, employees are less
likely to perceive that the firm is preventing them from achieving a high-level of performance.
Providing employees with opportunities can also lead to increased employee retention
through reduced turnover intentions. This is because employees are given increased opportunities
to pursue organizational objectives that are linked to desired rewards. Meta-analytic evidence has
supported this as participation and autonomy are negatively related to turnover intentions (e.g.,
= -.15; = -.19, respectively) (Spector, 1986). Increased perceptions of control can also help
alleviate the strains that employees feel from stress that may result in increased turnover
intentions due to burnout (Karasek, 1979). Taken together, HRM practices and processes related
to PDM should result in improved individual-level outcomes.
Hypothesis 4b: PDM relates to individual-level outcomes (positively to work
effort and task performance; negatively to CWB and turnover intentions).
Employee psychological empowerment can mediate the relations between PDM and
performance-related individual-level outcomes. Employees may develop an empowering sense
that they are influencing their work tasks (i.e., expectancy; Lawler, 1971) which should lead to
increased work effort and task performance as a consequence of PDM. PDM influences
employee work effort by empowering employees to be capable of generating alternative
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solutions to problems and gives employees the ability to evaluate the results of their conclusions
(Black & Gregersen, 1997). Thus, as employees become more empowered by being involved in
their work environment, their work effort can increase. Also, PDM can affect task performance
through psychological empowerment by giving employees the perception that they are making
an impact on their work tasks (Maynard et al., 2012).
Psychological empowerment can also mediate the relationships between PDM and
negative individual-level outcomes, such as CWB and turnover intentions. As PDM affects
employee psychological empowerment, employees should experience less frustration as they
become more empowered (Probst, 2005) which reduces the likelihood that employees engage in
harmful behaviors (Spreitzer & Mishra, 2002). As a consequence, employees empowered as a
result of PDM are less likely to engage in CWB, such as lashing out at the organization and its
stakeholders (James et al., 2005). PDM can also affect turnover intentions through psychological
empowerment. As PDM increases psychological empowerment, employees experience increased
perceptions of freedom and the ability to affect their work environment, which can diminish
turnover intentions (Black & Gregersen, 1997; Seibert et al., 2011). Taken together, employees’
level of psychological empowerment should mediate the relationships between PDM and other
individual-level outcomes (Black & Gregersen, 1997; Probst, 2005; Sagie, 1994; Spector, 1986).
Hypothesis 4c: Employee psychological empowerment mediates the relations
between PDM and other individual-level outcomes (positively to work effort and
task performance; negatively to CWB and turnover intentions).
It can be expected that both HRM practices and processes related to PDM affect
employee psychological empowerment and other individual-level outcomes (Ganster & Fusilier,
1989; Probst, 2005; Spector, 1986). Yet aligned with hypothesis 1, I expect that PDM HRM
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processes likely have greater importance than HRM practices. This is because employee
perceptions of perceived control are arguably the dominant factor that influences whether or not
employees have high levels of psychological empowerment and therefore, influence individuallevel outcomes (Spreitzer, 1995).
The influence of inter-HRM activity area fit on individual-level outcomes
According to the resource-based view of the firm (Barney, 1991; Rumelt, 1984;
Wernerfelt, 1984), HRM activities can be a resource for a sustainable competitive advantage if
they are valuable and rare as well as difficult to imitate and substitute (Barney & Wright, 1998).
Inter-HRM activity area fit generates positive synergistic effects, and creates value that is not
possible with any individual HRM activity alone (Kepes & Delery, 2007). To serve as a strategic
resource for a sustainable competitive advantage, HRM activities must also be rare, in addition to
being valuable. Furthermore, it is the influence of inter-HRM activity area fit through the
causally ambiguous and socially complex “black box” that allows this strategic resource to be
difficult to imitate (Barney, 1991). As inter-HRM activity area fit is firm-specific, it can be
challenging for competing firms to understand the link between the strategic resource and the
competitive advantage (Reed & DeFillippi, 1990).
Additionally, the synergistic effects between HRM activities related to contingent
rewards, training, and PDM take time to develop, are socially complex, and their effects on
individual-level and unit-level outcomes are causally ambiguous (Wright et al., 1994).
Furthermore, their influence on employee psychological empowerment reflect socially complex,
transaction-specific human capital (Becker, 1964). As social exchange relationships exhibit serial
dependence (Molm, 1994), they cannot be easily transferred and are difficult to imitate. Finally,
the synergy between HRM activities cannot be easily substituted without great effort (Barney,
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1991). Consequently, competing firms are unable to simply develop alternatives. Thus,
synergistic effects between HRM activities can be a source of a firm’s competitive advantage
(Becker & Huselid, 1998; Kepes & Delery, 2006, 2007).
My approach to the investigation of synergistic effects incorporates both substantive and
methodological concerns. Previous research that drew upon exploratory and confirmatory factor
analyses (e.g., Huselid, 1995; Tanriverdi & Venkatraman, 2005; Wood, 1999), cluster analysis
(e.g., Arthur, 1992; Ichniowski et al., 1997; Perry-Smith & Blum, 2000), and profile deviations
(e.g., Delery & Doty, 1996; Verburg et al., 2007) did not explicitly consider the interaction of
HRM activities. In order to investigate potential inter-HRM activity area fit, it is necessary to
establish how the influence of certain HRM activities on the dynamics within the “black box” is
contingent upon other HRM activities. Thus, synergistic effects must be empirically investigated
(Chadwick, 2010) and interactions are the best way to do this (Chadwick, 2010; Kepes & Delery,
2007).
As a result, I predict that HRM activities of contingent rewards, training, and PDM
interact in various ways to affect individual-level outcomes within the “black box.” Furthermore,
I predict that psychological empowerment mediates these relationships. I propose a systematic
examination of the interrelations of these HRM activities and their effects on the dynamics
within “black box.” Therefore, in this section, I explain the potential influence of interacting
HRM activities on employee psychological empowerment and other individual-level outcomes.
Furthermore, I describe how employee psychological empowerment might mediate the relations
between interacting HRM activities and other individual-level outcomes within the “black box.”
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The synergistic effects between training and contingent rewards
As previously described, training is likely to have an effect on psychological
empowerment as well as other individual-level outcomes (e.g., work effort, task performance,
CWB, and turnover intentions). However, the effectiveness of training may be enhanced if
employees are also offered contingent rewards (Heslin et al., 2006). There are four different
conditions which may emerge as a result of a combination of training and contingent rewards
HRM activities and these conditions are summarized in Table 2.
-----------------------------------------Insert Table 2 about here
-----------------------------------------The extent to which training influences psychological empowerment and other
individual-level outcomes is likely dependent upon the degree to which employees perceive that
incentive rewards are linked to their performance (i.e., contingent rewards). When there is a high
training and contingent rewards emphasis (e.g., Condition 1; Table 2), training is highly stressed
which, as explained earlier, can increase psychological empowerment, work effort, and task
performance as well as decrease CWB and turnover intentions. However, the beneficial effects
of training can be enhanced when contingent rewards are also emphasized (Heneman, 1992;
Heslin et al., 2006).
For instance, incentives that are contingent upon performance should affect the extent to
which employees take advantage of their training opportunities and therefore, experience
empowerment (Gerhart et al., 2009; Lawler, 1971). Contingent rewards can motivate employees
to use their training by providing them with incentives for engaging in such behaviors (Heslin et
al., 2006). Hence, contingent rewards can affect how successful employees are in transferring
their training (Baldwin & Ford, 1988). Employees are likely to experience higher levels of
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empowerment when the effects of the training are enhanced due to the incentives they are
offered. Contingent rewards can affect the relationships between training and work effort and
task performance. As employees are offered contingent rewards, they are more likely to use the
training received to initiate and guide their work effort as well as to increase their persistence and
intensity in the accomplish of their work-related tasks (e.g., work effort and task performance)
(Baldwin & Ford, 1988; Stajkovic & Luthans, 2001).
The relationship between training and CWB as well as turnover intentions should also be
benefited by high levels of contingent rewards (i.e., Table 2; Condition 1). Employees are more
likely to use their training to abstain from CWB when they perceive that they may be rewarded
for refraining from such behaviors (and pursue positive organizational objectives instead;
Heneman, 1992; Lawler, 1971). If contingent rewards are high, the positive effects of training
are enhanced because employees are encouraged to use their training to abstain from harmful
behaviors and, instead, use the training to achieve higher levels of work effect and task
performance (Kraiger, 2003). On a similar note, employees are more likely to want to remain
with an organization and use their training when they perceive that high levels of their
performance may be linked to rewards (Lawler, 1971; Nyberg, 2010). The result is that in
Condition 1 (Table 2), a positive synergistic effect (i.e., a powerful connection) should emerge in
which the beneficial effects of training on psychological empowerment and other individuallevel outcomes are enhanced when contingent rewards are emphasized.
With a high emphasis on training, but a low emphasis on contingent rewards (Condition
2; Table 2), employees receive training, but are not rewarded based upon their performance.
Consequently, training may still increase psychological empowerment, work effort, and task
performance as well as decrease CWB and turnover intentions (Kraiger, 2003). However, the
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beneficial effects of training are not enhanced (i.e., there is no positive synergistic effect). For
example, training may still positively influence employee psychological empowerment (Seibert
et al., 2011). However, without encouragement in the form of contingent rewards (Lawler,
1971), employees are less likely to feel a sense of empowerment in the workplace; they do not
have any financial motivation to engage in behaviors that were emphasized in their training
(Tracey et al., 1995). Likewise, in the absence of contingent rewards, employees may not have
an incentive to use their training to guide the direction of initiated efforts or to use their training
when persisting in the accomplishment of challenging organizational objectives (Heslin et al.,
2006). Thus, training may still encourage employees to expend increased work effort and to
perform at a high level (Sitzmann, Kraiger, Stewart, & Wisher, 2006), but the effects may be
diminished without contingent rewards (Heneman, 1992).
Also, in Condition 2 (Table 2), training may still decrease CWB and turnover intentions,
but without contingent rewards, the effects are likely to be weakened. For instance, if employees
receive training that indicates what behaviors are appropriate and what are inappropriate, they
may be less likely to engage in inappropriate behaviors, such as CWB. However, without
incentives to support the training, employees may not feel encouraged to use the received
training (Heslin et al., 2006). On a similar note, if contingent rewards are not emphasized,
employees may not see the benefits of remaining with an organization to utilize the training
(Heneman, 1992). Instead they may leave to go to an organization where they can use the
training to achieve desired rewards (Lawler, 1971).
In another scenario, an organization may not emphasize training, but may emphasize
contingent rewards (e.g., Condition 3; Table 2). As a result, training is not likely to have any
influence on psychological empowerment, work effort, task performance, CWB, or turnover
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intentions (Kraiger, 2003). As employees do not receive training, they are unlikely to experience
psychological empowerment (Seibert et al., 2011). Furthermore, employees should not be able to
use training to guide and increase their work efforts and task performance. Likewise, training
does not influence CWB or turnover intentions when it is not emphasized (Kraiger, 2003).
Therefore, contingent rewards do not affect these relationships and there is no positive or
negative synergistic effect. Finally, an organization may not emphasize training or contingent
rewards (e.g., Condition 4; Table 2). In this scenario, employees are neither provided with
training nor contingent rewards. Similarly to the previous condition, if training is not
emphasized, it is unlikely to have an effect on psychological empowerment, work effort, task
performance, CWB, or turnover intentions (Kraiger, 2003). Therefore, contingent rewards may
not have an effect on this relationship; the effects of training on psychological empowerment and
other individual-level outcomes are not influenced by contingent rewards.
These logical inferences, taken together, can be encapsulated as follows. Training
provides employees with necessary feedback and guidance to help them in their daily work
(Heslin et al., 2006; Yukl, 2002) and provides them with continued growth (Arthur, Bennett,
Edens, & Bells, 2003). Training may increase psychological empowerment, work effort, task
performance as well as decrease CWB and turnover intentions. However, the beneficial effects
of training on psychological empowerment and other individual-level outcomes may be
enhanced when contingent rewards are emphasized. Thus, a positive synergistic effect may
emerge. This is because employees will have a greater incentive to use their training which can
have empowering effects and can lead to the increase of initiated work effort and the pursuit of
positive organizational objectives (Heneman, 1992; Lawler, 1971). If employees receive
incentive rewards in addition to training, employees are more likely to use their training to
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refrain from behaviors that may be harmful for the organization and its stakeholders. Employees
are also more likely to remain with their firm to use their training when contingent rewards are
emphasized (Heneman, 1992). If training is not emphasized, it is likely to have little effect on
psychological empowerment and other individual-level outcomes; contingent rewards do not
affect these relationships regardless of if contingent rewards are emphasized or not. These points
can be summarized more formally as:
Hypotheses 5a and 5b: The interaction of training and contingent rewards is
related to employee psychological empowerment and other individual-level
outcomes (hypothesis 5a); training and employee psychological empowerment
and other individual-level outcomes are related when contingent rewards are
high, but the relations are weaker when contingent rewards are low (hypothesis
5b).
The training-contingent rewards interaction may influence individual-level outcomes by
means of psychological empowerment (Appelbaum et al., 2000; Boxall & Purcell, 2003). As
described above, the beneficial effects of training on psychological empowerment may be
enhanced when contingent rewards are emphasized. Therefore, higher levels of psychological
empowerment may be achieved when training is combined with contingent rewards compared to
when training is not supported by such rewards (i.e., there is a powerful connection between
training and contingent rewards).
It has been hypothesized in this dissertation that psychological empowerment mediates
the relationships between training and other individual-level outcomes. If higher levels of
psychological empowerment are achieved when high levels of training are complemented by
high levels of contingent rewards, the mediating effects of psychological empowerment can
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potentially be even stronger. For example, employees may be more capable of expending high
levels of work effort and performing in-role behaviors if they are empowered as a result of the
interaction between training and contingent rewards (Appelbaum et al., 2000; Boxall & Purcell,
2003). Employees are thus empowered to contribute to the completion of tasks that benefit the
organization (Van Scotter & Motowidlo, 1996).
Furthermore, as psychological empowerment increases due to the positive synergistic
effect between training and contingent rewards, employees are more knowledgeable of what
behaviors are harmful for organizational functioning and they are motivated to avoid engaging in
such negative behaviors (Antecol & Cobb-Clark, 2003; Robinson & Bennett, 1995). Finally, as
the training-contingent rewards interaction influences psychological empowerment, employees
could have a desire to remain with the organization where they are achieving higher levels of
empowerment (Maynard et al., 2012; Seibert et al., 2011). Taken together, employees’ level of
psychological empowerment may mediate the relationships between the training-contingent
rewards interaction and other individual-level outcomes.
Hypothesis 5c: Employee psychological empowerment mediates the relations
between the training-contingent rewards interaction and other individual-level
outcomes (positively to work effort and task performance; negatively to CWB and
turnover intentions).
The synergistic effects between training and PDM
The influence of training on psychological empowerment and other individual-level
outcomes may be enhanced when HRM activities related to PDM increase. Again, there are four
conditions which can emerge. These conditions are summarize in Table 3.
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-----------------------------------------Insert Table 3 about here
-----------------------------------------As described in the previous sections, training is hypothesized to have beneficial effects
on psychological empowerment and other individual-level outcomes. Well-trained employees
tend to have a better understanding of the purpose of tasks and assignments, which allows them
to make better decisions. However, employees must be engaged and involved in workplace
decisions to practice and use newly developed competencies in order to effectively transfer any
training (Baldwin & Ford, 1988). The opportunity to practice is a critical guideline for designing
effective training (Kraiger, 2003); it is important for skill acquisition and development (Brown &
Ford, 2002; Sitzmann et al., 2006). PDM involves joint decision making and participation in the
work environment (Locke & Schweiger, 1979). Thus, the strength of the relation between
training and employee psychological empowerment as well as other individual-level outcomes
may be dependent upon the extent to which employees engage in PDM (Arthur et al., 2003;
Baldwin & Ford, 1988; Olivero et al., 1997).
For example, the beneficial effects of training on psychological empowerment can be
strengthened when employees are provided with the prospect to affect work-related decisions
(e.g., Condition 1; Table 3). As employees receive training, this can have an empowering effect
(Seibert et al., 2011). However, this effect can be augmented when employees are able to
influence their work environment, which gives them increased perceptions of control (Spector,
1986). The beneficial effects of training on work effort and task performance can also be
enhanced when employees are involved and participate in the work environment (Baldwin &
Ford, 1988). Employees are able to better use their training to expend work effort and to
accomplish their work tasks when they are able to control and influence their work environment
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(Spector, 1986). Therefore, employees are able to use their training to expend greater work effort
and achieve higher levels of task performance when HRM activities related to PDM are
emphasized (Baldwin & Ford, 1988).
As another illustration of the synergistic effects between training and PDM, training may
be more likely to decrease CWB and turnover intentions when both training and PDM are
emphasized. This is because employees are able to better transfer their training to the work
environment and seek out the accomplishment of positive organizational objectives, while
abstaining from negative behaviors (e.g., CWB), when they are given opportunities to participate
in their work environment (Baldwin & Ford, 1988; Kraiger, 2003). Similarly, the beneficial
influence of training on turnover intentions is likely to be enhanced when PDM is high. This is
because employees are more likely to perceive and recognize the beneficial effects of training
when they are involved and given the opportunity to be engaged in the work environment
(Baldwin & Ford, 1988); they may experience less stress and role confusion when their training
is aligned with their involvement at work (Karasek, 1979). Thus, if a firm emphasizes training,
such an emphasis could positively affect psychological empowerment and other individual-level
outcomes, particularly for employees who are also involved and encouraged to participate in
making workplace decisions (e.g., Condition 1 in Table 3; high training emphasis; high PDM
emphasis). The result of this training-PDM interaction is a positive synergistic effect (i.e.,
powerful connection) that influences psychological empowerment and other individual-level
outcomes.
Conversely, an organization may emphasize training, but not PDM (e.g., Condition 2;
Table 3). As a result, employees may lack the opportunities needed to implement the training
that they have received. Therefore, training may still increase psychological empowerment, work
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effort, and task performance as well as decrease CWB and turnover intentions (Kraiger, 2003).
Yet, the strength of these relationships may be diminished if training is not complemented by
high levels of PDM (Baldwin & Ford, 1988). For example, although training may serve to
increase psychological empowerment, the strength of this relationship may be weaker if
employees are not afforded the opportunity to make decisions in the work environment (Olivero
et al., 1997). Likewise, training may still improve employees’ work effort as well as their task
performance. However, employees will not be as capable of expending increased work effort and
contributing to the accomplish of work tasks if they are not given opportunities to exercise their
discretion (Gerhart, 2007).
Additionally, training may still reduce the degree to which employees engage in CWB
and intend to turnover over from the organization (Kraiger, 2003). However, these effects may
be weakened if PDM is not emphasized (Baldwin & Ford, 1988). For example, if employees do
not have increased perceptions of control, they might not perceive the benefits of training
without the chance to be involved in workplace decisions (James et al., 2005; Spector, 1986).
Thus, as a result of training, employees may refrain from some CWB, but the degree to which
they do that may be weakened when PDM is low. Employees may experience higher levels of
frustration and work-related strain when they have little control over their work environment
(Spector, 1986). The degree to which training influences turnover intentions can also be reduced
if PDM is low. Employees may appreciate some of the benefits of training which can diminish
turnover intentions. However, without the opportunity to be involved in the workplace and to use
their training (Tracey et al., 1995), the beneficial effects of training may not be as powerful. This
is because employees would not have the opportunity to use and practice their training necessary
to successfully transfer it to the workplace (Baldwin & Ford, 1988).
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Next, a firm may emphasize PDM, but not training (e.g., Condition 3; Table 3).
Therefore, it would be unlikely that training increases psychological empowerment, work effort,
and task performance (Kraiger, 2003). Furthermore, training may no longer decrease CWB or
turnover intentions. It may be difficult for employees to be fully psychological empowered and
positively affect performance-related individual-level outcomes if they do not receive guidance,
coaching, or other opportunities to develop (Baldwin & Ford, 1988; Hall et al., 1999; Heslin et
al., 2006). Thus, PDM is unlikely to affect the relationship between training and psychological
empowerment and other individual-level outcomes when training is not emphasized. Likewise,
with a low training emphasis and low PDM emphasis (Condition 4; Table 3), PDM may not
affect the relationship between training and psychological empowerment and other individuallevel outcomes as there are no effects to moderate.
These logical inferences, taken together, can be encapsulated as follows. Training likely
affects psychological empowerment and other individual-level outcomes. However, the extent to
which training influences these factors is likely dependent on PDM. The beneficial effects of
training on psychological empowerment and other individual-level outcomes may be enhanced
(i.e., a positive synergistic effect) when PDM is emphasized (Baldwin & Ford, 1988). By
contrast, when PDM is not emphasized, training may still affect psychological empowerment and
other individual-level outcomes, but the effects may be weaker. Conversely, if training is not
emphasized, it will likely have no effect on psychological empowerment and other individuallevel outcomes; it is doubtful that PDM will influence these relationships. These points can be
summarized more precisely as:
Hypotheses 6a and 6b: The interaction of training and PDM is related to
employee psychological empowerment and other individual-level outcomes
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(hypothesis 6a); training and employee psychological empowerment and other
individual-level outcomes are related when PDM is high, but the relations are
weaker when PDM is low (hypothesis 6b).
I previously hypothesized that psychological empowerment mediates the relationships
between training and other individual-level outcomes (Appelbaum et al., 2000; Boxall & Purcell,
2003; Seibert et al., 2011). Given my previous argument that a powerful connection emerges
when training is combined with PDM (Baldwin & Ford, 1988), it is likely that employee
psychological empowerment achieves a higher level than when PDM is not emphasized.
Therefore, psychological empowerment may have a stronger mediation effect than what was
previously described for Hypothesis 3. In other words, there may be a positive synergistic effect
between training and PDM that affects individual-level outcomes through psychological
empowerment which is enhanced by the synergistic effect.
As an example, when training is combined with PDM, the beneficial effects of training
on psychological empowerment may be enhanced (Baldwin & Ford, 1988; Locke et al., 1986).
Consequently, employees may be able to expend greater work effort and perform in-role
behaviors (e.g., task performance) when psychological empowerment is enhanced by this
synergistic effect. Employees empowered by the synergistic effect may be able to persist in their
effort towards the accomplish of work tasks and achieve higher levels of performance through
psychological empowerment (Maynard et al., 2012). As training and PDM combine to affect
psychological empowerment, employees may be less likely to engage in CWB as a result of the
high levels of psychological empowerment (Seibert et al., 2011).
Training affects CWB and turnover intentions through psychological empowerment, and
this effect is amplified when employees are given the opportunity to participate in their work

73
environment and exercise discretion (i.e., PDM; Probst, 2005). Consequently, employees who
experience high levels of psychological empowerment, as a result of the combination of training
and PDM, are less likely to engage in behaviors that are harmful for organizations and its
stakeholders (i.e., employees are empowered to engage in positive behaviors and avoid negative
behaviors). As employee psychological empowerment is enhanced by the positive synergistic
effect of training and PDM, employees may have diminished anxiety and stress that stems from
role confusion and burnout and ultimately, turnover may be reduced (Gardner et al., 2011). As
the synergistic effects of training and PDM affect psychological empowerment, employees are
more likely to want to remain with their firm (Probst, 2005). Taken together, employees’ level of
psychological empowerment should mediate the relationships between the training-PDM
interaction and other individual-level outcomes.
Hypothesis 6c: Employee psychological empowerment mediates the relations
between the training-PDM interaction and other individual-level outcomes
(positively to work effort and task performance; negatively to CWB and turnover
intentions).
The synergistic effects between PDM and contingent rewards
The effects of PDM on employee psychological empowerment and other individual-level
outcomes could be conditional on the degree to which contingent rewards are available to
employees. The four conditions under which this may occur are summarized in Table 4.
-----------------------------------------Insert Table 4 about here
-----------------------------------------It has been hypothesized in this dissertation that PDM likely increases psychological
empowerment, work effort, task performance, and decreases CWB and turnover intentions.
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However, there are likely contingencies in the extent to which PDM influences these variables
(Sagie, 1994). An organization may emphasize both PDM and contingent rewards (e.g.,
Condition 1; Table 4). Here, PDM is high, which, as described earlier, tends to have beneficial
effects on psychological empowerment and other individual-level outcomes (Black & Gregersen,
1997; Ganster & Fusilier, 1989). Yet, these beneficial effects may be enhanced if contingent
rewards are also emphasized (Gerhart & Rynes, 2003). For example, if employees are given the
opportunity to be involved in workplace decisions, they may experience high levels of
psychological empowerment (Spreitzer, 1995). However, the effect of PDM on psychological
empowerment may be enhanced if employees are given incentives that are linked to their
successful performance. Thus, the extent to which PDM affects psychological empowerment is
strengthened when contingent rewards is high because employees are given the chance to earn
desired rewards (Heneman, 1992). Likewise, the effects of PDM on work effort and task
performance are improved when contingent rewards are high. Employees will be more likely to
take advantage of the chance to expend effort and contribute towards the accomplishment workrelated tasks if they are given incentives (Lawler, 1971).
The beneficial effects of PDM on CWB and turnover intentions are also likely to be
enhanced when contingent rewards are high. For instance, if contingent rewards are emphasized,
employees may be encouraged not to engage in CWB because they wish to use their discretion to
engage in positive work behaviors and avoid those that are harmful for the organization and its
stakeholders (Bennett & Robinson, 2000; Robinson & Bennett, 1995). Similarly, employees may
be more likely to stay with an organization where they have an opportunity to participate in
decision making if contingent rewards are high. Therefore, PDM is likely to influence turnover
intentions (Probst, 2005) and this effect is enhanced when contingent rewards are high. This is
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because employees can use their freedom and discretion to pursue incentives for their successful
performance. In sum, there is likely to be a positive synergistic effect or powerful connection
between PDM and contingent rewards that strengthens the effects of PDM on psychological
empowerment and other individual-level outcomes.
In a different scenario, a firm may emphasize PDM, but not contingent rewards (e.g.,
Condition 2; Table 4). Here, the relationship between PDM and psychological empowerment and
other individual-level outcomes is again influenced by contingent rewards. However, under this
condition, a negative synergistic effect may emerge in which the relationships between PDM and
these variables are actually harmed when contingent rewards are low. In this condition,
employees are afforded an opportunity to make decisions in the work environment. However, if
contingent rewards are not provided by the organization, the effects of PDM on psychological
empowerment and other individual-level outcomes may be harmful.
For instance, when contingent rewards are low, employees may experience frustration
that they are not offered incentives that are linked to their performance (Lawler, 1971; Porter &
Lawler, 1968; Vroom, 1964). Subsequently, an increase in discretion, responsibility, and a larger
role within an organization that is not rewarded may be harmful to any empowering effects on
employees (Heneman, 1992). This is because employees are likely experience frustration when
the scope of their responsibilities increases without a corresponding increase in potential rewards
(Seibert et al., 2011). Similarly, when PDM is high, it may have a positive influence on work
effort and task performance. However, this positive effect may be dependent upon contingent
rewards. If contingent rewards are low, PDM may discourage employees from engaging in high
levels of work effort and task performance (Gerhart & Rynes, 2003). This is because employees
are less willing to extend greater energy and persistence towards the accomplishment of
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organizational objectives if they are not motivated through incentives (Lawler, 1971). Also, if
employees have more discretion and opportunities to control their work environment, they may
not use that autonomy as a chance to work harder (Spector, 1986). Therefore, if employees have
increased control of the work environment as a result of PDM, they may not use those
opportunities to work hard (i.e., exert effort) and achieve high levels of performance. As a result,
a deadly combination (i.e., a negative synergistic effect) is manifested that diminishes
psychological empowerment, work effort, and task performance.
Conversely, also under Condition 2 (Table 4), employees are given the opportunity to
participate in the work environment, but contingent rewards are not emphasized. As a result,
employees may feel frustrated that their performance is not linked to rewards or that they are not
being rewarded fairly for their involvement in the workplace (Greenberg, 1990a). Employees
may then use their increased discretion to engage in behaviors that are harmful for an
organization and its stakeholders (Ganster & Fusilier, 1989). In other words, if employees have
high levels of discretion, they are more capable of engaging in CWB. Furthermore, managerial
practices that upset employees may encourage them to use their discretion to engage in CWB
(Jensen & Raver, 2012). Employees may also be more likely to turnover since they are more
involved in the workplace, but are less rewarded for it (Probst, 2005). Employees may leave to
go to another organization where such a large role in the work environment is linked to
contingent rewards (Gerhart & Rynes, 2003). Consequently, a deadly combination emerges
between high levels of PDM and low levels of contingent rewards.
It is also possible that firms do not emphasize PDM, but emphasize contingent rewards
(e.g., Condition 3; Table 4). As a result, neither a positive nor a negative synergistic effect
emerges. In this instance, PDM does not have an influence on psychological empowerment or
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other individual-level outcomes. Thus, contingent rewards cannot moderate because there are a
lack of relationships. In such a condition, there are not likely to be strong negative consequences
to having low levels of PDM. This is because rewards that are contingent upon one’s level of
performance in this situation are unlikely to violate the equity or justice expectations of
employees (Adams, 1963; Colquitt, 2001; Colquitt et al., 2001). Likewise, if a firm does not
emphasize PDM or contingent rewards (e.g., Condition 4; Table 4), there is not likely to be a
positive or negative synergistic effect when both PDM and contingent rewards are not
emphasized. In this case, there is not a strong link between PDM and psychological
empowerment or other individual-level outcomes. Thus, contingent rewards are unlikely to
moderate these relationships.
These logical inferences, taken together, can be summarized as follows. PDM likely
influences employee psychological empowerment and other individual-level outcomes (Ganster
& Fusilier, 1989; Locke et al., 1986; Spector, 1986). Yet, the degree to which PDM affects these
variables may depend on contingent rewards. When both PDM and contingent rewards are high,
a positive synergistic (i.e., a powerful connection) effect can emerge that enhances the effects of
PDM on psychological empowerment and other individual-level outcomes. However, when
PDM is high, yet contingent rewards are low, a negative synergistic effect may emerge (i.e., a
deadly combination) as employees may feel that they are contributing a lot to the work
environment, but are not being rewarded for it (Heneman, 1992). Conversely, when PDM is low,
whether contingent rewards is high or low, contingent rewards are unlikely to affect the
relationships between PDM and psychological empowerment and other individual-level
outcomes. These points can be encapsulated more precisely as:

78
Hypotheses 7a and 7b: The interaction of PDM and contingent rewards is related
to employee psychological empowerment and other individual-level outcomes
(hypothesis 7a); PDM and employee psychological empowerment and other
individual-level outcomes are related when contingent rewards are high, but the
relations are weaker when contingent rewards are low (hypothesis 7b).
It has been hypothesized that PDM affects psychological empowerment. Those effects
should be enhanced when a positive synergistic effect emerges between a high level of PDM and
a high level of contingent rewards. Furthermore, a negative synergistic effect may emerge when
PDM is emphasized, but contingent rewards are not provided. This is because employees may
not have an incentive to work hard and pursue high levels of performance (Porter & Lawler,
1968; Vroom, 1964). In this case, psychological empowerment may be diminished and it may
have a negative effect on other individual-level outcomes. Employees may resent the increase in
responsibility that comes with higher levels of PDM, if that increase in responsibility is not
supported by high levels of contingent rewards.
Consequently, psychological empowerment, which has been hypothesized to mediate the
relationships between PDM and other individual-level outcomes (Appelbaum et al., 2000; Boxall
& Purcell, 2003), can also serve as a mediator between the PDM-contingent rewards interaction.
What is unique in this instance is that PDM should positively influence psychological
empowerment, that then positively affects work effort and task performance as well as negatively
CWB and turnover intentions. This mediation effect should be enhanced when contingent
rewards are high (Gerhart & Rynes, 2003). Thus, when both PDM and contingent rewards
interact to create a positive synergistic effect, psychological empowerment should have an
enhanced effect on other individual-level outcomes. On the other hand, when PDM is low and
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contingent rewards are high, the previously described negative synergistic effects are manifested.
In this case, PDM affects psychological empowerment negatively as contingent rewards are low.
As a result, employee psychological empowerment is low which may diminish work effort and
levels of task performance as well as increase CWB and turnover intentions. More formally, I
hypothesize the following:
Hypothesis 7c: Employee psychological empowerment mediates the relations
between the PDM-contingent rewards interaction and other individual-level
outcomes (positively to work effort and task performance; negatively to CWB and
turnover intentions).
The relation between unit-level task performance and unit-level effectiveness
Finally, I propose that there is a relation between unit-level task performance and unitlevel effectiveness, such as customer satisfaction and the number of customers and the number of
items scanned in a unit in a given year (Messersmith et al., 2011; Schneider et al., 2005). When
employee task performance is aggregated to the unit-level (Ostroff & Bowen, 2000), an increase
in performance can have a positive effect on a unit’s overall effectiveness. This is because
employee task performance is a strong driver of efficient organizational processes, continued
innovation, and productivity (Lepak et al., 2006). Thus, a high-performing workforce contributes
to unit-level effectiveness; as employee task performance improves, it should positively
influence unit-level effectiveness (Gerhart, 2007; Kepes & Delery, 2006, 2007; Lengnick-Hall et
al., 2009; Ostroff & Bowen, 2000). Empirical research has provided evidence to support that
when employee performance is aggregated to the unit-level, it can have a beneficial effect on
unit-level effectiveness (Combs, Liu, Hall, & Ketchen, 2006; Hunter & Hunter, 1984; Schmidt &
Hunter, 1998).
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The link between unit-level task performance and unit-level effectiveness can be
explained using the service profit chain perspective (Heskett et al., 2008; Heskett et al., 1994;
Schneider & Bowen, 1985). This perspective suggests that when employee performance
increases, employees deliver higher quality service that results in improved unit-level
effectiveness (Grandey et al., 2011; Schneider et al., 2005; Schneider et al., 1998). In other
words, it is the performance of employees at the unit-level that directly affects indicators of unitlevel effectiveness related to customers (Heskett et al., 1994). Thus, it is because employees can
improve the quality of service delivered that results in more satisfied customers (Schneider et al.,
2005).
Empirical research has provided evidence for a relation between the performance of
employees and indicators of unit-level effectiveness related to customers (e.g., Heskett et al.,
2008; Johnson, 1996; Schneider & Bowen, 1985; Schneider et al., 2005; Schneider et al., 1998).
Customer satisfaction has been included as a critical component in service profit chains (Heskett
et al., 1997). This is particularly true when there is high frequency contact between employees
and customers (Dietz et al., 2004). Therefore, unit-level task performance should be related to
indicators of customer satisfaction, such as the extent to which customers are satisfied and the
degree to which customers are likely to recommend an organization’s services to others.
Employee task performance, when aggregated to the unit-level, may also be positively related to
other indicators of unit-level effectiveness related to customers, such as the number of customers
and the number of items purchased. In other words, when customers experience high levels of
satisfaction they are more likely to return to the organization for additional services, to purchase
more items, and to recommend the organization’s services to others (Borucki & Burke, 1999;
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McClean & Collins, 2011). Thus, an increase in task performance at the unit-level should result
in an increase in unit-level effectiveness.
Hypothesis 8: Unit-level task performance relates positively to unit-level
effectiveness.
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Chapter 4: Methods and procedures
Sample
The data collected for this dissertation come from a large grocery store chain that
operates in the U.S.. The firm manages approximately 1,500 locations with roughly 75,000
employees. Sixty stores participated in this study. Survey data were collected during a two week
time period (August, 2010). Participants voluntarily completed the survey during their work
shifts and were paid their normal wage during this time. The time to complete the survey was
approximately 30 minutes, on average. Out of a possible 2,835 employees, 355 employees
provided useable responses. The final response rate for the survey data collection was 13%.
Archival data were also obtained for employees. The archival data came from 2010.
Store managers involved in the study had been in their current position for at least six
months prior to the start of the data collection with one exception. Store managers also
completed a survey at one time-point during the same two week window. Store managers
completed the survey during their normal work shifts. The time to complete the survey was
approximately 15 minutes, on average. The response rate for the store manager survey was 77%.
This resulted in a total sample size of 46 store managers with potentially useable data. On
average, associates indicated that their current store manager had been their manager for 1.8
years.
Measures
Contingent rewards. Contingent rewards were measured from the employee perspective
using five items from Pearce and Sims (2002). For instance, employees were asked, to what
degree their store manager “give associates special recognition when their performance is
especially good” and “acknowledge associates when they have successfully completed a major
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task.” The potential responses ranged from (1) not at all to (5) to a very large extent. The items
used to measure contingent rewards had a high level of internal consistency reliability ( = .96).
The same five items were adapted to measure contingent rewards for employees from the store
managers’ perspective. Store managers were asked to indicate the extent to which they agreed or
disagreed with a set of statements using a response scale that ranged from (1) strongly disagree
to (5) strongly agree. Examples of how the items were adapted for store managers included “we
give our employees special recognition when their performance is especially good” and “we
reward our associates when they have completed a major task.” These items had a coefficient
alpha of .76.
Training. Training from the employees’ perspective was measured using six items from
Yukl (1990) and one item from Morgeson (2005). As an example, employees were asked to what
degree does your store manager “show you specific ways to improve your skills” and “help
associates to learn the job.” The response scale ranged from (1) not at all to (5) to a very large
extent. The items used to measure training had a high level of reliability ( = .94). Employee
training from the store managers’ perspective was measured using six items from Kepes et al.
(2008; 2009). Store managers were asked to specify the extent to which they agreed or disagreed
with a set of statements using a response scale that ranged from (1) strongly disagree to (5)
strongly agree. Example items included, “our associates get a lot of training here” and “in our
store, we give our associates extensive training.” The items used to measure training for store
managers had a Cronbach alpha of .86.
PDM. PDM from the employees’ perspective was measured using six items from Yukl
(1990). As an illustration, employees were asked to what degree does your store manager
“delegate important decisions to you” and “encourage you to participate in decisions that affect
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your work area.” The possible responses ranged from (1) not at all to (5) to a very large extent.
The items used to measure PDM showed an acceptable level of internal consistency ( = .81).
Seven items were used to measure employee PDM from the store managers’ perspective (Kepes
et al., 2008; Kepes et al., 2009; Yukl, 1990). Store managers were asked to specify the extent to
which they agreed or disagreed with a set of statements using a response scale that ranged from
(1) strongly disagree to (5) strongly agree. Examples of how the items were adapted for store
managers included “in our store, we delegate important decision to our associates” and “we let
our associates participate in decisions that affect their work.” The items used to measure PDM
for store managers indicated an acceptable level of reliability ( = .73).
Psychological empowerment. Psychological empowerment was measured using 12
items from Spreitzer (1995). An example item of meaning is, “the work I do is very important to
me;” an example item of competence is “I have mastered the skills necessary for my job;” an
example item of self-determination is “I can decide on my own how to go about doing my
work;” and finally, an example item of impact is “I have a great deal of control over what
happens in my store.” To evaluate the viability of using psychological empowerment instead of
individual dimensions of psychological empowerment, consistent with previous research, CFAs
were completed. These CFAs revealed that the hypothesized four-factor model (χ2 = 174.73 with
df = 48; RMSEA=.08; SRMR = .05; CFI = .97; NFI = .96) fit the data nearly equally as well to a
model with a second-order latent construct (e.g., psychological empowerment) (χ2 = 193.65 with
df = 50; RMSEA=.08; SRMR = .06; CFI = .96; NFI = .95: ∆χ2 = 18.92 with ∆df = 2, p < .000).
Thus, these results are somewhat consistent with previous research that showed that the four
dimensions of psychological empowerment are driven by a second-order factor (Seibert et al.,
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2011). The items used to measure overall psychological empowerment had an acceptable level of
internal consistency ( = .88).
Work effort. Seven items were used to measure work effort from Brockner, Grover,
Reed, and Dewitt (1992) and Kuvass (2006). As an illustration, employees were asked how
much do you agree or disagree with statements, such as “I try to work as hard as possible” and “I
intentionally expend a great deal of effort in carrying out my job.” The possible responses ranged
from (1) strongly disagree (5) to strongly agree. The items used to measure work effort showed
an acceptable level of internal consistency ( = .89).
Task performance. Task performance data were obtained from an archival database
provided by the firm. Example competencies rated by supervisors included, professional attitude,
productivity rating, personal development, and an overall appraisal rating. The Cronbach alpha
for this scale was .82. Task performance at the store-level (i.e., unit-level) of analysis was
calculated by taking a mean-average of task performance per store (Chen, Bliese, & Mathieu,
2005).
CWB. CWB targeted at the organization (CWB-O) and CWB targeted at firm
stakeholders (CWB-I) were measured using 12 and seven items, respectively, from Bennett and
Robinson (2000). Employees were asked to indicate how often they engaged in a set of behaviors
at their store. The response scale ranged from (1) never to (7) everyday. Examples of items used
to measure CWB-O included “worked on a personal matter instead of work” and “spent time
fantasizing or day dreaming instead of working.” Items to measure CWB-I included “acted
rudely toward someone at work” and “blamed a fellow associate for your mistakes.” To assess
the appropriateness of using the two scales separately, consistent with previous research, CFAs
were conducted. The results revealed that the hypothesized two-factor model (χ2 = 785.04 with
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df = 151; RMSEA=.08; SRMR = .08; CFI = .91; NFI = .90) fit the data better than a single-factor
model (χ2 = 803.38 with df = 152; RMSEA=.13; SRMR = .08; CFI = .91; NFI = .89): ∆χ2 =
18.34 with ∆df = 1, p < .000). Thus, the two CWB facets were used to test the hypotheses. The
items used to measure CWB-O and CWB-I displayed acceptable levels of reliability ( = .84 and
 = .83, respectively).
Turnover intentions. Turnover intentions were measured using four items from Mitchel
(1981). Employees were asked to specify the degree to which they agreed or disagreed with a set
of statements using a response scale that ranged from (1) strongly disagree to (5) strongly agree.
Items included, “I often think about quitting” and “sometimes I get so irritated I think about
changing jobs.” The items used to measure turnover intentions illustrated an acceptable level of
internal consistency ( = .78).
Store-level effectiveness. Indicators of store-level (e.g., unit-level) effectiveness were
customer satisfaction, customer count, and total number of items scanned. Customer satisfaction
was measured using archival data provided by the firm. Seven store characteristics composed the
construct of customer satisfaction, overall satisfaction, likely to recommend, likely to return to
shop, friendly checkout, product location knowledge, engaged by every associate, and overall
service quality. These items resulted in a high Cronbach alpha of .88. In addition to customer
satisfaction, the number of customers per store and the total number of items scanned in the year
2010 were used as an additional indicator of store-level effectiveness.
Control variables. Following Liao et al. (2009) and Messersmith et al. (2011), three
control variables were included in this study as these variables may account for variance in the
individual-level outcomes. It has been suggested that employees of greater age and
organizational tenure are likely to have more experiences and knowledge of organizational
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processes that may influence psychological empowerment and other individual-level outcomes
(e.g., work effort, task performance, CWB, and turnover intentions; Liao et al., 2009; McDaniel
et al., 2012). Furthermore, individual differences, such as sex, should be included as a control
variable because it can account for significant variance in the same individual-level outcomes
(Greenhaus & Parasuraman, 1993; Messersmith et al., 2011; Miller & Wheeler, 1992).
Thus, control variables included individual-level demographics (e.g., sex, age, and
organizational tenure) that have been included in previous investigations into the “black box”
(Liao et al., 2009; Messersmith et al., 2011). The average age was 35.3 years (SD=12.8). Of the
employees surveyed 151, were male and 204 were female. The average organizational tenure
was 8.4 years.
Additionally, store size was used as a control variable in the analyses at the unit-level
(Liao et al., 2009). It has been argued that store size can affect unit-level outcomes, such as
customer satisfaction, because smaller stores may be able to develop more intimate relationships
with customers (Dietz et al., 2004). Additionally, large stores may have higher levels of certain
unit-level outcomes, such as the number of customers, as a result of being a larger store.
However, the number of customers may not be a reflection of the store’s level of service. Thus, it
was necessary to control for store size. Store size was operationalized by the number of
employees per store (Grandey et al., 2011; Kepes et al., 2009). The average number of
employees per store was 47.5 employees (SD=8.99).
A summary of the variables investigated in this dissertation is included in Table 5.
-----------------------------------------Insert Table 5 about here
------------------------------------------
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Data analysis approach
Random-coefficient model (RCM) analyses were completed to test Hypothesis 1 in SPSS
with syntax developed by LeBreton (2011) and the results were replicated using the open-source
software R with syntax developed by Bliese (2011). Hypotheses two to seven were tested at the
individual-level of analysis by using ordinary least squares (OLS) regression analyses in SPSS.
Hypothesis 8 was tested at the store-level of analysis in SPSS. The Sobel test was completed
using software developed by Preacher (2012). The mediation bootstrapping analysis was
completed in SPSS using syntax developed by Preacher and Hayes (2008).
Sample sizes for the analyses varied to a large degree because much of the data were obtained via
the survey process, however, data were also obtained from the archival source (e.g., organizational tenure,
sex, and age of employees) which included a much larger sample size. A pairwise deletion approach was
used when completing bivariate correlations. A listwise approach was used for all other analyses
involving more than two variables.
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Chapter 5: Results
Data screening
Five steps were taken to screen the data that were obtained. First, the initial data
screening began by eliminating stores in which the store manager did not respond as well as
stores that did not have at least three associate employees respond. These requirements may be
considered as the minimum to conduct the RCM regression analyses (e.g., LaHuis & Ferguson,
2009). This resulted in a final sample size of 35 stores. Second, the survey data were screened for
random responders by looking for participants who responded to all items or most items without
any variation. This was completed by computing the variance across items per variable for each
respondent. No random-responders were detected.
Third, univariate normality plots were created in order to examine the distribution of each
variable (for examples, see Figure 4). The HRM activities illustrated univariate distributions that
approached the shape of a normal distribution with minimal skew and kurtosis. The endogenous
variables of interest, such as psychological empowerment, CWB-O, CWB-I, and turnover
intentions exhibited some skew. In the case of task performance, the univariate normality plot
indicated a high level of kurtosis. This is not entirely a surprise as previous research has
suggested that there is a strong potential for response biases (Murphy, Cleveland, Skattebo, &
Kinney, 2004; Tziner, Murphy, & Cleveland, 2001) and measurement error (Rothstein, 1990;
Viswesvaran, Ones, & Schmidt, 1996) in supervisor ratings of task performance that can affect
the distribution of task performance.
-----------------------------------------Insert Figure 4 about here
------------------------------------------
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A fourth data screening step was completed which involved computing normal
probability plots of standardized residuals. The aim of the residual plots is to display random
scatter of the data points (i.e., independence) with constant variance or spread. In most instances,
such as psychological empowerment and turnover intentions, the normal probability plots of
residuals show the value points near the diagonal lines (see Figure 5, panels a and d). However,
in the instances where univariate normality was not illustrated, there are some cases where there
could be slight deviations from a completely normal distribution (see Figure 5, panels b and c).
-----------------------------------------Insert Figure 5 about here
-----------------------------------------The fifth and final step of data screening involved the evaluation of potential outliers. To
complete this process, histograms, stem-and-leaf plots, and box plots were created. This allowed
for a visual examination of potential outliers. Furthermore, the SPSS software program was used
to complete casewise diagnostics during each regression procedure. The aim of this process was
to identify potential extreme cases during each analysis that have a standardized residual of at
least three. Each analysis was repeated with and without these extreme cases. In no instances did
the removal of potential outliers change the overall conclusion of a hypothesis. Furthermore, the
plots displayed in Figures 4 and 5 were unaffected by the removal of potential outliers.
Consequently, it was decided to leave all potential influential observations in the analysis.
Response bias check
Following Osterman (1994), Shaw et al. (1998), and Kepes et al. (2009), logistic
regression was used to compare responding and non-responding survey participants by means of
the archival data obtained. In this analysis, the dependent variable was dummy coded as 1 if a
useable survey had been completed and 0 otherwise. A variety of individual-level characteristics
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from the archival data were used as independent variables including organizational tenure, sex,
age, and task performance. Sex and task performance were shown to be significant predictors.
However, these statistically significant results may have been due to the large sample size
available for the analyses (N = 3,297 and N = 1,942, respectively). For instance, an independent
samples t-test was completed to examine the mean-differences between responding and nonresponding participants by task performance. The results showed that there was a statistically
significant difference (t (1940) = 2.09, p <.01). However, the standardized mean-difference on a
5-point Likert scale was small in magnitude (Cohen’s d = .18). This difference likely has only
minimal practical value. As a result, there does appear to be some evidence for a response bias in
terms of which store associates responded and which did not. However, the bias seems to be of
minimal practical relevance.
Additionally, a response bias check was completed to examine stores that were included
in the analyses (i.e., the store manager completed a survey along with at least 3 associates) and
those that were excluded. The results of the logistic regression analyses showed that customer
satisfaction scores, the number of customers, and the number of items purchased did not predict
whether or not a store was included in this study. Furthermore, the results of independent
samples t-tests showed that there was not a statistically significant mean-difference between
responding and non-responding stores in terms of customer satisfaction scores (t (58) = .52, p
>.05), customer counts (t (58) = -.10, p >.05), and number of items purchased (t (58) = .44, p
>.05). A power analysis (power = .80) for the independent samples t-tests showed that a
minimum of 800 stores would have been needed to provide enough power to make the meandifferences statistically significant for any of the three variables. In sum, although the results of
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these analyses do not completely eliminate concerns that response bias was a problem, they
should serve to reduce such concerns.
Descriptive statistics
Table 6 shows descriptive statistics and correlations for all individual-level variables in
this study. Table 7 displays the descriptive statistics and correlations for the store-level (i.e., unitlevel) variables. The reliabilities for the variables are presented along the diagonal in parentheses
where appropriate. Table 6 indicates that the control variables (e.g., sex, age, and organizational
tenure) were correlated with some of the dependent variables in this study which supports their
inclusion in the statistical analyses (Becker, 2005). Organizational tenure was significantly
related to psychological empowerment, work effort, task performance, and turnover intentions.
Sex was significantly related to psychological empowerment, task performance, and turnover
intentions. Age had significant correlations with work effort, CWB-O, CWB-I, and turnover
intentions. These results lend support for the inclusion of these control variables in the analyses.
-----------------------------------------Insert Tables 6 and 7 about here
-----------------------------------------Several of the endogenous variables had small means and standard deviations (e.g.,
psychological empowerment, work effort, CWB-O, and CWB-I). These means and standard
deviations were smaller, but perhaps were not noticeably different than those reported in
previous studies that reported using these scales (Bennett & Robinson, 2000; Brockner et al.,
1992; Robinson & Bennett, 1995; Spreitzer, 1995; Spreitzer & Mishra, 2002). There also
appeared to be a lack of variance in task performance. These small variances may have
diminished the possibility of finding significant results in the subsequent analyses (Field, 2005).
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Interestingly, there was a significant positive correlation between contingent rewards and
training processes (r = .85, p <.01) as well as contingent rewards and PDM processes (r = .76, p
<.01). There was also a large magnitude correlation between HRM processes related to training
and those related to PDM (r = .81, p <.01). Similarly, there were large magnitude correlations
between contingent rewards and training practices (r = .66, p <.01) as well as contingent rewards
and PDM practices (r = .45, p <.01). There was a strong relationship between training and PDM
practices (r = .36, p <.01). These large magnitude correlations were consistent with previous
research that suggested that there should be strong relationships between high performance work
practices such as contingent rewards, training, and PDM (Becker & Huselid, 1998; Richard &
Johnson, 2004). Also of note, neither psychological empowerment nor any of the predictor
variables were significantly correlated with task performance.
Random-coefficient modeling analyses (Hypothesis 1)
Hypothesis 1 stated that HRM processes are more important than HRM practices in
predicting employee psychological empowerment and other individual-level outcomes. RCM
analyses were completed to test Hypothesis 1 (Bliese, 2002; Gavin & Hofmann, 2002; Hofmann,
Griffin, & Gavin, 2000; LaHuis & Ferguson, 2009; Zhang, Zyphur, & Preacher, 2009). Tables 8
to 25 display the results of the RCM analyses. In each table, Column 1 displays the analytic
model. Column 2 presents 00, which is the common intercept or grand-mean of the level-1
criterion. Columns 3 and 4 display 01, and 10, which are the level-2 slope and the level-1 slope,
or the pooled within-groups (i.e., mean) slope, respectively. Column 5 shows 11, which is the
cross-level interaction between the level-1 and level-2 variables. Columns 6 and 7 display 2 and
00, which are the within-group and between-group variance in the level-1 outcome of interest.
Finally, 11 shows the between-groups variance in the slopes.
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-----------------------------------------Insert Tables 8 to 25 about here
-----------------------------------------In the typical RCM approach, four general models are created in successive steps: (1) the
one-way analysis of variance (ANOVA); (2) a random-coefficient regression model; (3) an
intercepts as outcomes model; and (4) a slopes as outcomes model (Hofmann et al., 2000). The
process of testing the RCM models typically begins by establishing whether there is significant
variance in the intercepts across the groups (Hofmann, 1997). If the between-group variance (i.e.,
00) does not vary significantly across groups, there is not a compelling reason to proceed with
RCM analyses since it is simpler to use OLS regression modeling (Bliese, 2002). Thus, in the
case of the one-way ANOVA (i.e., Step 1), significant between-group variance (i.e., 00) must
exist in order to justify proceeding to Step 2 of the RCM analysis. In this study, store
membership must account for variance in the outcomes of interest. This initial step was only
satisfied for task performance and turnover intentions because statistically significant betweengroup differences existed.
In addition to considering the statistical significance of 00, one can also compute intraclass correlations (ICC) (1), which represents the magnitude of the variance in the outcomes of
interest that is explained by store membership. It has been suggested that the group variable must
explain at least 10% of the variance in the outcome in order to proceed the RCM analysis (Bliese
& Hanges, 2004; Bliese & Ployhart, 2002). ICC (1) may be calculated by dividing 00 by the total
variance which is the sum of the between-group variance (00) and the within-group variance
(2). The respective ICC(1)s for psychological empowerment (4%), work effort (3%), task
performance (11%), CWB-O (2%), CWB-I (0%), and turnover intentions (12%), suggested that
only task performance and turnover intentions satisfied the criteria of step one. Furthermore,
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these criteria were only satisfied by a small margin. These findings were consistent with the
results of the one-way ANOVAs.
Step 2 was to compute random coefficient regression models. This step sought to identify
if there was significant variance in the intercepts and slopes. Significant variance had to be found
to proceed to Step 3 (i.e., intercept as outcome analyses). In other words, if HRM practices were
hypothesized to be significantly related to the variance in level-1 slopes (11) and level-1
intercepts (00), there had to be significant variances across stores in these intercepts and slopes.
These criteria were not satisfied for either task performance or turnover intentions. This provided
initial support for Hypothesis 1 in that HRM practices may not be as predictive of employee
psychological empowerment and other individual-level outcomes.
The results of the RCM analyses suggested that the individual-level outcomes were not
predicted by the level-2 predictor (i.e., the HRM practices of training) variables in the model.
This provided support for Hypothesis 1 in that HRM processes were likely more strongly related
to employee psychological empowerment and other individual-level outcomes than were HRM
practices. Store-level variables in this study did not predict psychological empowerment and
other individual-level outcomes. Furthermore, it was optimal to proceed with the testing of
hypotheses two to seven using OLS regression (Bliese, 2002).
The effects of contingent rewards HRM processes (Hypothesis 2)
Hierarchical regression analyses were used to test hypotheses two through seven (Cohen,
Cohen, West, & Aiken, 2003). Variance inflation factors were computed in all models to
evaluate the threat of multicollinearity. Previous research suggested that a variance inflation
factor of at least 4.0 is a minimum for concerns of multicollinearity with 10.0 being an indication
of a severe problem (Hair et al., 2006; O'Brien, 2007; Shieh, 2011). As none of the variance
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inflation factors in this study exceeded 4.0, it was unlikely that this level of multicollinearity
affected the regression-based analyses (Dunlap & Kernery, 1987; Hair et al., 2006).
Hypothesis 2a
Psychological empowerment. Hypothesis 2a stated that contingent rewards positively
relate to psychological empowerment. Table 26 displays the results of contingent rewards as a
predictor of psychological empowerment. Column 1 describes the variables included in the
models as well as the R2 and the R2. Model 1 in column 2 presents the results of psychological
empowerment regressed onto the control variables (e.g., organizational tenure, sex, and age).
Contingent rewards (CR) Model 2a shows that contingent rewards were positively related to
psychological empowerment when including the control variables (β = .40, p < .01). Hence, there
was empirical support for Hypothesis 2a.
-----------------------------------------Insert Table 26 about here
-----------------------------------------Hypotheses 2b and 2c
Work effort. Hypothesis 2b suggested that contingent rewards predict individual-level
outcomes and Hypothesis 2c proposes that psychological empowerment mediates the relations
between contingent rewards and other individual-level outcomes. CR Model 2a displayed in
Table 27 shows that contingent rewards predicted work effort (β = .31, p < .01). Additionally, the
findings presented in CR Model 3a provide evidence that psychological empowerment was a
significant predictor of work effort (β = .31, p < .01). In this model, contingent rewards was also
included and the magnitude of its standardized regression weight was reduced, but it remained
statistically significant (β = .18, p < .01, β reduced by 42%). The indirect effect of contingent
rewards on work effort through psychological empowerment was calculated by multiplying the
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regression coefficients between contingent rewards and psychological empowerment as well as
psychological empowerment and work effort. The indirect value (βIND) was .06 (SE = .01). This
finding provided initial support that psychological empowerment mediated the effect between
contingent rewards and work effort.
-----------------------------------------Insert Table 27 about here
-----------------------------------------Next, the statistical significance of the indirect effect via psychological empowerment
was tested using Sobel’s z-test. The indirect effect of contingent rewards was found to be
statistically significant (z = 3.92, SE = .01, p < .01). However, one limitation of Sobel’s z-test is
that it is founded on the assumption that the sampling distribution is normally distributed. For
this reason, the Preacher and Hayes’s (2008) bootstrapping approach may be preferred because it
does not require the assumption of a normal distribution; this is particularly important with
smaller sample sizes. Furthermore, as indicated by the data screening previously described, there
were instances in this study where the data were not necessarily normally distributed. A
bootstrap analysis was performed that forms a 95% bias-corrected and accelerated bootstrap
confidence interval for the indirect effects by means of 5,000 bootstrap samples. The bootstrap
analysis supported the conclusion of mediation as the results illustrated that the 95% biascorrected confidence interval for the total indirect effect excluded zero ([.03, .10]) (Preacher &
Hayes, 2008). This indicated that it was unlikely that the true value was zero. Thus, in toto, the
results supported that psychological empowerment partially mediated the relation between
contingent rewards and work effort.
Task performance. In CR Model 2a (Table 28), task performance was regressed on the
control variables with the addition of contingent rewards (β = .08, p > .10). Then, as illustrated in
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CR Model 3a, both contingent rewards (β = .08, p > .10) and psychological empowerment (β =
.00, p > .10) were used to predict task performance. The results of these analyses showed that
neither contingent rewards nor psychological empowerment related significantly to task
performance. This was consistent with the correlations presented in Table 6 which suggested that
no relationships existed between these variables.
-----------------------------------------Insert Table 28 about here
-----------------------------------------CWB-O. Table 29 (CR Model 2a) shows that contingent rewards predicted CWB-O (β =
-.17, p < .01). In the subsequent step (CR Model 3a), psychological empowerment was
significant when predicting CWB-O in the model including contingent rewards (β = -.17, p <
.05). The magnitude of the standardized regression weight was reduced and contingent rewards
was not statistically significant (β = -.11, p > .10, β reduced 35%). Thus, full mediation was
supported. The indirect effect (βIND) was -.03 (SE = .01) for contingent rewards through
psychological empowerment. In addition, the Sobel test suggested that the indirect effect of
contingent rewards on CWB-O through psychological empowerment was statistically significant
(z = -2.24, SE = .01, p < .05). A bootstrap analysis also provided evidence for mediation (the
95% bias-corrected confidence interval for the total indirect effect did not include zero ([-.05, .01]) (Preacher & Hayes, 2008). Therefore, one may conclude that psychological empowerment
mediated the relationship between contingent rewards and CWB-O.

-----------------------------------------Insert Table 29 about here
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-----------------------------------------CWB-I. Like CWB-O, the results of the regression analyses (Table 30; CR Model 2a)
display evidence that contingent rewards predicted CWB-I (β = -.15, p < .05). As a result,
contingent rewards predicted both facets of CWB (those targeted at the organization and those
targeted at organizational stakeholders). Additionally, the findings presented (CR Model 3a)
suggest that psychological empowerment did not mediate between contingent rewards and
CWB-I (β = -.02, p > .10). Furthermore, there was no change in the contingent rewards
standardized regression weight (β = -.14, p< .05) when psychological empowerment was
introduced to the analysis; nor was there a change in the R2 statistic. Overall, there did not seem
to be any empirical evidence that psychological empowerment mediated the relation between
contingent rewards and CWB-I.
-----------------------------------------Insert Table 30 about here
-----------------------------------------Turnover intentions. Finally, Table 31 (CR Model 2a) displays that contingent rewards
predicted turnover intentions (β = -.49, p < .01). In CR Model 3a, psychological empowerment
predicted turnover intentions (β = -.20, p < .01). The size of the standardized regression weight
was marginally diminished, yet contingent rewards remained statistically significant (β = -.41, p
< .01, β reduced by 16%). As such, there was support that psychological empowerment partially
mediated between contingent rewards and turnover intentions. The magnitude of the indirect
effect (βIND) was -.08 (SE = .02). Both the Sobel test (z = -3.04, SE = .02, p < .01) and the
bootstrap analysis (the 95% bias-corrected confidence interval [-.13, -.04]) supported the
conclusion of mediation.
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-----------------------------------------Insert Table 31 about here
-----------------------------------------In sum, there was no evidence that contingent rewards predicted task performance.
However, contingent rewards were significantly related to psychological empowerment, work
effort, CWB-O, CWB-I, and turnover intentions. Also, psychological empowerment appeared to
mediate the relations between contingent rewards and several of the individual-level outcomes
(e.g., work effort, CWB-O, and turnover intentions). Overall, there was empirical evidence that
provided support for Hypothesis 2a and partial support for hypotheses 2b and 2c.
The effects of training HRM processes (Hypothesis 3)
Hypothesis 3a
Psychological empowerment. Hypothesis 3a proposes that training positively relates to
employee psychological empowerment. Training (TR) Model 2b (Table 26) shows that training
predicted psychological empowerment when including the control variables (β = .38, p < .01).
Hence, Hypothesis 3a is supported.
Hypotheses 3b and 3c
Work effort. Hypothesis 3b argued that training predicts individual-level outcomes, and
Hypothesis 3c stated that psychological empowerment mediates the relations between training
and other individual-level outcomes (e.g., task performance, work effort, CWB-O, CWB-I,
turnover intentions). In Table 27, TR Model 2b, training was used to predict work effort (β = .22,
p < .01). In the subsequent model (TR Model 3b), psychological empowerment was significant
when predicting work effort (β = .35, p < .01). As a result of the inclusion of psychological
empowerment, the standardized regression weight of training was decreased (β = .09, p > .10, β
reduced by 59%). The indirect effect of training on work effort through psychological
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empowerment (βIND) was .07 (SE = .01). The Sobel test (z = 4.29, SE = .01, p < .01; ) and
bootstrap analysis (95% bias-corrected confidence interval for the total indirect effect excluded
zero; [.04, .11]) (Preacher & Hayes, 2008) provided additional empirical evidence for mediation.
Task performance. In Table 28, TR Model 2b, task performance was regressed on
training (β = .03, p > .10). Then, in TR Model 3b, task performance was regressed
simultaneously on both training (β = .02, p > .10) and psychological empowerment (β = .03, p >
.10). Unexpectedly, the results of these analyses show that neither training nor psychological
empowerment predicted task performance.
CWB-O. Table 29 (TR Model 2b) illustrates that training predicted CWB-O (β = -.11, p
< .10). The results presented in TR Model 3b show that psychological empowerment was
statistically significant when predicting CWB-O in the model including training (β = -.19, p <
.01). The magnitude of the standardized regression weight was reduced and training was no
longer statistically significant (β = -.03, p > .10, β reduced by 73%). Thus, full mediation was
supported. Notably, the indirect effect (βIND) was -.03 (SE = .01) for training through
psychological empowerment. Using the Sobel test, the indirect effect was statistically significant
(z = -2.57, SE = .01, p < .01). The bootstrap analysis also supported the conclusion of mediation
as the results illustrated the 95% bias-corrected confidence interval for the total indirect effect
excludes zero ([-.06, -.01]).
CWB-I. There is also evidence, shown in Table 30, TR Model 2b, that training predicted
CWB-I (β = -.12, p < .05). In TR Model 3b, psychological empowerment did not predict CWB-I
(β = -.04, p > .10). The statistical significance of training as a predictor did not change when
psychological empowerment was introduced to the analysis (β = -.11, p > .10, β reduced by 8%).
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Therefore, psychological empowerment did not mediate the relation between training and CWBI.
Turnover intentions. Finally, Table 31 (TR Model 2b) indicates that training predicted
turnover intentions (β = -.53, p < .01). Psychological empowerment was statistically significant
when predicting turnover in TR Model 3b, which includes training (β = -.19, p < .01). The size of
the standardized regression weight of training remained statistically significant (β = -.46, p < .01,
β reduced by 13%) with psychological empowerment in the model. Notably, the indirect effect of
training on turnover intentions through psychological empowerment (βIND) was -.08 (SE = .02).
Using the Sobel test, the indirect effect was found to be statistically significant (z = -3.07, SE =
.02, p < .01). The bootstrap analysis supported the conclusion of mediation as the results display
that the 95% bias-corrected confidence interval for the total indirect effect excluded zero ([-.14, .04]) (Preacher & Hayes, 2008). Accordingly, it appears that psychological empowerment
mediated between training and turnover intentions.
Even though training did not predict task performance, training did predict psychological
empowerment, work effort, CWB-O, CWB-I, and turnover intentions. Additionally,
psychological empowerment mediated the relations between training and work effort, CWB-O,
and turnover intentions. Thus, Hypothesis 3a was supported and hypotheses 3b and 3c were
partially supported.
The effects of PDM HRM processes (Hypothesis 4)
Hypothesis 4a
Psychological empowerment. Hypothesis 4a stated that PDM positively relates to
employee psychological empowerment. The findings displayed in PDM Model 2c (Table 26)
show the results of PDM as a predictor of psychological empowerment. PDM was positively
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related to psychological empowerment (β = .48, p < .01). Therefore, Hypothesis 4a was
supported.
Hypotheses 4b and 4c
Work effort. Hypothesis 4b proposed that PDM relates to individual-level outcomes and
Hypothesis 4c stated that psychological empowerment acts as mediator of the relationships
between PDM and other performance-related individual-level outcomes. In Table 27 (PDM
Model 2c), the findings show that PDM predicted work effort (β = .31, p < .01). As shown in
PDM Model 3c, psychological empowerment predicted work effort in the model including PDM
(β = .31, p < .01). Although the magnitude of the standardized regression weight was reduced,
PDM remained statistically significant (β = .16, p < .05, β reduced by 48%). The indirect effect
(βIND) was .09 (SE = .02). Using the Sobel test, the indirect effect was statistically significant (z =
4.19, SE = .02, p < .01). The bootstrap analysis supported the conclusion of mediation as the
results display that the 95% bias-corrected confidence interval for the total indirect effect
excluded zero ([.04, .13]). Thus, the results suggested that psychological empowerment partially
mediated the relation between PDM and work effort.
Task performance. As shown in Table 28 (PDM Model 2c), PDM (β = .07, p > .10) did
not predict task performance. In the next model (PDM Model 3c), neither PDM (β = .07, p > .10)
nor psychological empowerment (β = .00, p > .10) predicted task performance.
CWB-O. Next, Table 29 (PDM Model 2c) displays that PDM (β = -.15, p < .05)
predicted CWB-O. In the subsequent model (PDM Model 3c), psychological empowerment was
significant when predicting CWB-O in the model including PDM (β = -.18, p < .05). Here, the
magnitude of the standardized regression weight was diminished significantly (β = -.07, p > .10,
β reduced by 53%). Thus, full mediation was supported. Notably, the indirect effect (βIND) was -
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.04 (SE = .01). Using the Sobel test, the indirect effect of contingent rewards was statistically
significant (z = -2.39, SE = .01, p < .05). Also, the bootstrap analysis supported the conclusion of
mediation (the 95% bias-corrected confidence interval for the total indirect effect excluded zero
([-.08, -.01])).
CWB-I. Unlike CWB-O, the results in Table 30 (PDM Model 2c) showed that PDM did
not predict CWB-I (β = -.08, p > .10). Additionally, in PDM Model 3c, psychological
empowerment did not predict CWB-I with PDM in the analysis (β = -.05, p > .10). As a result,
there was no evidence that PDM and psychological empowerment predicted CWB-I. Thus,
psychological empowerment did not mediate the relation between PDM and CWB-I.
Turnover intentions. In the next analysis (Table 31; PDM Model 2c), the results showed
that PDM predicted turnover intentions (β = -.42, p < .01). In the subsequent model (PDM Model
3c), psychological empowerment predicted turnover intentions (β = -.22, p < .01). In this
instance, the magnitude of PDM as a predictor was somewhat diminished (β = -.31, p < .01, β
reduced by 26%). Notably, the indirect effect (βIND) from PDM to psychological empowerment
to turnover intentions was -.12 (SE = .03). The results of the Sobel test (z = -3.20, SE = .03, p <
.01) and the bootstrap analysis (the 95% bias-corrected confidence interval for the total indirect
effect excluded zero ([-.19, -.06])) supported a conclusion of mediation. As a result, the findings
indicated that psychological empowerment partially mediated the relation between PDM and
turnover intentions.
In sum, PDM did not predict task performance and CWB-I. Yet, PDM did predict
psychological empowerment as well as the other individual-level variables (e.g., work effort,
CWB-O, and turnover intentions). As hypothesized, psychological empowerment served as a
mediating variable between PDM and several of the individual-level outcomes (e.g., work effort,
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CWB-O, and turnover intentions). Overall, there was empirical support for Hypothesis 4a as well
as partial support for hypotheses 4b and 4c.
The synergistic effects of training and contingent rewards HRM processes (Hypothesis 5)
Hypothesis 5a
Psychological empowerment. It was proposed in Hypothesis 5a that the trainingcontingent rewards interaction positively relates to psychological empowerment. An interaction
term was calculated using mean-centered variables of training and contingent rewards. Presented
in Table 32 (TRxCR Model 2a), psychological empowerment was regressed onto contingent
rewards (β = .27, p < .05) and training (β = .15, p > .10) to control for the effects of the
individual variables. This process was repeated in each of the subsequent regression analyses. In
TRxCR Model 3a, the training-contingent rewards interaction did not predict psychological
empowerment (β = .07, p > .10). Hence, Hypothesis 5a was not supported.
-----------------------------------------Insert Table 32 about here
-----------------------------------------Hypotheses 5b and 5c
Work effort. Hypothesis 5b suggests that the training-contingent rewards interaction
relates to performance-related individual-level outcomes, such as work effort. In Table 33
(TRxCR Model 3a) work effort was predicted by the training-contingent rewards interaction (β =
.17, p < .01). Then in TRxCR Model 4a, work effort was predicted by the training-contingent
rewards interaction (β = .15, p < .01) and psychological empowerment (β = .31, p < .01). The
standard error of the standardized regression coefficient for training-contingent rewards
interaction was computed to obtain an estimate of the 95% confidence interval (CI). This 95% CI
was then computed for each standardized regression coefficient of the two-way interactions. The
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95% CI for the training-contingent rewards interaction when predicting work effort did not
include zero (TR × CR: .05 ≤ β ≤ .29), supporting Hypothesis 4b.
-----------------------------------------Insert Table 33 about here
-----------------------------------------Following Aiken and West (1991), the interaction pattern was plotted in order to display
the effects. The plot of the training-contingent rewards interaction (Figure 6, panel a) indicated
that there was in fact a positive synergistic effect. There was a small positive relationship
between training and work effort when contingent rewards were high, suggesting that the
combination of training and contingent rewards were associated with higher work effort. The
nature of this interaction supported Hypothesis 5b (i.e., Condition 1; high training emphasis; high
contingent rewards emphasis). In other words, the relationship between training and work effort
was slightly enhanced when contingent rewards were high; this was a powerful connection.
Conversely, when contingent rewards were low, training was negatively related to work effort,
indicating that a combination of increased training, but lower contingent rewards was associated
with less work effort. Consequently, a deadly combination appeared to exist.
-----------------------------------------Insert Figure 6 about here
-----------------------------------------Task performance. The findings in Table 34 (TRxCR Model 3a) indicate that the
training-contingent rewards interaction did not predicted task performance (β = .07, p > .10).
Then in the next model (TRxCR Model 4a), the training-contingent rewards interaction (β = .07,
p > .10) and psychological empowerment (β = .01, p > .10) were included in the analysis.
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Inconsistent with Hypothesis 5b, neither the training-contingent rewards interaction nor
psychological empowerment predicted task performance.
-----------------------------------------Insert Table 34 about here
-----------------------------------------CWB-O. Table 35 (TRxCR Model 3a) provides support for a positive synergistic effect
in that the training-contingent rewards interaction predicted CWB-O (β = -.25, p < .01, 95% CI:
TR × CR: -.38 ≤ β ≤ -.12). The plot of the training-contingent rewards interaction (Figure 6,
panel b) showed that there was a negative relationship between training and CWB-O when
contingent rewards were high. Thus, the interaction plot provided evidence that a positive
synergistic effect existed between training and contingent rewards. When contingent rewards
were high, the relationship between training and CWB-O was negative. When contingent
rewards were low, there was actually a positive relationship between training and CWB-O. Thus,
there was a deadly combination in that the effects of training actually led to increased CWB-O
when contingent rewards were low.
-----------------------------------------Insert Table 35 about here
-----------------------------------------CWB-I. Next, the training-contingent rewards interaction was used to predict CWB-I
(Table 36; TRxCR Model 3a). The findings in this analysis were supportive of Hypothesis 5b in
that the results show that the training-contingent rewards interaction predicted CWB-I (β = -.22,
p < .01, 95% CI: TR × CR: -.35 ≤ β ≤ -.09). Interestingly, the interaction plot (Figure 6, panel c)
indicated that a negative relationship existed between training and CWB-I when contingent
rewards were high. This was indicative of a positive synergistic effect; the beneficial effects of
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training on CWB-I were enhanced when contingent rewards were emphasized. This suggests that
an interaction between training and contingent rewards was associated with significantly lower
levels of CWB-I. By contrast, when contingent rewards were low, a positive relationship existed
between training and CWB-I. This indicated that an increase of training, but a lack of emphasis
on contingent rewards, was associated with increased CWB-I (i.e., a deadly combination).
-----------------------------------------Insert Table 36 about here
-----------------------------------------Turnover intentions. Finally, Table 37 (TRxCR Model 3a) shows that the trainingcontingent rewards interaction did not predict turnover intentions (β = -.08, p > .10). Although
the training-contingent rewards interaction did not predict psychological empowerment, task
performance and turnover intentions, the training-contingent rewards interaction did predict
work effort, CWB-O, and CWB-I. Thus, Hypothesis 5b was supported for work effort, CWB-O,
and CWB-I, but not for task performance and turnover intentions.
-----------------------------------------Insert Table 37 about here
-----------------------------------------Because the training-contingent rewards interaction did not predict psychological
empowerment, hypotheses 5a and 5c were not supported (Hypothesis 5c stated that employee
psychological empowerment mediates the relations between the training-contingent rewards
interaction and performance-related individual-level outcomes).
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The synergistic effects of training and PDM HRM processes (Hypothesis 6)
Hypothesis 6a
Psychological empowerment. Hypothesis 6a suggested that the training-PDM
interaction positively relates to employee psychological empowerment. As presented in Table
32, the training-PDM interaction predicted psychological empowerment. Specifically, the
findings in TRxPDM Model 3b indicate that the training-PDM interaction predicted
psychological empowerment (β = .13, p < .05, 95% CI: TR × PDM: .02 ≤ β ≤ .24). The plot of
the training-PDM interaction (Figure 7, panel a) provided slight evidence that there was a
positive relationship between training and psychological empowerment when PDM was high.
This result indicates that the effects of training on psychological empowerment were enhanced
when PDM was emphasized. Thus, a positive synergistic (i.e., powerful connection) effect
existed when both training and PDM were high. However, when PDM was low, there was a
small negative relationship between training and psychological empowerment. Thus, a deadly
combination existed when training was emphasized but PDM was not. Hence, Hypothesis 6a was
supported.
-----------------------------------------Insert Figure 7 about here
-----------------------------------------Hypotheses 6b and 6c
Work effort. Hypothesis 6b proposed that the training-PDM interaction relates to
individual-level outcomes. It was also suggested that these relationships are mediated by
psychological empowerment (Hypothesis 5c). As shown in Table 33 (TRxPDM Model 3b), the
training-PDM interaction (β = .16, p < .05, 95% CI: TR × PDM: .04 ≤ β ≤ .28) predicted work
effort. An examination of the plotted interaction (Figure 7, panel b) suggested that the
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relationship between training and work effort was slightly enhanced when PDM was
emphasized. Therefore, there was some evidence for a positive synergistic effect in which HRM
activities related to training and PDM interacted to positively influence work effort. Conversely,
when PDM was low, there was actually a slight negative relationship between training and work
effort. This seemed to indicate that the positive effects of training can actually be diminished,
and perhaps, are harmful when PDM is low.
Also displayed in Table 33 (TRxPDM Model 4b), psychological empowerment was
statistically significant when predicting work effort with the training-PDM interaction included
in the model (β = .29, p < .01). The magnitude of the standardized regression weight was reduced
and the training-PDM interaction (β = .12, p< .05, β reduced by 25%) was no longer statistically
significant. Thus, this evidence provided initial support for a conclusion of mediation. However,
the indirect effect (βIND) was only .01 (SE = .01). Using the Sobel test, the indirect effect of the
training-PDM interaction (z = 1.99, SE = .01, p < .05) was found to be statistically significant.
However, the bootstrap analysis did not support the conclusion of mediation as the results
illustrated that the 95% bias-corrected confidence interval for the total indirect effect included
zero ([-.02, .04]). As a result, there was mixed support for the notion that psychological
empowerment mediated the relation between the training-PDM interaction and work effort.
Task performance. Next, the training-PDM interaction was used to predict task
performance (Table 34; TRxPDM Model 3b). The results of this analysis suggested that the
interaction did not predict task performance (β = .05, p > .10). In the next model (TRxPDM
Model 4b), neither the training-PDM interaction (β = .05, p > .10) nor psychological
empowerment (β = .00, p > .10) predicted task performance. Consequently, there was no
evidence for synergistic effects between training and PDM when predicting task performance.
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CWB-O. The training-PDM interaction was next used to predict CWB-O (Table 35;
TRxPDM Model 3b). The findings from this analysis illustrated that the training-PDM
interaction (β = -.16, p < .05, 95% CI: TR × PDM: -.29 ≤ β ≤ -.04) predicted CWB-O. A close
examination of the interaction plot (Figure 7, panel c) indicated that there was a negative
relationship between training and CWB-O when PDM was high. This suggests that the
combination of training and PDM were associated with significantly lower levels of CWB-O.
Therefore, a positive synergistic effect (i.e., powerful connection) existed between training and
PDM when predicting CWB-O. There did also seem to be a positive relationship between
training and CWB-O when PDM was low (e.g., deadly combination). As a result, it is possible to
conclude that the influence of training on CWB-O seemed to be dependent upon PDM
(supporting Hypothesis 6b).
Also presented in Table 35 (TRxPDM Model 4b), psychological empowerment was
significant as a predictor of CWB-O (β = -.15, p < .01). The standardized regression weight of
the interaction was slightly diminished with the introduction of psychological empowerment (β =
-.14, p> .10, β reduced by 13%); supporting partial mediation. However, the indirect effect
(βIND) was surprisingly only .00 (SE = .00). The Sobel test (z = -1.56, SE = .00, p > .10) and the
bootstrap analysis (95% bias-corrected confidence interval for the total indirect effect included
zero ([-.02, .01])) were also not consistent with a conclusion of mediation. As a result, there
appeared to be synergistic effects between training and PDM when predicting CWB-O, but
psychological empowerment may not mediate this relationship.
CWB-I. The results of Table 36 (TRxPDM Model 3b) indicated that the training-PDM
interaction predicted CWB-I (β = -.15, p < .05, 95% CI: TR × PDM: -.27 ≤ β ≤ -.02). When
looking at the plotted interaction (Figure 7, panel d), a positive synergistic effect appeared to
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exist. Training had a negative relationship with CWB-I when PDM was high. This provided
support for a positive synergistic effect when predicting CWB-I between training and PDM.
Interestingly, even when PDM was low, there was still a very slight negative relationship
between training and CWB-I, but the relationship was diminished in magnitude. Thus, there did
not seem to be a negative synergistic effect when PDM was low as was the case with CWB-O.
Also shown in Table 36 (TRxPDM Model 4b), psychological empowerment was not statistically
significant as a predictor of CWB-I (β = -.03, p > .10). Consequently, mediation was not
supported.
Turnover intentions. Table 37 (TRxPDM Model 3b) displays results that show that the
training-PDM interactions (β = -.04, p > .10) did not predict turnover intentions. It did appear
that psychological empowerment was significant when predicting turnover intentions (β = -.22, p
< .01) and the magnitude of the training-PDM interaction was somewhat reduced (β = -.01, p>
.10, β reduced by 13%) in this model (TRxPDM Model 4b). The indirect effect (βIND) of the
training-PDM interaction to turnover intentions through psychological empowerment was -.01
(SE = .02). However, the Sobel test suggested that the indirect effect was only marginally
significant (z = -1.92, SE = .01, p < .10). Additionally, the 95% bias-corrected confidence
interval for the total indirect effect included zero ([-.06, .04]). Thus, overall, the support for the
interaction was mixed.
Disappointingly, the training-PDM interaction did not predict task performance and
turnover intentions. However, in support of Hypothesis 6b, it was encouraging to see that the
interaction did predict psychological empowerment, work effort, CWB-O, and CWB-I. Yet,
Hypothesis 6c was largely not supported as psychological empowerment did not mediate the
relations between the training-PDM interaction and the other individual-level outcomes except
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for work effort. Furthermore, even in the instance of work effort, there was only mixed evidence
for mediation. Thus, Hypothesis 6a was supported and Hypothesis 6b and Hypothesis 6c were
partially supported.
The synergistic effects of PDM and contingent rewards HRM processes (Hypothesis 7)
Hypothesis 7a
Psychological empowerment. It was proposed that the PDM-contingent rewards
interaction positively relates to employee psychological empowerment (Hypothesis 7a).
PDMxCR Model 3c (Table 32) displays that the PDM-contingent rewards interaction did
marginally predict psychological empowerment (β = .10, p < .10). However, the 95% CI for the
PDM-contingent rewards interaction did include zero (PDM × CR: -.01 ≤ β ≤ .22). Hence,
Hypotheses 7a was not supported.
Hypotheses 7b and 7c
Work effort. Next it was suggested that the PDM-contingent rewards interaction relates
to individual-level outcomes (Hypothesis 7b). In Table 33 (PDMxCR Model 3c), work effort
was regressed on the PDM-contingent rewards interactions (β = .15, p < .05, 95% CI: PDM ×
CR: .03 ≤ β ≤ .27). The interaction was plotted and the figure (Figure 8, panel a) indicated that
there was a positive relationship between PDM and work effort when contingent rewards were
high. It appears that the positive synergistic combination (i.e., powerful connection) of PDM and
contingent rewards were associated with higher work effort. Thus, a combination of high PDM
and increased contingent rewards were associated with higher levels of work effort. Noticeably,
when contingent rewards were low, PDM was still slightly, positively related to work effort.
Therefore, a negative synergistic effect did not seem to exist.
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-----------------------------------------Insert Figure 8 about here
-----------------------------------------Task performance. In PDMxCR Model 3c (Table 34), the findings show that the PDMcontingent rewards interaction did not predict task performance (β = -.02, p > .10). Furthermore,
there did not seem to be any indirect effects as psychological empowerment also did not predict
task performance ((PDMxCR Model 4c: β = .00, p > .10). Therefore, there was not a direct or
indirect relationship between the PDM-contingent rewards interaction and task performance.
CWB-O. In the next analysis (Table 35; PDMxCR Model 3c), CWB-O was regressed on
the PDM-contingent rewards interaction which was supportive of a synergistic effect (β = -.13, p
< .05, 95% CI: PDM × CR: -.26 ≤ β ≤ .00). The interaction between PDM and contingent
rewards (Figure 7, panel b) provided some evidence that a negative relationship existed between
PDM and CWB-O when contingent rewards were high (i.e., a positive synergistic effect).
Additionally, the relationship between PDM and CWB-O was marginally positive when
contingent rewards were low (i.e., a negative synergistic effect). Therefore, there did seem to be
support for a powerful connection and a deadly combination between PDM and contingent
rewards when predicting CWB-O.
CWB-I. Unlike CWB-O, in Table 36 (PDMxCR Model 3c) there did not seem to be a
positive or negative synergistic effect between PDM and contingent rewards when predicting
CWB-I (β = -.10, p >.10). Also, the 95% CI for the PDM-contingent rewards interaction did
include zero (PDM × CR: -.26 ≤ β ≤ .01). Therefore, there was somewhat conflicting results in
that PDM and contingent rewards interacted to affect CWB targeted at the organization, but not
CWB targeted at organizational stakeholders.
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Turnover intentions. Finally in the last analysis to test Hypothesis 7b, the results in
Table 37 (PDMxCR Model 3c) displays that the PDM-contingent rewards interaction (β = .00, p
> .10) did not predict turnover intentions. Therefore, there was no support for a positive or
negative synergistic effect between PDM and contingent rewards when predicting turnover
intentions.
In summary, although the PDM-contingent rewards interaction did not predict
psychological empowerment, task performance, CWB-I, and turnover intentions, this interaction
did predict work effort and CWB-O. Because the PDM-contingent rewards interaction did not
predict psychological empowerment (Hypothesis 7a), no tests of mediation were completed.
Thus, Hypothesis 7b was partially supported and Hypotheses 7a and 7c were not supported.
Store-level analyses (Hypothesis 8)
Three relations were examined at the store-level of analysis between store-level task
performance and indicators of customer service: (1) customer satisfaction; (2) customer count;
and (3) number of items purchased. The results in Table 7 indicated that the Pearson-correlation
between store-level task performance and customer satisfaction was moderate in magnitude and
marginally statistically significant (r = .32; p < .10). There also seemed to be a strong negative
relationship between task performance at the store-level and a store’s number of customers (r = .58; p < .10). Similarly, the correlation between store-level task performance and the number of
items purchased was moderately negative (r = -.30; p < .10).
As previously described, store size may be responsible for variance in store-level
outcomes (Dietz et al., 2004; Grandey et al., 2011; Kepes et al., 2009; Liao et al., 2009). The
correlation analyses (see Table 7) showed that, in fact, store size was significantly correlated
with customer satisfaction (r = -.37; p < .01), number of customers (r = .61; p < .01), and
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number of items purchased (r = .74; p < .01). Thus, it was necessary to account for store size
when examining the relationship between store-level task performance and indicators of
customer service. Consequently, it was decided to compute a partial correlation that depicts the
relationship between two variables while taking a third variable into account. The aim of a partial
correlation is to identify the unique variance between the two variables of interesting while
eliminating the variance that is due to the control variable (Field, 2005).
The partial correlations (see Table 7) between store-level task performance and customer
satisfaction (r = .23; p > .05) and number of items purchased (r = -.10; p > .05) were not
statistically significant. The partial correlation between store-level task performance and
customer count was still negative and statistically significant (r = -.52; p < .01). In sum, there
was only marginal support for Hypothesis 8.
Supplemental analyses
Sub-dimensions of psychological empowerment. In addition to the analyses described
above, several supplemental analyses were conducted in which the sub-dimensions of
psychological empowerment were employed as mediating variables. Although both theoretical
and empirical evidence suggested that overall psychological empowerment should be the key
mediating variable between HRM activities and other individual-level outcomes (Seibert et al.,
2011; Spreitzer, 1995), it was nonetheless useful to consider whether specific sub-dimensions
play a mediating role (Maynard et al., 2012)3.
In terms of the main effects, the sub-dimension meaning was used as a mediator between
contingent rewards and other individual-level outcomes. The results with meaning as the
mediator almost exactly replicated those with psychological empowerment as the mediator (e.g.,

3

For a review of how each HRM process relates to each sub-dimension of psychological empowerment please see
pages 9, 43, 49, and 55 of this dissertation.
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meaning mediated between contingent rewards and work effort, CWB-O, and turnover
intentions, but not task performance and CWB-I). Competence was used a mediator between
training and other individual-level outcomes. In this instance, competence mediated between
training and work effort and turnover intentions, but not task performance, CWB-O, or CWB-I.
Thus, these results were similar to when psychological empowerment was the mediating
variable. Both self-determination and impact were used as mediators of PDM and other
individual-level outcomes. Self-determination did not mediate between the effects of PDM and
other individual-level outcomes. Impact mediated between PDM and work effort as well as
turnover intentions, but not task performance, CWB-O, or CWB-I.
When testing for mediated-moderation, meaning and competence were considered as
mediators of the training-contingent rewards interaction. This interaction did not predict overall
psychological empowerment and neither did it predict meaning. Only employee competence was
predicted by the training-contingent rewards interaction. However, competence did not mediate
between the training-contingent rewards interaction and task performance, CWB-O, and CWB-I.
Competence did mediate the relationships between the training-contingent rewards interaction
and work effort and turnover intentions. Next, competence, self-determination, and impact were
considered as mediators of the training-PDM interaction. This interaction did predict
competence, but it did not predict self-determination or impact. Competence did not mediate
between the training-PDM interaction and task performance, CWB-O, and CWB-I. Competence
did mediate between the training-PDM interaction and work effort and turnover intentions.
Finally, meaning, self-determination, and impact were considered as mediators of the
relationships between the PDM-contingent rewards interaction and other individual-level
outcomes. The PDM-contingent rewards interaction did not predict meaning, self-determination,
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or impact. In sum, the sub-dimensions of psychological empowerment somewhat mirror the
results of overall psychological empowerment.
Store busyness. Previous research has indicated that store busyness (e.g., the number of
cash register transactions) can be a moderator variable between employee satisfaction and
customer satisfaction (Grandey et al., 2011). On a similar note, it may be possible that store
busyness moderates the relationship between task performance at the store-level of analysis and
customer satisfaction. In this study, indicators of store busyness can be operationalized as the
number of customers and the number of items sold at a store while controlling for store size (e.g.,
the number of employees). The explanation for this argument is that high levels of employee task
performance are perhaps more of a necessity at busier stores; thus, customer satisfaction is not as
strongly affected. If a store is less busy, but employee task performance is high, customers may
appreciate the higher level of performance; therefore, customer satisfaction increases.
However, the results of hierarchical regression analyses did not support this notion. After
controlling for store size, the interaction effects between task performance at the store-level and
the number of customers did not significantly interact to predict customer satisfaction.
Furthermore, the interaction between task performance at the store-level and the number of items
purchased also did not significantly predict customer satisfaction. Consequently, it is unlikely
that store busyness moderates the relationship between store-level task performance and
customer satisfaction in this study.
CFAs of HRM processes. Given the high correlations of the HRM processes (e.g.,
training, contingent rewards, and PDM), it was necessary to provide evidence of discriminant
validity in order to show that these constructs are all unique rather than one global construct.
Discriminant validity reflects the extent to which disparate scales are unique. Thus, it is
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important to offer evidence of discriminant validity to illustrate the validity of a scale (Campbell
& Fiske, 1959).
One means to provide evidence of discriminant validity is to conduct CFA analyses in
which case a one factor model (e.g., composed of items meant to measure training and
contingent rewards HRM processes which are set to load onto one factor) is compared against a
two factor model (e.g., composed of items meant to measure training and contingent rewards
HRM processes which are set to load onto two separate factors). This process is conceptually
similar to the process of constraining the correlation between two constructs to 1.0 and then
comparing a chi-square difference test between the constrained and unconstrained model
(Anderson & Gerbing, 1988).
This analysis was conducted to alleviate concerns that the three examined HRM
processes may represent one overall HRM process as opposed to individual HRM processes. The
conceptual argument may be that HRM processes that are beneficial and “good” may form into
one basic HRM process (i.e., HRM “done right”) (Huselid, 1995). If one factor models fit the
data better than two factor models, an argument could be made that one HRM process was most
appropriate. Conversely, if two factor models fit the data better, then these results would be
consistent with the argument that HRM processes (e.g., training, contingent rewards, PDM) are
independent processes (Williams, Ford, & Nguyen, 2002).
Following the steps described in Williams, Ford, and Nguyen (2002) for CFA analyses, a
two-factor model for training and contingent rewards was compared against a one-factor model.
The findings showed that the hypothesized two-factor model (χ2 = 167.31 with df = 53;
RMSEA=.08; SRMR = .03; CFI = .99; NFI = .99) fit the data better than a one-factor model (χ2
= 413.77 with df = 54; RMSEA=.17; SRMR = .04; CFI = .97; NFI = .96): ∆χ2 = 246.46 with ∆df
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= 1, p < .000). These results support the decision to test the hypotheses of this study with training
and contingent rewards as two separate factors. Next, a two-factor model for training and PDM
was contrasted against a one-factor model. Again, the findings seemed to favor the two-factor
model approach (χ2 = 184.18 with df = 64; RMSEA=.08; SRMR = .04; CFI = .99; NFI = .98).
The results of the one-factor model were not as favorable as the two-model and did not seem to
fit the data as well (χ2 = 292.29 with df = 65; RMSEA=.12; SRMR = .05; CFI = .97; NFI = .97):
∆χ2 = 108.11 with ∆df = 1, p < .000). Finally a two-factor model was matched up to a one-factor
model using the contingent rewards and PDM data as input. Once again the results suggested that
a two-factor model (χ2 = 160.09 with df = 43; RMSEA=.09; SRMR = .05; CFI = .98; NFI = .97)
was more appropriate than the one-factor model (χ2 = 389.96 with df = 44; RMSEA=.18; SRMR
= .07; CFI = .94; NFI = .94): ∆χ2 = 229.87 with ∆df = 1, p < .000). In this instance, the RMSEA
statistic for the two-factor model was close to the .08 cutoff which is meant to suggest favorable
fit. However, the RMSEA should be interpreted along with the CFI, which was very favorable in
the two-factor model (Williams, Vandenberg, & Edwards, 2009).
In summary, these supplemental CFA analyses provide evidence of discriminant validity
which substantiates the decision to retain training, contingent rewards, and PDM HRM processes
as individual variables in the analyses. Nonetheless, the high correlations between these variables
still may have presented several problems in the data analyses as will be discussed in the
limitations and future directions sub-section of the discussion section (Williams et al., 2002).
From both a conceptual and methodological stand point, although evidence of discriminant
validity is provided, it is still useful to consider that the constructs may have some meaningfully
related variance. Again, an argument can certainly be made that HRM processes that are
beneficial may form into one basic HRM practice or process (Huselid, 1995). Previous research
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has handled such issues in various ways. For example, some research has simply combined
highly related HRM activities through exploratory and confirmatory factor analyses (e.g.,
Huselid, 1995; Tanriverdi & Venkatraman, 2005; Wood, 1999) and cluster analysis (e.g., Arthur,
1992; Ichniowski et al., 1997; Perry-Smith & Blum, 2000). However, other researchers
investigating inter- (e.g., Delery et al., 1997; Kruse et al., 2004; Shaw et al., 2002) and intraHRM activity area fit (e.g., Brown et al., 2003; Pfeffer & Davis-Blake, 1992; Pfeffer & Langton,
1993; Shaw et al., 1998) have kept related but separate constructs as unique predictors.
Ultimately, the decision must reflect both theoretical and methodological considerations.
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Chapter 6: Discussion
This dissertation sought to consider how HRM activities affect individual-level outcomes
by accounting for the mediating mechanism of psychological empowerment. Research has called
for studies that attempt to explain the “black box” between HRM activities and store-level
outcomes (SHRM; Becker & Gerhart, 1996; Becker & Huselid, 2006; Becker & Huselid, 2010;
Messersmith et al., 2011; Nishii et al., 2008; Patel & Cardon, 2010). This study focused
specifically on how HRM activities and inter-HRM activity area fit can affect dynamics in the
“black box,” such as psychological empowerment and other individual-level outcomes.
Additionally, this study investigated the importance of the HRM process-level which is
the level where HRM practices are actually implemented (Kepes & Delery, 2006, 2007;
Lengnick-Hall et al., 2009). More specifically, it is the process-level where employees
experience and perceive the enactment of HRM practices (Kepes & Delery, 2006; Lengnick-Hall
et al., 2009; Schuler, 1992). The findings of this study provide support for the notion that the
HRM process-level is critical and should not be ignored.
Furthermore, this dissertation explored how HRM activities interrelate to create
synergistic effects (Chadwick, 2010; Delery & Doty, 1996; Kepes & Delery, 2007; LengnickHall et al., 2009). Previous research on internal fit of HRM activities has not been applied to
exploring the dynamics within “black box” (Kepes & Delery, 2006, 2007; Lengnick-Hall et al.,
2009). The results of this dissertation provide support that HRM processes interact to affect the
dynamics within the “black box” (e.g., psychological empowerment, work effort, CWB-I, CWBO, and turnover intentions). More specifically, the findings of this study provide mixed support
that training and PDM processes can interact affecting individual-level outcomes (e.g., work
effort) through psychological empowerment. Consequently, the results of this dissertation
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indicate that HRM processes that form powerful connections (while avoiding deadly
combinations) meet the criteria of a strategic resource (Barney, 1991; Barney & Wright, 1998;
Delery, 1998).
The effects of HRM practices vs. HRM processes
One of the primary aims of this study was to find evidence regarding the importance of
HRM processes, which have received far less attention in the strategic HRM literature relative to
HRM policies and practices (Kepes & Delery, 2006, 2007; Lengnick-Hall et al., 2009). Overall,
the results provide support for the importance of HRM processes. HRM processes were
significant predictors of psychological empowerment and various other individual-level
outcomes (e.g., work effort, CWB-O, CWB-I, and turnover intentions). Conversely, there was
not significant variance between stores necessary to show that HRM practices could predict
variance in individual-level outcomes. Thus, there is empirical support that HRM processes were
more important than HRM practices in this study, supporting Hypothesis 1.
Due to a lack of between-group variance in the individual-level outcomes, it was not
possible to test the HRM practices as predictor variables of individual-level outcomes. This was
somewhat interesting given that it has been shown that HRM practices are significant predictors
across a variety of outcomes (e.g., Kepes & Delery, 2006, 2007; Lengnick-Hall et al., 2009;
Lepak et al., 2006; Liao et al., 2009). Due to the lack of between-group variance, the results of
this dissertation study are not necessarily inconsistent with past research. Previous studies that
did find evidence that HRM practices predicted individual-level outcomes likely had sufficient
total variance in these outcomes (i.e., an antecedent cannot predict a constant outcome). As this
study used RCM analyses, a sufficient amount of between-group variance was necessary to test
HRM practices; however, this was not achieved. As discussed later in the limitations and future
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research directions section, a different research design than what was used in this study may be
needed to more rigorously compare and contrast the effects of HRM processes and practices.
As a large portion of strategic HRM research has neglected HRM processes (LengnickHall et al., 2009), future research should dedicate attention to HRM processes and not just to
HRM policies and practices (Kepes & Delery, 2006, 2007). Specifically, when investigating
contingent rewards, training, and PDM, the results of this study suggests that researchers should
not neglect employee perceptions of HRM practices (i.e., HRM processes). This is consistent
with previous research (Liao et al., 2009). Therefore, research should continue to develop a
strong theoretical understanding of the effects of HRM processes.
Contingent rewards. When examining HRM processes, the results were largely
supportive of the hypotheses that HRM processes predict individual-level outcomes and that
psychological empowerment mediated these effects. More specifically, contingent rewards were
related to psychological empowerment in support of Hypothesis 2a. This is consistent with
theoretical arguments that suggest that as employees are offered contingent rewards, they should
feel psychologically empowered because they find more meaning in their work (Heneman, 1992;
Lawler, 1971; Porter & Lawler, 1968; Vroom, 1964). Furthermore, if employees perceive
equitable and justice exchange ratios (i.e., their input-outcome ratio relative to others), they
should have high-levels of psychological empowerment (Adams, 1963; Colquitt, 2001; Colquitt
et al., 2001) because of the increased meaning they find in their work.
Hypothesis 2b was largely supported because contingent rewards predicted work effort,
CWB-O, CWB-I, and turnover intentions. However, contrary to the hypothesis, contingent
rewards did not predict task performance. This unexpected result may have been due to
insufficient variance and measurement error in the task performance variable as is discussed later
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in the limitations and future directions section. Overall, the findings were largely consistent with
previous research that suggested that employee work effort should increase and negative
outcomes, such as CWB and turnover intentions, should decrease when employees perceive a
strong link between their performance and their rewards (e.g., instrumentality; Lawler, 1971;
Porter & Lawler, 1968; Vroom, 1964).
Hypothesis 2c was also largely supported because psychological empowerment mediated
the relationships between contingent rewards and work effort, CWB-O, and turnover intentions.
However, psychological empowerment did not mediate the relationships between contingent
rewards and task performance as well as CWB-I. It was curious that contingent rewards did not
predict either task performance or CWB-I. Such a lack of significant findings may have been due
to design issues when measuring task performance and response biases when measuring CWB in
general, but especially CWB-I. This will be discussed in the limitations and future directions
section in more detail. Overall, the results suggested that employee perceptions of contingent
rewards predicted performance-related individual-level outcomes and that psychological
empowerment may have mediated these relationships.
Training. Training was related to psychological empowerment in support of Hypothesis
3a. It is likely that as employees develop their capabilities they are more empowered to perform
(Seibert et al., 2011; Spreitzer, 1995). The findings suggested that HRM activities related to
training can positively affect employee psychological empowerment. Hypothesis 3b was also
largely supported, as training predicted work effort, CWB-O, CWB-I, turnover intentions, but
not task performance (the insignificant finding may have been due to the lack of variance and
measurement error). Overall, these results supported the argument that training was positively
related to performance-related individual-level outcomes, such as work effort (Kraiger, 2003).
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Furthermore, training was likely to decrease harmful individual-level outcomes, such as CWB
(Antecol & Cobb-Clark, 2003) and turnover intentions (Nyberg, 2010).
Hypothesis 3c was also largely supported because psychological empowerment mediated
the relationships between training and work effort, CWB-O, and turnover intentions. However,
psychological empowerment did not mediate the relationships between training and task
performance as well as CWB-I (potentially due to a lack of variance and measurement error to be
discussed later). These findings were consistent with previous research that links training to the
increase of beneficial individual-level outcomes (Arthur et al., 2003) and the decrease of harmful
individual-level outcomes (Kraiger, 2003; Tracey et al., 1995). In sum, the findings of this
research suggested that training affected performance-related individual-level outcomes through
psychological empowerment.
PDM. PDM was related to psychological empowerment in support of Hypothesis 4a.
Thus, as expected, when employees were engaged and participate in the work environment, it
was likely that employees felt more empowered in terms of their ability to impact and control
their work environment (Black & Gregersen, 1997; Ganster & Fusilier, 1989; Sagie, 1994).
Hypothesis 4b was largely supported as PDM was related to work effort, CWB-O, and turnover
intentions. Yet, PDM also did not predict task performance or CWB-I (both contingent rewards
and training predicted CWB-I). These results showed that influence sharing between managers
and employees and joint decision making may have led to an increase in some beneficial
outcomes (e.g., work effort) and a decrease in other harmful ones (e.g., CWB-O and turnover
intentions). This is because when employees are engaged and participate in the work
environment, they perceive a stronger link between their efforts and their performance (e.g.,
expectancy; Lawler, 1971; Porter & Lawler, 1968; Vroom, 1964).
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Hypothesis 4c was also largely supported as psychological empowerment mediated the
relation between PDM and work effort, CWB-O, and turnover intentions. However,
psychological empowerment did not mediate the relations between PDM and task performance
as well as CWB-I. It seems that an increase in psychological empowerment could have affected
other individual-level outcomes (e.g., work effort, CWB-O, and turnover intentions) in the work
environment (Seibert et al., 2011).
In summary, the contingent rewards and training HRM processes predicted psychological
empowerment as well as work effort, CWB-O, CWB-I, and turnover intentions. PDM predicted
psychological empowerment, work effort, CWB-O, and turnover intentions. Thus, as expected,
the HRM processes illustrated a strong ability to predict both employee psychological
empowerment and other performance-related individual-level outcomes (Kepes & Delery, 2006,
2007; Lengnick-Hall et al., 2009). Psychological empowerment also served as a mediator
between the HRM processes and the majority of the other individual-level outcomes.
Surprisingly, psychological empowerment did not mediate between HRM processes and task
performance and CWB-I. Nonetheless, the results provided support for the notion that HRM
processes seem to affect psychological empowerment which then influences performance-related
individual-level outcomes. These findings were largely consistent with previous research that
suggested that HRM activities can affect the dynamics in the “black box” such as psychological
empowerment and other individual-level outcomes (Liao et al., 2009; Messersmith et al., 2011).
The synergistic effects of HRM processes
Training x contingent rewards. Overall, the interaction of training and contingent
rewards HRM processes illustrated that synergistic effects can emerge. The interaction between
training and contingent rewards did not predict psychological empowerment. This was a surprise
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because it was hypothesized that the effects of training on psychological empowerment would be
enhanced if employees were more involved and participated in decision making in their work
environment. In other words, a positive synergistic effect between training and contingent
rewards was hypothesized to affect psychological empowerment. Previous research has indicated
that such involvement in the work environment can improve the effects of training (Baldwin &
Ford, 1988). However, Hypotheses 4a and 4c were not supported. It is possible that commonmethod bias was operating to some extent and that prevented the prediction of the synergistic
effects as both the predictor variables and psychological empowerment were measured by
employee self-reports (Evans, 1985; Siemsen, Roth, & Oliveira, 2010).
Common-method bias may have also been the reasons that the training-contingent
rewards interaction did not predict turnover intentions; thus, Hypothesis 4b was only partially
supported. Additionally, the lack of variance and potential measurement error in task
performance may have limited the ability to find positive synergistic effects between training and
contingent rewards (Field, 2005; Hair et al., 2006). However, in partial support of Hypothesis 4b,
the interaction between training and contingent rewards did predict employee work effort, CWBO, and CWB-I. In the instance of work effort, there was a slight positive relationship between
training and work effort when contingent rewards were high (i.e., a slight positive synergistic
effect). Thus, there is limited evidence for a positive synergistic effect. Conversely, the nature of
the relationship between training and work effort was more pronounced when contingent rewards
were low. As contingent rewards decreased, the relationship between training and work effort
was actually negative. Consequently, there was support for a negative synergistic effect or
deadly combination that was not hypothesized. As a result, it appeared that the nature of the
relationship between training and work effort was dependent on contingent rewards.
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Nonetheless, overall, employees were likely to engage in the highest level of work effort when a
firm emphasized both training and contingent rewards.
Similarly, contingent rewards also moderated the relationship between training and
CWB-O and CWB-I. In both instances, training had a negative relationship with both types of
CWB when contingent rewards were high. As hypothesized, there was a positive synergistic
effect, or powerful connection, when both training and contingent rewards were high. Notably,
there were also a positive relationships between training and CWB-O and CWB-I when
contingent rewards were low. This was not hypothesized. Again, this provides evidence for a
negative synergistic effect, or deadly combination between training and contingent rewards,
when the latter was low. It was possible that employees resented training efforts on the part of an
organization and lashed out as a result if such efforts were not supported by contingent rewards
(Gerhart & Rynes, 2003). Even so, employees were more likely to abstain from engaging in
CWB (Bennett & Robinson, 2000; Robinson & Bennett, 1995) when both training and
contingent rewards were emphasized.
In sum, the relationship between training and work effort, CWB-O, and CWB-I was
moderated by contingent rewards. The beneficial effects of training on these outcomes seemed to
be enhanced when contingent rewards were high. It is also interesting to note that training was
negatively related to these outcomes when contingent rewards were low. This lent credence to
the notion that there were positive and negative synergistic effects between training and
contingent rewards in affecting the dynamics in the “black box.
Training x PDM. The training-PDM interaction did predict psychological
empowerment. Therefore, Hypothesis 6a was supported. The relationship between training and
psychological empowerment was slightly enhanced when PDM was high. Consequently, as

130
hypothesized, a positive synergistic effect or powerful connection seemed to be present when
both training and PDM were emphasized. This was consistent with previous research that
suggested employees must have opportunities to be involved in the work environment and to
practice their training in order to experience empowering effects (Baldwin & Ford, 1988; Seibert
et al., 2011; Sitzmann et al., 2006). Interestingly, the relationship between training and
psychological empowerment was negatively related with PDM was low. This was not
hypothesized and it was evidence for a negative synergistic effect or deadly combination
between training and PDM. If employees were not offered the chance to impact or be involved in
their work environment, training appeared to diminish employees’ psychological empowerment.
Again, this result could be due to frustration that stemmed from the organization implementing
training, but not taking into consideration important design features (Baldwin & Ford, 1988;
Heslin et al., 2006). Yet, overall these findings were aligned with previous research that
suggested that employees must be offered opportunities to be involved and engaged in order to
successfully transfer their training (Baldwin & Ford, 1988; Kraiger, 2003; Sitzmann et al., 2006).
The training-PDM interaction also predicted work effort, CWB-O, and CWB-I, but it did
not predict task performance and turnover intentions. Thus, there was partial support for
Hypothesis 6b. It was contrary to expectations that the training-PDM interaction did not predict
task performance and turnover intentions. Again, these insignificant findings may have been due
to a lack of variance in task performance and in the instance of turnover intentions, commonmethod bias. These issues are discussed later in the limitations and future directions section.
There was evidence for a positive synergistic effect between training and PDM when predicting
work effort. It appears that the beneficial effects of training on work effort were slightly
enhanced when PDM was high. Thus, a powerful connection emerged as hypothesized.
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Noticeably, a negative synergistic effect (i.e., a deadly combination) was manifested when PDM
was low; the relationship between training and work effort was negative. Thus, the beneficial
effects of training on work effort seemed to be diminished when employees were not engaged in
decision making in the work environment. This was not hypothesized and can be explained by
research that suggested that improper training design features can have negative consequences
(Baldwin & Ford, 1988; Heslin et al., 2006).
Likewise, training had a significantly stronger, negative relationship with both CWB-O
and CWB-I when PDM was high. Again, this suggested that a positive synergistic effect
emerged when both training and PDM were emphasized. Interestingly, the nature of the
interaction effects was different for each of the CWB dimensions; this was not the case for the
training-contingent rewards interaction. For instance, training had a positive relationship with
CWB-O when PDM was low, which was not hypothesized. However, training had a slightly
negative relationship with CWB-I when PDM was low, which was hypothesized. Therefore,
there appeared to be a negative synergistic effect between training and PDM when predicting
CWB-O. Yet, as PDM was reduced, the relationship between training and CWB-I appeared to
remain the negative. Perhaps it is possible that when employees did not perceive strong support
to implement training in the workplace, they were more likely to lash out at the organization
itself, but not their coworkers. This was certainly a possibility in instances where employees did
not perceive that training was supported by the organization which made them lash out at their
organization (Baldwin & Ford, 1988; Heslin et al., 2006). In sum, therefore, there was evidence
for synergistic effects between training and PDM when predicting employee work effort, CWBO, and CWB-I. Accordingly, the beneficial effects of training on positive behaviors (Baldwin &
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Ford, 1988) and negative behaviors (Antecol & Cobb-Clark, 2003) can be enhanced with PDM
(or harmed when PDM is low).
Finally, there was only modest support for Hypothesis 6c as the results of the analyses
showed that psychological empowerment mediated the relationship between the training-PDM
interaction and work effort. However, it should be noted that both the Sobel test and the Preacher
and Hayes (2008) bootstrap analysis did not agree that there was in fact mediation. The Sobel
test provided evidence that was consistent with a mediation effect. However, the Preacher and
Hayes (2008) bootstrap analysis did not find evidence that was aligned with a conclusion of
mediation. The Preacher and Hayes (2008) analysis may perhaps be considered to be superior to
the Sobel test because it does not assume that the distribution of the data is normal. This is
particularly important in this study as the univariate analysis of psychological empowerment
illustrated some skew. Furthermore, the indirect effect of the training-PDM interaction on work
effort through psychological empowerment was only minor (βIND= .01). Consequently, there was
mixed support that the training-PDM interaction affects work effort through psychological
empowerment; yet, the evidence was certainly not strong.
PDM x contingent rewards. Finally, the interaction between PDM and contingent
rewards did not predict psychological empowerment, task performance, CWB-I, or turnover
intentions; the interaction only predicted work effort and CWB-O. Again, these results were
contrary to what was expected and may have been due to the lack of variance in some of these
variables and common method bias due to measuring both predictor and outcomes variables with
self-report measures (Evans, 1985; Siemsen et al., 2010). Overall, Hypothesis 7a and 7c were not
supported.
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There was evidence that the interaction between PDM and contingent rewards did predict
work effort. In fact, there appeared to be a very strong influence of PDM on work effort when
contingent rewards were high. Thus, a powerful connection was manifested in which the
beneficial effects of PDM were greatly enhanced when employees perceived high levels of
contingent rewards. This result lent support to the notion that employees expend great effort in
the work environment when they are involved in decision making (Spector, 1986), and that
desire was stronger when contingent rewards were emphasized (Locke et al., 1980). There was
not, however, a negative synergistic effect as was hypothesized. PDM had a positive relationship
with work effort when contingent rewards were low. Thus, employees seemed to appreciate
being involved in PDM and did not reduce their work effort when contingent rewards were low.
They did, however, seem to work even harder when PDM was combined with contingent
rewards. Thus, although the beneficial effects of PDM were greatly enhanced when contingent
rewards were high, there was not a negative relationship between PDM and work effort when
contingent rewards were low.
Notably, the PDM-contingent rewards interaction predicted CWB-O, but not CWB-I.
This was unique as both the training-contingent rewards and the training-PDM interactions
predicted each of the dimensions of CWB (e.g., CWB-O and CWB-I). The relationship between
PDM and CWB-O was negative when contingent rewards were high. This was evidence for a
positive synergistic effect. Conversely, when contingent rewards were low, there was a modest
positive relationship between PDM and CWB-O as hypothesized. Thus, a negative synergistic
effect appeared to have emerged. These findings therefore, showed that the expected synergistic
effects existed between PDM and contingent rewards that may have diminished some forms of
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CWB (i.e., CWB targeted at the organization) or increased CWB as in the case of a deadly
combination.
In sum, the PDM-contingent rewards interaction did predict employee work effort and
CWB-O, but not psychological empowerment, task performance, CWB-I, or turnover intentions.
As a result, there was no support for hypotheses 7a and 7c, but there was partial support for
Hypothesis 7b. Therefore, there was mixed evidence that synergistic effects emerged between
PDM and contingent rewards that affected the dynamics in the “black box.”
Overall, the results of this study suggested that both positive and negative synergistic
effects between training and contingent rewards (e.g., work effort, CWB-O, and CWB-I),
training and PDM (e.g., psychological empowerment, work effort, CWB-O, and CWB-I), as well
as PDM and contingent rewards (e.g., work effort and CWB-O) predicted dynamics within the
“black box.” Additionally, there was mixed evidence that psychological empowerment mediated
the relationship between the training-PDM interaction and work effort. These findings were
consistent with previous arguments that synergistic effects between HRM processes may affect
the dynamics in the “black box” (Kepes & Delery, 2006, 2007; Lengnick-Hall et al., 2009).
Although there was strong evidence for the internal fit of HRM activities, there were certainly
examples where the HRM activities did not combine to create synergistic effects that predicted
individual-level outcomes (e.g., task performance and turnover intentions). This was consistent
to some extent with previous research that suggested that effective HRM activities did not
always combine to create synergistic effects (Chadwick, 2010). In sum, the findings of these
analyses have important implications for management practices and strategic HRM research,
which will be discussed in sub-sequent sections.
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The importance of store-level task performance
This dissertation primarily focused on the ability of synergistic HRM activities to predict
the dynamics in the “black box.” However, it was also considered whether task performance at
the individual-level of analysis, when aggregated, could be used to predict indicators of storelevel effectiveness (i.e., customer satisfaction, number of customers, and the number of items
purchased per store). The aim in testing some relations was to tentatively evaluate the link
between the dynamics within the “black box” and store-level effectiveness.
Previous research has suggested that when employee task performance is aggregated to
the store-level (Ostroff & Bowen, 2000), an increase in task performance should positively
influence store-level effectiveness (Grandey et al., 2011). Thus, a high-performing workforce
should contribute to store-level effectiveness (Gerhart, 2007). There was partial support for the
notion that store-level task performance was related to indicators of store-level effectiveness.
There existed a moderate magnitude correlation between store-level task performance and store
ratings of customer satisfaction. This is encouraging as it suggests that as workforce performance
improves, customers are likely to be more satisfied with the quality of the customer service
delivered (Grandey et al., 2011). However, when controlling for store size, the magnitude of the
relationship decreased in magnitude and was no longer statistically significant. Additionally, a
negative relationship was found between store-level task performance and other indicators of
store effectiveness, such as the number of customers and items purchased in a given year. Thus,
there was mixed evidence for Hypothesis 8. It was not clear why there was mixed support. There
may be a variety of confounding variable at play, such as proximity to competitors and operating
costs. Future research should seek to explore this result with similar and alternative indicators of
store-level effectiveness, including store-level financial performance.
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Managerial implications
The primary practical implication of this research is the connection between HRM
processes and employee psychological empowerment, and other individual-level outcomes.
Frontline employees in service firms are critical to the success of organizations, particularly
when there are a great deal of interactions between employees and customers (Dietz et al., 2004;
Grandey et al., 2011; Pugh, 2001; Pugh, Dietz, Wiley, & Brooks, 2002). Employees are able to
affect customer satisfaction by engaging in effective in-role behaviors that result in effective
customer service (Grandey et al., 2011). Thus, it is useful to consider the influence of HRM
activities, particularly HRM processes, on employee psychological empowerment and,
ultimately, other individual-level outcomes as these variables can all play key roles in the service
profit chain (Heskett et al., 2008; Heskett et al., 1994; Schneider & Bowen, 1985).
This dissertation showed how HRM processes (e.g., contingent rewards, training, and
PDM), can influence individual-level outcomes through psychological empowerment.
Additionally, this dissertation has provided support for the notion that HRM processes interact to
create synergistic effects that influence the dynamics within the “black box.” Rather than
reducing spending, such as cutting labor costs, firms may actually be able to spend more money
on HRM activities that create positive synergistic effects that influence individual-level
outcomes, and ultimately store-level outcomes (Arthur, 1992; Arthur, 1994; Huselid, 1995). The
results of this study suggested that practitioners should actively work to develop HRM activities,
particularly HRM processes, that “fit” internally and result in positive synergistic effects (and
avoid negative synergistic effects). This research certainly found evidence for both positive and
negative synergistic effects. Therefore, it can be particularly important for firms to consider the
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potential for powerful connections and deadly combinations of HRM processes. The following is
a brief overview.
Contingent rewards. Consistent with previous research, the findings of this study
suggest that practitioners should pay attention to HRM processes related to contingent rewards
(Gerhart et al., 2009; Heneman, 1992; Lawler, 1971). Such HRM processes can have a beneficial
effect on employee psychological empowerment, work effort, CWB-O, CWB-I, and turnover
intentions. There are numerous means through which firms can accomplish this. This includes
offering employees both tangible and intangible rewards that are contingent upon their level of
performance (Gerhart & Rynes, 2003). These rewards can be derived from piecework plans,
individual bonus plans, and gainsharing plans. Tangible rewards often involve monetary
compensation and intangible rewards can include recognition plans, development opportunities,
and other nonfinancial acknowledgements (Heneman, 1992).
If organizations are able to implement such rewards at the process-level and link them to
performance, they stand to create beneficial effects on employee psychological empowerment
and other individual-level outcomes. The empirical evidence of this study also makes it clear that
psychological empowerment mediates the relationships between contingent rewards and many
individual-level outcomes (including work effort, CWB-O, CWB-I, and turnover intention).
Therefore, firms should not ignore the importance of contingent rewards.
Training. Aligned with previous research, there are also several beneficial effects of
training (Becker, 1964; Tracey et al., 1995). Training processes seemed to have positive effects
on psychological empowerment, work effort, CWB-O, CWB-I, and turnover intentions.
Therefore, if employees perceive a firm’s training investments to be beneficial, the results of this
dissertation suggest that employees are more likely to be empowered and will expend greater
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work effort (Kraiger, 2003). Additionally, employees’ perceptions about training activities can
reduce CWB-O and CWB-I as well as decrease turnover intentions (Arthur et al., 2003).
Psychological empowerment also seemed to mediate the influence of training on several of the
assessed individual-level outcomes (particularly work effort, CWB-O, and turnover intention).
Again, psychological empowerment appeared to be an important variable that explained the
effects of training activities on other individual-level outcomes.
Notably, some of the effects of training seemed to be dependent on the level of
contingent rewards; the effects of training on psychological empowerment and other individuallevel outcomes were often enhanced when contingent rewards were high (i.e., a powerful
connection was formed). However, training processes were actually negatively related to
psychological empowerment and positively related to CWB-O and CWB-I when contingent
rewards were high (i.e., a deadly combination). This should impress on practitioners the
importance of supporting training with contingent rewards. Therefore, firms should pay
particular attention to the design of training; the effects of training may be enhanced when design
features are used that include incentives (Arthur et al., 2003; Baldwin & Ford, 1988).
Similarly, there also appears to be evidence for both positive and negative synergistic
effects between training and PDM. The positive effects of training on psychological
empowerment and work effort were enhanced when PDM was high (i.e., a powerful connection).
Likewise, the influence of training in reducing CWB-O and CWB-I was strengthened when
PDM was low. However, there also appeared to be some evidence for a negative synergistic
effect between training and PDM. Here, psychological empowerment and work effort were
diminished when training was high and PDM was low. Training was actually positively related
to CWB-O when PDM was low (i.e., a deadly combination). Thus, firms should strongly
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consider how they can design training that is supported with opportunities for employees to be
involved in the workplace (Arthur et al., 2003). Firms can reflect on how they might provide
employees with increased opportunities, work autonomy, and chances to practice their training
(Baldwin & Ford, 1988), in order to improve psychological empowerment and other individuallevel outcomes.
PDM. Finally, HRM processes related to PDM seem to have positive effects on
employee psychological empowerment, work effort, CWB-O, and turnover intentions. As with
the previous HRM processes, psychological empowerment seemed to mediate the effects of
PDM on some individual-level outcomes (e.g., work effort, CWB-O, and turnover intentions).
These results supported prior research that stressed the importance of work autonomy and
responsibility for employees if organizations want to improve psychological empowerment
(Maynard et al., 2012; Seibert et al., 2011; Spreitzer, 1995) as well as performance-related
individual-level outcomes (Hackman & Oldham, 1976, 1980; Oldham & Hackman, 2010). Like
training however, the beneficial effects of PDM processes on individual-level outcomes were
dependent upon contingent rewards in some cases. Thus, it may be insufficient to simply give
employees more control and increased decision making power (Probst, 2005; Spector, 1986). For
instance, the beneficial effects of PDM on work effort and CWB-O were enhanced when
contingent rewards were high. This indicates that there was a positive synergistic effect (i.e., a
powerful connection) between PDM and contingent rewards on these performance-related
individual-level outcomes. However, when contingent rewards were low, there was a positive
relationship between training and CWB-O. Thus, there appears to be a deadly combination when
employees were not engaged in the work environment, but received training. Therefore, it is
important for firms not only to develop workplace designs that enhance employees’ perceptions
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of PDM, but they should also develop incentives that reward employees for taking on increased
responsibilities and discretion (Gerhart et al., 2009).
In sum, if practitioners are able to incorporate the findings from this study, they will be
able to make evidence-based decisions that have beneficial effects for both individual- and storelevel outcomes (Briner, Denyer, & Rousseau, 2009; Briner & Rousseau, 2011). In most
instances, there appeared to be beneficial main effects between contingent rewards, training, and
PDM HRM processes on individual-level outcomes (e.g., work effort, CWB-O, CWB-I, and
turnover intentions). However, there also appeared to be evidence for internal fit where the
beneficial effects of some HRM activities were in fact dependent on other HRM activities.
Therefore, practitioners should pay special attention to inter-HRM activity area fit; particularly,
internal fit between training and contingent rewards, training and PDM, and PDM and contingent
rewards HRM processes (Kepes & Delery, 2006, 2007; Lengnick-Hall et al., 2009).
Strategic HRM implications
A practical implication for the field of strategic HRM relates to results of the analyses
including HRM processes. The results in this dissertation illustrated how interrelated HRM
processes can affect the dynamics within the “black box.” HRM processes in isolation can
influence individual-level outcomes within the “black box,” and ultimately store-level outcomes.
However, if there is internal fit between HRM processes, these positive synergies may create rare
effects that are beneficial for firms and are not easily obtained (Kepes & Delery, 2006, 2007).
Future research should continue to pursue evidence that HRM processes interrelate to affect
individual-level outcomes within the “black box” and eventually influence store-level
effectiveness.
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An additional practical implication of this research for strategic HRM could be made
toward the issue of measurement challenges. As previously mentioned, strategic HRM research
has focused largely on the management perspective of HRM activities (i.e., HRM policies and
practices; Kepes & Delery, 2006, 2007; Liao et al., 2009). However, there has been criticism of
the use of single response organization surveys and the sole use of “informed” raters (Gerhart et
al., 2000a; Gerhart et al., 2000b; Huselid & Becker, 2000; Wright et al., 2001). Thus, there have
been concerns regarding the rigor of previous strategic HRM research that focuses almost
exclusively on the managerial perspective (Lengnick-Hall et al., 2009).
However, it is not clear how much random measurement error might have biased
previous estimates of the effects of HRM activities (Gerhart et al., 2000a; Gerhart et al., 2000b;
Huselid & Becker, 2000). These unresolved debates must be addressed (Lengnick-Hall et al.,
2009). As HRM policies and practices are typically measured using key informants, concerns
about random measurement error are certainly important to address. Because HRM processes
can be measured by surveying a large number of employees within one organization (Kepes &
Delery, 2007; Schuler, 1992), it is possible to compute the internal consistency (or inter-rater
reliability) of survey responses and therefore, to estimate random-measurement error (Gerhart et
al., 2000b). Thus, the measurement of HRM activities in the form of HRM processes does not
suffer from an inability to estimate measurement error as is often the case when measuring HRM
policies and practices.
Limitations and future directions
Response rate. Although there were many strengths of this dissertation, there were also
several limitations. For instance, the survey response rate in this study was low. The overall
response rate for the survey data collection was 13% for store employees and 77% for store
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managers. It is difficult to determine whether or not some sort of response bias was operating,
such as employee and store manager attitudes towards surveys (Rogelberg et al., 2003;
Rogelberg, Luong, Sederburg, & Cristol, 2000). Logistic regression analyses as well as
independent samples t-tests were conducted to determine whether or not store characteristics or
individual-differences in participants could be used to predict if a store participated in the survey
or if an employee was a responder or non-responder (Kepes et al., 2009; Shaw et al., 1998). The
results showed that store characteristics were not significant predictors of whether or not a store
met the criteria for inclusion in the study (e.g., a store manager responded to the survey and at
least three associates responded to the associate survey).
Even though employee sex and task performance scores predicted responding and nonresponding associates, the statistically significant differences were likely due to the very large
sample size available via the archival data obtained (N = 3,297 and N = 1,942, respectively). The
differences between non-responding and responding employees may be very minimal as
evidenced by the standardized mean-difference in task performance (Cohen’s d = .18).
Therefore, it seems likely that employees with high levels of task performance were not
meaningfully more or less likely than those with low levels of task performance to participate in
the study. Thus, drawing upon the empirical evidence from the statistical analyses, there does not
seem to be strong support for a practically meaningful response bias related to these factors
(Kepes et al., 2009; Shaw et al., 1998). However, there could be other confounding variables that
were not measured (e.g., differences in conscientiousness; Rogelberg et al., 2003).
Response bias and CWB. Another limitation of this study was that employees may not
have accurately reported their CWB targeted at their organization and its stakeholders as is often
the case when attempting to measure CWB via self-report surveys (Spector & Fox, 2005).
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Consequently, there is reason to believe that CWB may have been underreported. However, the
means and standard deviations of CWB in this study appeared to only be slightly smaller than
those reported in other research (Bennett & Robinson, 2000; Robinson & Bennett, 1995). The
presence of a response bias may also explain the skew in the univariate distributions of CWB,
and was perhaps the reason that CWB, especially CWB-I, was not always significantly predicted
in the analyses. Research has long argued that participants underreport CWB (James et al., 2005)
to protect their self-esteem and sense of self (Baumeister, Campbell, Krueger, & Vohs, 2003;
Baumeister, Dale, & Sommer, 1998). Research has suggested that there are benefits to using
observer ratings of CWB, however, even this approach may still suffer from response biases
(Spector, Bauer, & Fox, 2010). To overcome this limitation in future empirical investigations,
research may consider the use of multiple sources when measuring CWB (i.e., the use of selfreport, peer, and supervisor ratings of CWB; Banks, Whelpley, Oh, & Shin, in press).
Practical significance. The results of the regression analyses varied in terms of the
magnitude of the effect sizes found (e.g., main effects and interaction effects). Although the
change in R2 was typically rather small, with the identification of significant interaction effects
between HRM processes, a simple interpretation of main effects no longer applicable (Cohen et
al., 2003). Consequently, future researchers and practitioners should take into consideration the
significant synergistic effects that appear to exist between training, contingent rewards, and PDM
HRM processes. However, it is also important to consider the practical significance of each of
these synergistic effects.
In addition to the R2 reported in the results tables, it may be useful to consider Cohen’s
2

f when interpreting the practical significance. As the main effects of the HRM processes should
be interpreted while taking into consideration other HRM processes when there are significant
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interactions, Cohen’s f was calculated using the R2 from Step 1 of the regression models
where the control variables were introduced to Step 3 of the regression models where the
significant interaction effects were introduced (Cohen et al., 2003). The results showed that the
training and contingent rewards yielded small to medium magnitudes in their practical
2

2

2

significance when predicting work effort (f =.14), CWB-O (f =.10), and CWB-I (f =.06).
Training and PDM also indicated varying degrees of practical significance when predicting
2

2

2

psychological empowerment (f =.32), work effort (f =.12), CWB-O (f =.05), and CWB-I (f

2

=.03). the levels of practical significance are similar for PDM and contingent rewards (e.g.,
2

2

predicting work effort: f =.14 and CWB-O: f =.05.
Overall, it appears that the practical significance of the investigated HRM processes
varied between small, medium, and large (Cohen, 1988). It is worth noting that the outcomes that
are more closely related to the predictors (i.e., more proximately; e.g., empowerment) are higher
in their practical significance than the outcomes further away (i.e., more distal, such as work
effort and behaviors). In sum, it appears that the magnitude of the results indicate the importance
of considering the potential for synergistic effects in strategic HRM research.
Task performance. It was unexpected that none of the HRM processes predicted task
performance. There may have been a lack of variance in task performance at the individual-level
necessary to be statistically significant in any of the analyses. Research has indicated that rater
errors (Murphy et al., 2004), and in particular, a leniency bias (Tziner et al., 2001), can confound
the accurate measurement of task performance. Certainly, the high level of kurtosis in the
distribution of task performance seems to suggest that a leniency bias may have been operating.
Measurement error was another potential reason that task performance was not predicted.
It should be noted that meta-analytic evidence has indicated that the inter-rater reliability of
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supervisor ratings of job performance is quite poor at .52 (Viswesvaran et al., 1996). When
estimating the measurement error of supervisor ratings of task performance, inter-rater reliability
arguably better estimates reliability and accounts for measurement error than coefficient alpha
(Ones, Viswesvaran, & Schmidt, 2008), but see Murphy and DeShon (2000) for an alternative
view. Consequently, it is possible that the relationships between the predictor variables and task
performance were severely attenuated by measurement error that was not captured by coefficient
alpha. This is a possible explanation for why task performance was not significantly predicted in
any of the analyses. Future investigations into the dynamics within the “black box” should try to
measure task performance with a scale that differentiates better between good and poor
performers.
Common-method bias. An additional limitation of this study may have been commonmethod bias. Common-method bias occurs when the relationships under investigation are
artificially inflated due to the use of a common-method to measure both the predictor variables
and the outcome variables. The resulting inflated estimate of the relations is referred to as
common-method bias (Podsakoff, MacKenzie, & Podsakoff, 2003). In this dissertation, HRM
processes (e.g., contingent rewards, training, and PDM), psychological empowerment, and the
other individual-level outcomes (except for task performance) were measured using self-report
surveys from employees. Thus, it could be argued that the use of self-report surveys for both
exogenous and endogenous variables resulted in inflated relations due to the use of a commonmethod (Podsakoff et al., 2003). Further credence may be given to the potential for commonmethod bias as the hypotheses under investigation were not supported when supervisor ratings of
task performance were used as an outcome. One could have greater confidence that the results of
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this study were not affected by common-method bias if support for the hypotheses of this study
had been replicated using task performance as an outcome (Podsakoff et al., 2003).
High correlations among variables are consistent with an interpretation of commonmethod bias. For example, large magnitude correlations were found between HRM processes
between training and contingent rewards (r =.85), training and PDM (r = .81), PDM and
contingent rewards (r = .76). However, from a theoretical perspective, it is not surprising to see
large magnitude correlations between different HRM processes. For example, a growing trend
exists in the businesses to implement various HPWS that promote employee control and increase
employee welfare (Ramsay, Scholarios, & Harley, 2000). Thus, we may expect large magnitude
correlations to exist between HRM activities that accomplish such related and beneficial
overarching goals which is consistent with past research (Tanriverdi & Venkatraman, 2005;
Wood, 1999; Zacharatos et al., 2005).The results of the supplemental CFA analyses provided
evidence of discriminant validity, which does support the notion that the HRM processes are
unique constructs.
Yet, to counter these assertions from a methodological standpoint, the issue of common
method bias is less of a concern when interaction effects are tested (Kepes et al., 2009; Shaw et
al., 2002). In fact, simulation evidence has shown that quadratic and interaction effects cannot be
artifacts of common-method bias (Evans, 1985; Siemsen et al., 2010). Quadratic and interaction
terms can be deflated as a result of this bias which can result in making it more difficult to detect
significant effects through such statistical means. Consequently, analyses that establish a
significant interaction effect in the presence of common-method bias are an indication that there
is strong evidence that an interaction effect actually exists (Siemsen et al., 2010). Thus, the
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possibility of common method bias may have made it more difficult to find synergistic effects,
giving even more credence to the findings of this dissertation.
Nonetheless, the measurement of the HRM processes may be improved which could
mitigate concerns of common-method bias in future research (Podsakoff et al., 2003). For
example, systematic measurement error may occur when measuring HRM activities as a result of
implicit human resource management perceptions (Gardner & Wright, 2009). This is a threat to
the internal validity of both HRM practices and processes. Research by Gardner and Wright
(2009) has shown that the purported relationship between HRM activities and performancerelated outcomes may be biased by such a threat. Consequently, it is important to consider how
the measurement of HRM processes may be improved to avoid such issues. One suggestion is to
consider more specific and factual measures of HRM processes. The scales used in this study
were, for the most part, general in nature and asked participants about their overall perceptions
regarding certain HRM processes. Future research could improve these scales by asking more
specific questions, particularly if such questions require answers that directly reflect facts as
much as opinions and perceptions. For example, HRM scales to measure contingent rewards
could ask employees how frequently they received a pay raise or bonus as a direct reflection of
their performance. Questions related to the specific size of the pay raise or bonus could also be in
the scale. Such more factually-based scale items may help to mitigate problems related to
common method bias.
Multicollinearity. Given the large magnitude correlations between the HRM processes,
there was a possibility for multicollinearity to be an issue in the regression analyses. However, as
previously mentioned, research has suggested that a variance inflation factor of at least 4.0
indicates potential concerns due to multicollinearity (Hair et al., 2006; O'Brien, 2007; Shieh,
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2011). No variance inflation factors exceeded 4.0 in the regression analyses, which seemed to
suggest that multicollinearity was not a problem (Dunlap & Kernery, 1987; Hair et al., 2006).
Nonetheless, there were instances in which the main effect of the training HRM process
variable changed its direction once it was combined with another HRM processes variable (i.e.,
contingent rewards or PDM). For instance, in some cases, the beta weight was positive
(negative) if training was the sole HRM process in the regression model and the beta weight
became negative (positive) when another HRM process was added to the model. As an example,
the main effect of training became negative when contingent rewards HRM processes were
entered into the regression analysis. It should be noted that multicollinearity could be partly
responsible for this because some variance inflation factors were above the cutoff suggested by
Field (2005) of 1.0, but because the variance inflation factor did not pass the 4.0 cutoff (Hair et
al., 2006) or the 10.0 cutoff of others (Cohen et al., 2003), it seems unlikely.
As multicollinearity may not have been the cause, a suppression effect may be an
alternative explanation. A suppression effect can exist when the predictive validity of one
variable is influenced by the inclusion of another variable in a regression equation (MacKinnon,
Krull, & Lockwood, 2000). If a suppression effect exists, the exclusion of such a variable may
lead to model misspecification. Consequently, if the introduction of other HRM processes (e.g.,
contingent rewards and PDM) influence the nature of the relationship between training HRM
processes and performance-related outcomes, any study that does not include these variables
may have a misspecified model. If this is true, this is certainly a contribution of this research as a
suppression effect would be important to consider when investigating the effectiveness of HRM
processes.
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Between-group variance. Another limitation of this study is the lack of between-group
variance in psychological empowerment, work effort, and CWB across stores. Between-group
variance in these outcomes was necessary to test the importance of HRM practices (Bliese, 2002;
Bliese & Hanges, 2004; Hofmann et al., 2000). As there was not significant variance between
stores on these outcomes of interest, it was not possible to empirically test the significance of
HRM practices (LaHuis & Ferguson, 2009). Furthermore, even when there was statistically
significant between-group variance (e.g., for task performance and turnover intentions), the
random-coefficient regression analyses indicated that there was not statistically significant
variance in the intercepts and slopes which is necessary to test cross-level main effects of HRM
predictors (i.e., HRM practices predict individual-level outcomes) and cross-level interaction
effects (i.e., HRM practices moderate the relations between HRM processes and individual-level
outcomes). Thus, researchers should consider organizations in future research that have stores
which are perhaps less standardized (Kozlowski & Klein, 2000). Organizations that use a
franchise approach for individual stores may have less standardization and a less controlling
central governing system. Such organizations likely have greater between-group differences
which allow for the testing of cross-level main and interaction effects (Klein, 2007).
Generalizability. An additional limitation of this study was the sole use of one firm. This
may limit the generalizability of this research (Kepes et al., 2009). However, this is consistent
with previous investigations into the dynamics within the “black box” (Liao et al., 2009;
Messersmith et al., 2011; Takeuchi et al., 2007). What is more, there are no specific features or
aspects of either the firm selected or the industry of the firm that should limit the generalizability
of this research. In order to question the generalizability of research findings due to sample
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characteristics, specific features of the sample must be evident that may cause the results not to
replicate in future research (Highhouse & Gillespie, 2009).
Furthermore, the use of an individual firm, rather than a large scale data collection across
multiple firms allows researchers to study HRM processes. Additionally, the use of one firm
allows for consistency in the HRM activities that are measured. Also, the use of a single firm
eliminates the alternative explanation that the results are due to an industry effect which can be a
concern when multiple organizations are used. Thus, there are advantages to using individual
firms. Yet, future studies should still seek to replicate the findings of this research using other
firms and other industries to provide evidence of the generalizability of the results. Moreover,
this research was conducted in a large grocery store chain that is in the service industry. As much
of the strategic HRM research has been conducted outside the service industry, this is a gap in
the literature that was addressed with this dissertation and should continue to be addressed with
future research studies (Liao et al., 2009).
Intra-HRM activity area fit. This dissertation explored the “fit” between HRM
activities related to contingent rewards, training, and PDM (i.e., inter-HRM activity area fit).
Future research could extend the findings of this study to consider the importance of intra-HRM
activity area fit on individual-level outcomes within the “black box.” Specifically, intra-HRM
activity area fit is concerned with the alignment within a specific HRM activity area, such as
multiple HRM practices within an activity area (Kepes & Delery, 2007). For instance, one could
examine the effects of “fit” between pay and explanations for pay decisions on the dynamics in
the “black box.” One might also consider the “fit” between HRM activities related to PDM
(Black & Gregersen, 1997; Locke et al., 1986; Probst, 2005) and job design, such as feedback
(Hackman & Oldham, 1976, 1980; Oldham & Hackman, 2010) in order to consider the effect of
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this interaction on the dynamics in the “black box.” Thus, it is possible for powerful connections
between HRM activities in the same activity area, in the form of positive synergistic effects, to
influence the dynamics within the “black box” (Lengnick-Hall et al., 2009).
Within-HRM system vertical fit. Future research should also consider the importance of
within-HRM system vertical fit. This type of “fit” designates the extent of “fit” within an
individual HRM activity area (Kepes & Delery, 2007). Previous research has had a heavy focus
on HRM policies and practices. The current research has provided support for the importance of
HRM processes. Therefore, the next logical step for future research is to consider how different
HRM activities, such as policies, practices, and processes interact to influence the dynamics
within the “black box” and store-level outcomes (Kepes & Delery, 2006, 2007). It can be
particularly problematic for organizational performance if vertical inconsistencies emerge due to
a lack of alignment between HRM activities at different levels within an HRM architecture
(Kepes & Delery, 2006). For example, if a firm states that a policy exists that supports pay-forperformance, yet HRM practices do not exist that implement such a policy, a negative synergistic
effect may emerge that has a harmful effect on the dynamics within the “black box” and
ultimately store-level outcomes (Delery, 1998; Kepes & Delery, 2007). Furthermore, in addition
to mis-alignment between policies and practices, misalignment may form between HRM
practices and processes. Consequently, a negative synergistic effect may emerge. Conversely, if
HRM policies, practices, and processes are in alignment, positive synergistic effects may have a
beneficial influence on the dynamics within the “black box” and store-level outcomes.
Additional types of HRM processes. Another avenue for future research is the
consideration of different types of HRM activities in addition to three examined here. The
research questions in this dissertation were tested by considering HRM activities related to

152
contingent rewards, training, and PDM. These HRM activities were selected because they can
affect psychological empowerment and other individual-level outcomes (e.g., work effort, task
performance, CWB, and turnover intentions). However, there are other HRM activities that can
influence these and other variables, such as goal-setting (Locke & Latham, 2002, 2004), job
shadowing (Campion, Cheraskin, & Stevens, 1994), as well as work design (Hackman &
Oldham, 1976; Oldham & Hackman, 2010). Subsequently, other types of HRM activities should
be considered in future research.
Store-level effects. Finally, one avenue for future research is to more comprehensively
investigate the influence of HRM activities on store-level effectiveness through the dynamics in
the “black box.” This dissertation tentatively considered how task performance, once aggregated
to the store-level, can affect store-level effectiveness (e.g., customer satisfaction, number of
customers, number of items purchased). Therefore, future research could continue to explore
how the individual-level dynamics within the black box influence store-level effectiveness.
Conclusion
This dissertation provided four primary contributions to the literature of strategic HRM.
First, this study considered the influence of HRM practices and processes on employee
psychological empowerment and other individual-level outcomes answering previous calls for
research that examines the dynamics within the “black box” (Kepes & Delery, 2006, 2007;
Lengnick-Hall et al., 2009). Most notably, the findings of this study showed the importance of
HRM processes when investigating the dynamics of the “black box.” In particular, HRM
processes may be more important than HRM practices in predicting psychological empowerment
and other individual-level outcomes (Kepes & Delery, 2007). HRM processes have largely been

153
neglected in strategic HRM research and future studies should take this type of HRM activity
into consideration (Kepes & Delery, 2006, 2007; Lengnick-Hall et al., 2009; Liao et al., 2009).
Next, this dissertation considered how HRM processes influence employee psychological
empowerment and other individual-level outcomes (Kepes & Delery, 2007). The findings in this
study indicated that the main effects of HRM processes predict individual-level outcomes. In
other words, these results showed the potential for HRM processes to affect individual-level
outcomes within the “black box.” Furthermore, this study considered how HRM processes might
interact to create positive synergistic effects that influence psychological empowerment and
other individual-level outcomes. Finally, this dissertation has shown the potential for individuallevel task performance to be aggregated to the store-level (e.g., store-level task performance) that
then influences indicators of store-level effectiveness, such as customer satisfaction. In sum,
future research in strategic HRM would be wise to consider the influence of HRM processes and
synergistic effects on the dynamics within the “black box” and perhaps ultimately, store-level
outcomes.
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Figure 1. A comprehensive model of the "black box" of strategic HRM
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Figure 2. The "black box" of strategic HRM
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Figure 3. General dissertation model
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Figure 4. Univariate normality plots
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Figure 5. Normal probability plots of regression standardized residual
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Figure 6. Interactions between training and contingent rewards
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Figure 7. Interactions between training and participative decision making (PDM)

Figure 7-a: Psychological empowerment
high5

Figure 7-b: Work effort

Work effort

Psychological
empowerment

high

Low PDM

Low PDM

High PDM

High PDM

low 1

low1
low

Training

high

low

Figure 7-c: CWB-O

Training

high

Figure 7-d: CWB-I

high

Low PDM

high

Low PDM
High PDM

CWB-I

CWB-O

High PDM

low1

low1
low

Training

high

low

Training

high

197
Figure 8. Interactions between participative decision making (PDM) and contingent rewards

Figure 8-a: Work effort

Work effort

high

Low CR
High CR

low1
low

PDM

high

Figure 8-b: CWB-O
high

Low CR

CWB-O

High CR

low

1
low

PDM

high

198

Table 1. Dissertation hypotheses
Hypotheses

Descriptions

Hypothesis 1

HRM processes are more important than HRM practices in predicting employee psychological empowerment
and other individual-level outcomes.

Hypothesis 2

Contingent rewards positively relate to employee psychological empowerment (hypothesis 2a); Contingent
rewards relate to individual-level outcomes (hypothesis 2b); employee psychological empowerment mediates
the relations between contingent rewards and other individual-level outcomes (hypothesis 2c).

Hypothesis 3

Training positively relates to employee psychological empowerment (hypothesis 3a); Training relates to
individual-level outcomes (hypothesis 3b); employee psychological empowerment mediates the relations
between training and other individual-level outcomes (hypothesis 3c).

Hypothesis 4

PDM positively relates to employee psychological empowerment (hypothesis 4a); PDM relates to individuallevel outcomes (hypothesis 4b); employee psychological empowerment mediates the relations between PDM
and other individual-level outcomes (hypothesis 4c).

Hypothesis 5

The interaction of training and contingent rewards is related to employee psychological empowerment and
other individual-level outcomes (hypothesis 5a); training and employee psychological empowerment and other
individual-level outcomes are related when contingent rewards are high, but the relations are weaker when
contingent rewards are low (hypothesis 5b); employee psychological empowerment mediates the relations
between the training-contingent rewards interaction and other individual-level outcomes (hypothesis 5c).

Hypothesis 6

The interaction of training and PDM is related to employee psychological empowerment and other individuallevel outcomes (hypothesis 6a); training and employee psychological empowerment and other individual-level
outcomes are related when PDM is high, but the relations are weaker when PDM is low (hypothesis 6b);
employee psychological empowerment mediates the relations between the training-PDM interaction and other
individual-level outcomes (hypothesis 6c).

Hypothesis 7

The interaction of PDM and contingent rewards is related to employee psychological empowerment and other
individual-level outcomes (hypothesis 7a); PDM and employee psychological empowerment and other
individual-level outcomes are related when contingent rewards are high, but the relations are weaker when
contingent rewards are low (hypothesis 7b); employee psychological empowerment mediates the relations
between the PDM-contingent rewards interaction and other individual-level outcomes (hypothesis 7c).

Hypothesis 8

Store-level task performance relates to store-level effectiveness.
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Table 2. The synergistic effects of training and contingent rewards HRM activities
Condition

Training
emphasis

Contingent rewards
emphasis

Description

1

High

High

When training is high and contingent rewards are high, there is an enhanced
relationship between training and psychological empowerment as well as other
individual-level outcomes (i.e., training increases psychological empowerment,
work effort and task performance; training decreases CWB and turnover
intentions). A positive synergistic effect (i.e., powerful connection) emerges.

2

High

Low

When training is high and contingent rewards are low, training still has an effect
on psychological empowerment and other individual-level outcomes, but the
relationships are likely weaker (i.e., training increases psychological
empowerment, work effort and task performance to a lesser extent; training
decreases CWB and turnover intentions to a lesser extent). No synergistic effects
emerge.

3

Low

High

When training is low and contingent rewards are high, training may not have an
effect on psychological empowerment and other individual-level outcomes (i.e.,
training does not influence psychological empowerment, work effort, task
performance, CWB, and turnover intentions). No synergistic effects emerge.

4

Low

Low

When training is low and contingent rewards are low, training may not have an
effect on psychological empowerment and other individual-level outcomes (i.e.,
training does not influence psychological empowerment, work effort, task
performance, CWB, and turnover intentions). No synergistic effects emerge.
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Table 3. The synergistic effects of training and PDM HRM activities
Condition

Training
emphasis

PDM emphasis

Description

1

High

High

When training is high and PDM is high, there is an enhanced relationship
between training and psychological empowerment as well as other individuallevel outcomes (i.e., training increases psychological empowerment, work effort
and task performance; training decreases CWB and turnover intentions). A
positive synergistic effect (i.e., powerful connection) emerges.

2

High

Low

When training is high and PDM is low, training still has an effect on
psychological empowerment and other individual-level outcomes, but the
relationships are likely weaker (i.e., training increases psychological
empowerment, work effort and task performance to a lesser extent; training
decreases CWB and turnover intentions to a lesser extent). No synergistic effects
emerge.

3

Low

High

When training is low and PDM is high, training may not have an effect on
psychological empowerment and other individual-level outcomes (i.e., training
does not influence psychological empowerment, work effort, task performance,
CWB, and turnover intentions). No synergistic effects emerge.

4

Low

Low

When training is low and PDM is low, training may not have an effect on
psychological empowerment and other individual-level outcomes (i.e., training
does not influence psychological empowerment, work effort, task performance,
CWB, and turnover intentions). No synergistic effects emerge.
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Table 4. The synergistic effects of PDM and contingent rewards HRM activities
Condition

PDM
emphasis

Contingent rewards
emphasis

Description

1

High

High

When PDM is high and contingent rewards are high, there is an enhanced
relationship between PDM and psychological empowerment as well as other
individual-level outcomes (i.e., PDM increases psychological empowerment,
work effort and task performance; PDM decreases CWB and turnover
intentions). A positive synergistic effect (i.e., powerful connection) emerges.

2

High

Low

When PDM is high and contingent rewards are low, PDM may have harmful
effects on psychological empowerment and other individual-level outcomes (i.e.,
PDM decreases psychological empowerment, work effort and task performance;
PDM increases CWB and turnover intentions). A negative synergistic effect (i.e.,
deadly combination) emerges.

3

Low

High

When PDM is low and contingent rewards are high, PDM may not have an effect
on psychological empowerment and other individual-level outcomes (i.e., PDM
does not influence psychological empowerment, work effort, task performance,
CWB, and turnover intentions). No synergistic effects emerge.

4

Low

Low

When PDM is low and contingent rewards are low, PDM may not have an effect
on psychological empowerment and other individual-level outcomes (i.e., PDM
does not influence psychological empowerment, work effort, task performance,
CWB, and turnover intentions). No synergistic effects emerge.
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Table 5. Variables to be included in the study

HRM activities
 Contingent
rewards
 Training
 Participative
decision making

Individual-level
mediator
 Psychological
empowerment

Individual-level
outcomes
 Work effort
 Task performance
 CWB
 Turnover
intentions

Store-level task
performance
 Aggregate task
performance

Store-level
effectiveness
 Customer
satisfaction
 Adjusted customer
count
 Adjusted number
of items scanned
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Table 6. Intercorrelations and descriptive statistics at the individual-level of analysis
Variable
Mean
Control variables
1. Organizational tenure 5.26
2. Sex
3. Age
35.3
Independent variables
4. CR-Processes
3.50
5. TR-Processes
3.51
6. PDM-Processes
3.30
Mediating and dependent variables
7. Empowerment
4.05
8. Work effort
3.85
9. Task performance
4.37
10. CWB-O
1.23
11. CWB-I
1.28
12. Turnover intentions
2.34

SD

1

2

3

4

5

6

5.50
13.06

-.02
.51**

.16**

-

1.13
1.05
.91

.03
-.03
.10

.11†
.06
.16**

-.06
-.07
.05

(.96)
.85**
.76**

(.94)
.81**

(.81)

.57
.36
.51
.40
.38
.91

.14*
.17**
.09**
-.10
-.04
-.17**

.10†
.04
.06†
-.08
-.09
-.17**

.05
.17**
.06
-.18**
-.12†
-.19**

.42**
.32**
.08
-.17**
-.15*
-.50**

.38**
.22**
.03
-.10
-.13*
-.52**

.49**
.33**
.09
-.17**
-.10
-.45**

7

(.88)
.40**
.03
-.22**
-.09
-.41**

Note. N = 206~1797. For gender, male = 1, female = 2. CR = Contingent rewards; TR = Training; PDM = Participative decision making; CWB =
counterproductive work behavior; CWB-O = organizationally-directed CWB; CWB-I = interpersonally-directed CWB; Coefficients alpha are
listed in the diagonal where appropriate. Sample size varied to a large degree because much of the data were obtained via a survey process,
however, data were also obtained from an archival source (e.g., organizational tenure, sex, and age of employees) which included a much larger
sample size.
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 6. Intercorrelations and descriptive statistics (continued)
Variable
Mediator and dependent variables
8. Work effort
9. Task performance
10. CWB-O
11. CWB-I
12. Turnover intentions

8

9

10

11

12

(.89)
.25**
-.27**
-.16**
-.23**

(.82)
-.07
-.06
-.08

(.84)
.72**
.27**

(.83)
.18**

(.78)

Note. N = 206~1797. CWB = counterproductive work behavior; CWB-O = organizationally-directed CWB; CWB-I = interpersonally-directed
CWB; Coefficients alpha are listed in the diagonal where appropriate. Sample size varied to a large degree because much of the data were obtained
via a survey process, however, data were also obtained from an archival source (e.g., organizational tenure, sex, and age of employees) which
included a much larger sample size.
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 7. Intercorrelations and descriptive statistics at the store-level of analysis
Variable
Control variables
1. Store size
Independent variables
2. CR-Practices
3. TR-Practices
4. PDM-Practices
5. Task performance
Dependent variables
6. Customer satisfaction
7. Number of customers
8. Number of items
purchased

2

3

4

5

6

7

8

-.20
-.13
-.24
-.31†

(.76)
.66**
.45**
.12

(.86)
.36*
.09

(.73)
.10

-

.23

-.52**

-.10

.11
98,357.26

-.37*
.61**

.27
-.23

.25
-.15

.16
-.32†

.32†
-.58**

(.88)
-.65**

-

3,727,348.66 822,515.37

.74**

-.21

-.12

-.45**

-.30†

-.30†

.73**

Mean

SD

1

47.46

8.99

-

3.94
3.49
3.67
3.85

.43
.66
.43
.13

4.43
430,376. 74

-

Note. N = 35. CR = Contingent rewards; TR = Training; PDM = Participative decision making. Coefficients alpha are listed in the diagonal where
appropriate. Correlations below the diagonal are Pearson product correlations. Correlations above the diagonal are partial correlations which
controlled for store size.
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 8. Results of the random-coefficient modeling analyses: Contingent rewards HRM activities and psychological empowerment
Model
One-way ANOVA
L1: Empowermentij = 0j + rij
L2: 0j = 00 +U0j
Random-coefficient regression
L1: Empowermentij = 0j + 1j (CR_Processij)+ rij
L2: 0j = 00 +U0j
L2: 1j = 10 +U1j
Intercepts-as-outcomes
L1: Empowermentij = 0j + 1j (CR_Processij)+ rij
L2: 0j = 00 +01 (CR_Practicesj) +U0j
L2: 1j = 10 +U1j
Slopes-as-outcomes
L1: Empowermentij = 0j + 1j (CR_Processij)+ rij
L2: 0j = 00 +01 (CR_Practicesj) +U0j
L2: 1j = 10 +11 (CR_Practices) +U1j

Parameter estimates
10
11
2

00

01

00

11

4.05**

-

-

-

.32**

.01

-

3.31**

-

.22**

-

.23**

.15

.01

3.32**

.00

.22**

-

.23**

.15

.01

3.81**

-.13

.09

.03

.23**

.16

.01

Note. N = 274. Parameters defined as follows: 0j=Level-1 intercepts; 00=Intercept of level-2 regression predicting 0j; 01=Slope of

level-2 regression predicting 0j; 1j=Level-1 slopes; 10=Intercept of level-2 regression predicting 1j; 11=Slope of level-2 regression
predicting 1j; 2=Variance in level-1 residual (i.e., variance in rij); 00=Variance in level-2 residual for models predicting 0j (i.e.,
variance in U0j); 11=Variance in level-2 residual for models predicting1j (i.e., variance in U1j); CR= Contingent rewards
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 9. Results of the random-coefficient modeling analyses: Contingent rewards HRM activities and work effort
Model
One-way ANOVA
L1: Work effortij = 0j + rij
L2: 0j = 00 +U0j
Random-coefficient regression
L1: Work effortij = 0j + 1j (CR_Processij)+ rij
L2: 0j = 00 +U0j
L2: 1j = 10 +U1j
Intercepts-as-outcomes
L1: Performanceij = 0j + 1j (CR_Processij)+ rij
L2: 0j = 00 +01 (CR_Practicesj) +U0j
L2: 1j = 10 +U1j
Slopes-as-outcomes
L1: Performanceij = 0j + 1j (CR_Processij)+ rij
L2: 0j = 00 +01 (CR_Practicesj) +U0j
L2: 1j = 10 +11 (CR_Practices) +U1j

Parameter estimates
10
11
2

00

01

00

11

4.37**

-

-

-

.25**

.01

-

3.70**

-

.18**

-

.20**

.25

.02

3.33**

.10

.18**

-

.20

.26

.02

4.06**

-.09

-.01

.05

.20**

.29

.02

Note. N = 267. Parameters defined as follows: 0j=Level-1 intercepts; 00=Intercept of level-2 regression predicting 0j; 01=Slope of

level-2 regression predicting 0j; 1j=Level-1 slopes; 10=Intercept of level-2 regression predicting 1j; 11=Slope of level-2 regression
predicting 1j; 2=Variance in level-1 residual (i.e., variance in rij); 00=Variance in level-2 residual for models predicting 0j (i.e.,
variance in U0j); 11=Variance in level-2 residual for models predicting1j (i.e., variance in U1j); CR= Contingent rewards
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 10. Results of the random-coefficient modeling analyses: Contingent rewards HRM activities and task performance
Model
One-way ANOVA
L1: Performanceij = 0j + rij
L2: 0j = 00 +U0j
Random-coefficient regression
L1: Performanceij = 0j + 1j (CR_Processij)+ rij
L2: 0j = 00 +U0j
L2: 1j = 10 +U1j
Intercepts-as-outcomes
L1: Performanceij = 0j + 1j (CR_Processij)+ rij
L2: 0j = 00 +01 (CR_Practicesj) +U0j
L2: 1j = 10 +U1j
Slopes-as-outcomes
L1: Performanceij = 0j + 1j (CR_Processij)+ rij
L2: 0j = 00 +01 (CR_Practicesj) +U0j
L2: 1j = 10 +11 (CR_Practices) +U1j

Parameter estimates
10
11
2

00

01

00

11

3.85**

-

-

-

.11**

.01**

-

3.76**

-

.04

-

.11**

.00

.00

3.26*

.04

.13

-

.11**

.00

.00

2.45**

.33†

.36

-.08

.10**

.00

.00

Note. N = 220. Parameters defined as follows: 0j=Level-1 intercepts; 00=Intercept of level-2 regression predicting 0j; 01=Slope of

level-2 regression predicting 0j; 1j=Level-1 slopes; 10=Intercept of level-2 regression predicting 1j; 11=Slope of level-2 regression
predicting 1j; 2=Variance in level-1 residual (i.e., variance in rij); 00=Variance in level-2 residual for models predicting 0j (i.e.,
variance in U0j); 11=Variance in level-2 residual for models predicting1j (i.e., variance in U1j); CR= Contingent rewards
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 11. Results of the random-coefficient modeling analyses: Contingent rewards HRM activities and CWB-O
Model
One-way ANOVA
L1: CWB-Oij = 0j + rij
L2: 0j = 00 +U0j
Random-coefficient regression
L1: CWB-Oij = 0j + 1j (CR_Processij)+ rij
L2: 0j = 00 +U0j
L2: 1j = 10 +U1j
Intercepts-as-outcomes
L1: CWB-Oij = 0j + 1j (CR_Processij)+ rij
L2: 0j = 00 +01 (CR_Practicesj) +U0j
L2: 1j = 10 +U1j
Slopes-as-outcomes
L1: CWB-Oij = 0j + 1j (CR_Processij)+ rij
L2: 0j = 00 +01 (CR_Practicesj) +U0j
L2: 1j = 10 +11 (CR_Practices) +U1j

Parameter estimates
10
11
2

00

01

00

11

1.28**

-

-

-

.14**

.00

-

1.50**

-

-.06*

-

.13**

.10**

.01

1.80**

-.08

-.06*

-

.14**

.11**

.01

.32

.30

.32

-.10

.14**

.09**

.00

Note. N = 259. Parameters defined as follows: 0j=Level-1 intercepts; 00=Intercept of level-2 regression predicting 0j; 01=Slope of

level-2 regression predicting 0j; 1j=Level-1 slopes; 10=Intercept of level-2 regression predicting 1j; 11=Slope of level-2 regression
predicting 1j; 2=Variance in level-1 residual (i.e., variance in rij); 00=Variance in level-2 residual for models predicting 0j (i.e.,
variance in U0j); 11=Variance in level-2 residual for models predicting1j (i.e., variance in U1j); CR= Contingent rewards
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 12. Results of the random-coefficient modeling analyses: Contingent rewards HRM activities and CWB-I
Model
One-way ANOVA
L1: CWB-Iij = 0j + rij
L2: 0j = 00 +U0j
Random-coefficient regression
L1: CWB-Iij = 0j + 1j (CR_Processij)+ rij
L2: 0j = 00 +U0j
L2: 1j = 10 +U1j
Intercepts-as-outcomes
L1: CWB-Iij = 0j + 1j (CR_Processij)+ rij
L2: 0j = 00 +01 (CR_Practicesj) +U0j
L2: 1j = 10 +U1j
Slopes-as-outcomes
L1: CWB-Iij = 0j + 1j (CR_Processij)+ rij
L2: 0j = 00 +01 (CR_Practicesj) +U0j
L2: 1j = 10 +11 (CR_Practices) +U1j

Parameter estimates
10
11
2

00

01

00

11

1.23**

-

-

-

.16**

.00

-

1.43**

-

-.06*

-

.16**

.03

.00

1.69**

-.07

-.05*

-

.16**

.04

.00

.87

.14

.17

-.06

.16**

.03

.00

Note. N = 259. Parameters defined as follows: 0j=Level-1 intercepts; 00=Intercept of level-2 regression predicting 0j; 01=Slope of

level-2 regression predicting 0j; 1j=Level-1 slopes; 10=Intercept of level-2 regression predicting 1j; 11=Slope of level-2 regression
predicting 1j; 2=Variance in level-1 residual (i.e., variance in rij); 00=Variance in level-2 residual for models predicting 0j (i.e.,
variance in U0j); 11=Variance in level-2 residual for models predicting1j (i.e., variance in U1j); CR= Contingent rewards
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 13. Results of the random-coefficient modeling analyses: Contingent rewards HRM activities and turnover intentions
Model
One-way ANOVA
L1: TIij = 0j + rij
L2: 0j = 00 +U0j
Random-coefficient regression
L1: TIij = 0j + 1j (CR_Processij)+ rij
L2: 0j = 00 +U0j
L2: 1j = 10 +U1j
Intercepts-as-outcomes
L1: TIij = 0j + 1j (CR_Processij)+ rij
L2: 0j = 00 +01 (CR_Practicesj) +U0j
L2: 1j = 10 +U1j
Slopes-as-outcomes
L1: TIij = 0j + 1j (CR_Processij)+ rij
L2: 0j = 00 +01 (CR_Practicesj) +U0j
L2: 1j = 10 +11 (CR_Practices) +U1j

Parameter estimates
10
11
2

00

01

00

11

2.36**

-

-

-

.71**

.10*

-

3.77**

-

-.40**

-

.56**

.45

.03

3.73**

.01

-.40**

-

.56**

.46

.03

3.24

-.13

-.27

-.03

.56**

.49

.03

Note. N = 264. Parameters defined as follows: 0j=Level-1 intercepts; 00=Intercept of level-2 regression predicting 0j; 01=Slope of

level-2 regression predicting 0j; 1j=Level-1 slopes; 10=Intercept of level-2 regression predicting 1j; 11=Slope of level-2 regression
predicting 1j; 2=Variance in level-1 residual (i.e., variance in rij); 00=Variance in level-2 residual for models predicting 0j (i.e.,
variance in U0j); 11=Variance in level-2 residual for models predicting1j (i.e., variance in U1j); CR= Contingent rewards
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 14. Results of the random-coefficient modeling analyses: Training HRM activities and psychological empowerment
Model
One-way ANOVA
L1: Empowermentij = 0j + rij
L2: 0j = 00 +U0j
Random-coefficient regression
L1: Empowermentij = 0j + 1j (TR_Processij)+ rij
L2: 0j = 00 +U0j
L2: 1j = 10 +U1j
Intercepts-as-outcomes
L1: Empowermentij = 0j + 1j (TR_Processij)+ rij
L2: 0j = 00 +01 (TR_Practicesj) +U0j
L2: 1j = 10 +U1j
Slopes-as-outcomes
L1: Empowermentij = 0j + 1j (TR_Processij)+ rij
L2: 0j = 00 +01 (TR_Practicesj) +U0j
L2: 1j = 10 +11 (TR_Practices) +U1j

Parameter estimates
10
11
2

00

01

00

11

4.05**

-

-

-

.32**

.01

-

3.32**

-

.21**

-

.25**

.07

.00

3.28**

.01

.21**

-

.25**

.07

.00

3.60**

-.07

.11

.02

.25**

.05

.00

Note. N = 278. Parameters defined as follows: 0j=Level-1 intercepts; 00=Intercept of level-2 regression predicting 0j; 01=Slope of

level-2 regression predicting 0j; 1j=Level-1 slopes; 10=Intercept of level-2 regression predicting 1j; 11=Slope of level-2 regression
predicting 1j; 2=Variance in level-1 residual (i.e., variance in rij); 00=Variance in level-2 residual for models predicting 0j (i.e.,
variance in U0j); 11=Variance in level-2 residual for models predicting1j (i.e., variance in U1j); TR= Training
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 15. Results of the random-coefficient modeling analyses: Training HRM activities and work effort
Model
One-way ANOVA
L1: Work effortij = 0j + rij
L2: 0j = 00 +U0j
Random-coefficient regression
L1: Work effortij = 0j + 1j (TR_Processij)+ rij
L2: 0j = 00 +U0j
L2: 1j = 10 +U1j
Intercepts-as-outcomes
L1: Work effortij = 0j + 1j (TR_Processij)+ rij
L2: 0j = 00 +01 (TR_Practicesj) +U0j
L2: 1j = 10 +U1j
Slopes-as-outcomes
L1: Work effortij = 0j + 1j (TR_Processij)+ rij
L2: 0j = 00 +01 (TR_Practicesj) +U0j
L2: 1j = 10 +11 (TR_Practices) +U1j

Parameter estimates
10
11
2

00

01

00

11

4.37**

-

-

-

.25**

.01

-

3.84**

-

.14**

-

.21**

.25

.01

3.46**

.12*

.14**

-

.22**

.20

.01

3.43**

.12

.14

.00

.22**

.23

.01

Note. N = 267. Parameters defined as follows: 0j=Level-1 intercepts; 00=Intercept of level-2 regression predicting 0j; 01=Slope of

level-2 regression predicting 0j; 1j=Level-1 slopes; 10=Intercept of level-2 regression predicting 1j; 11=Slope of level-2 regression
predicting 1j; 2=Variance in level-1 residual (i.e., variance in rij); 00=Variance in level-2 residual for models predicting 0j (i.e.,
variance in U0j); 11=Variance in level-2 residual for models predicting1j (i.e., variance in U1j); TR= Training
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 16. Results of the random-coefficient modeling analyses: Training HRM activities and work effort
Model
One-way ANOVA
L1: Performanceij = 0j + rij
L2: 0j = 00 +U0j
Random-coefficient regression
L1: Performanceij = 0j + 1j (TR_Processij)+ rij
L2: 0j = 00 +U0j
L2: 1j = 10 +U1j
Intercepts-as-outcomes
L1: Performanceij = 0j + 1j (TR_Processij)+ rij
L2: 0j = 00 +01 (TR_Practicesj) +U0j
L2: 1j = 10 +U1j
Slopes-as-outcomes
L1: Performanceij = 0j + 1j (TR_Processij)+ rij
L2: 0j = 00 +01 (TR_Practicesj) +U0j
L2: 1j = 10 +11 (TR_Practices) +U1j

Parameter estimates
10
11
2

00

01

00

11

3.85**

-

-

-

.11**

.01**

-

3.87**

-

.01

-

.12**

.00

.00

3.67**

.06

.01

-

.12**

.00

.00

3.36**

.14

.10

-.03

.12**

.00

.00

Note. N = 223. Parameters defined as follows: 0j=Level-1 intercepts; 00=Intercept of level-2 regression predicting 0j; 01=Slope of

level-2 regression predicting 0j; 1j=Level-1 slopes; 10=Intercept of level-2 regression predicting 1j; 11=Slope of level-2 regression
predicting 1j; 2=Variance in level-1 residual (i.e., variance in rij); 00=Variance in level-2 residual for models predicting 0j (i.e.,
variance in U0j); 11=Variance in level-2 residual for models predicting1j (i.e., variance in U1j); TR= Training
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 17. Results of the random-coefficient modeling analyses: Training HRM activities and CWB-O
Model
One-way ANOVA
L1: CWB-Oij = 0j + rij
L2: 0j = 00 +U0j
Random-coefficient regression
L1: CWB-Oij = 0j + 1j (TR_Processij)+ rij
L2: 0j = 00 +U0j
L2: 1j = 10 +U1j
Intercepts-as-outcomes
L1: CWB-Oij = 0j + 1j (TR_Processij)+ rij
L2: 0j = 00 +01 (TR_Practicesj) +U0j
L2: 1j = 10 +U1j
Slopes-as-outcomes
L1: CWB-Oij = 0j + 1j (TR_Processij)+ rij
L2: 0j = 00 +01 (TR_Practicesj) +U0j
L2: 1j = 10 +11 (TR_Practices) +U1j

Parameter estimates
10
11
2

00

01

00

11

1.28**

-

-

-

.14**

.00

-

1.39**

-

-.03

-

.14**

.02

.00

1.45**

-.01

-.03

-

.14**

.02

.00

1.23*

.04

.03

-.02

.14**

.02

.00

Note. N = 259. Parameters defined as follows: 0j=Level-1 intercepts; 00=Intercept of level-2 regression predicting 0j; 01=Slope of

level-2 regression predicting 0j; 1j=Level-1 slopes; 10=Intercept of level-2 regression predicting 1j; 11=Slope of level-2 regression
predicting 1j; 2=Variance in level-1 residual (i.e., variance in rij); 00=Variance in level-2 residual for models predicting 0j (i.e.,
variance in U0j); 11=Variance in level-2 residual for models predicting1j (i.e., variance in U1j); TR= Training
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 18. Results of the random-coefficient modeling analyses: Training HRM activities and CWB-I
Model
One-way ANOVA
L1: CWB-Iij = 0j + rij
L2: 0j = 00 +U0j
Random-coefficient regression
L1: CWB-Iij = 0j + 1j (TR_Processij)+ rij
L2: 0j = 00 +U0j
L2: 1j = 10 +U1j
Intercepts-as-outcomes
L1: CWB-Iij = 0j + 1j (TR_Processij)+ rij
L2: 0j = 00 +01 (TR_Practicesj) +U0j
L2: 1j = 10 +U1j
Slopes-as-outcomes
L1: CWB-Iij = 0j + 1j (TR_Processij)+ rij
L2: 0j = 00 +01 (TR_Practicesj) +U0j
L2: 1j = 10 +11 (TR_Practices) +U1j

Parameter estimates
10
11
2

00

01

00

11

1.23**

-

-

-

.16**

.00

-

1.40**

-

-.05

-

.17**

.02

.00

1.43**

-.01

-.05†

-

.16**

.02

.00

1.71**

-.09

-.12

.02

.17**

.01

.00

Note. N = 259. Parameters defined as follows: 0j=Level-1 intercepts; 00=Intercept of level-2 regression predicting 0j; 01=Slope of

level-2 regression predicting 0j; 1j=Level-1 slopes; 10=Intercept of level-2 regression predicting 1j; 11=Slope of level-2 regression
predicting 1j; 2=Variance in level-1 residual (i.e., variance in rij); 00=Variance in level-2 residual for models predicting 0j (i.e.,
variance in U0j); 11=Variance in level-2 residual for models predicting1j (i.e., variance in U1j); TR= Training
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 19. Results of the random-coefficient modeling analyses: Training HRM activities and turnover intentions
Model
One-way ANOVA
L1: TIij = 0j + rij
L2: 0j = 00 +U0j
Random-coefficient regression
L1: TIij = 0j + 1j (TR_Processij)+ rij
L2: 0j = 00 +U0j
L2: 1j = 10 +U1j
Intercepts-as-outcomes
L1: TIij = 0j + 1j (TR_Processij)+ rij
L2: 0j = 00 +01 (TR_Practicesj) +U0j
L2: 1j = 10 +U1j
Slopes-as-outcomes
L1: TIij = 0j + 1j (TR_Processij)+ rij
L2: 0j = 00 +01 (TR_Practicesj) +U0j
L2: 1j = 10 +11 (TR_Practices) +U1j

Parameter estimates
10
11
2

00

01

00

11

2.36**

-

-

-

.71**

.10*

-

3.91**

-

-.44**

-

.54**

.46

.02

4.16**

-.07

-.44**

-

.54**

.43

.02

4.42**

-.10

-.46

.01

.54**

.47

.02

Note. N = 264. Parameters defined as follows: 0j=Level-1 intercepts; 00=Intercept of level-2 regression predicting 0j; 01=Slope of

level-2 regression predicting 0j; 1j=Level-1 slopes; 10=Intercept of level-2 regression predicting 1j; 11=Slope of level-2 regression
predicting 1j; 2=Variance in level-1 residual (i.e., variance in rij); 00=Variance in level-2 residual for models predicting 0j (i.e.,
variance in U0j); 11=Variance in level-2 residual for models predicting1j (i.e., variance in U1j); TR= Training
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 20. Results of the random-coefficient modeling analyses: PDM HRM activities and psychological empowerment
Model
One-way ANOVA
L1: Empowermentij = 0j + rij
L2: 0j = 00 +U0j
Random-coefficient regression
L1: Empowermentij = 0j + 1j (PDM_Processij)+ rij
L2: 0j = 00 +U0j
L2: 1j = 10 +U1j
Intercepts-as-outcomes
L1: Empowermentij = 0j + 1j (PDM_Processij)+ rij
L2: 0j = 00 +01 (PDM_Practicesj) +U0j
L2: 1j = 10 +U1j
Slopes-as-outcomes
L1: Empowermentij = 0j + 1j (PDM_Processij)+ rij
L2: 0j = 00 +01 (PDM_Practicesj) +U0j
L2: 1j = 10 +11 (PDM_Practices) +U1j

Parameter estimates
10
11
2

00

01

00

11

4.05

-

-

-

.32**

.01

-

3.06**

-

.30**

-

.22**

.07*

.00

2.94**

.04

.30**

-

.22**

.07†

.00

2.54*

.14

.42

-.03

.23**

.07*

.00

Note. N = 278. Parameters defined as follows: 0j=Level-1 intercepts; 00=Intercept of level-2 regression predicting 0j; 01=Slope of

level-2 regression predicting 0j; 1j=Level-1 slopes; 10=Intercept of level-2 regression predicting 1j; 11=Slope of level-2 regression
predicting 1j; 2=Variance in level-1 residual (i.e., variance in rij); 00=Variance in level-2 residual for models predicting 0j (i.e.,
variance in U0j); 11=Variance in level-2 residual for models predicting1j (i.e., variance in U1j); PDM=Participative decision making
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 21. Results of the random-coefficient modeling analyses: PDM HRM activities and work effort
Model
One-way ANOVA
L1: Work effortij = 0j + rij
L2: 0j = 00 +U0j
Random-coefficient regression
L1: Work effortij = 0j + 1j (PDM_Processij)+ rij
L2: 0j = 00 +U0j
L2: 1j = 10 +U1j
Intercepts-as-outcomes
L1: Work effortij = 0j + 1j (PDM_Processij)+ rij
L2: 0j = 00 +01 (PDM_Practicesj) +U0j
L2: 1j = 10 +U1j
Slopes-as-outcomes
L1: Work effortij = 0j + 1j (PDM_Processij)+ rij
L2: 0j = 00 +01 (PDM_Practicesj) +U0j
L2: 1j = 10 +11 (PDM_Practices) +U1j

Parameter estimates
10
11
2

00

01

00

11

4.37**

-

-

-

.25**

.01

-

3.66**

-

.21**

-

.20**

.36

.02

3.28**

.11

.20**

-

.20**

.34

.02

2.79*

.24

.34

-.04

.20**

.36

.02

Note. N = 267. Parameters defined as follows: 0j=Level-1 intercepts; 00=Intercept of level-2 regression predicting 0j; 01=Slope of

level-2 regression predicting 0j; 1j=Level-1 slopes; 10=Intercept of level-2 regression predicting 1j; 11=Slope of level-2 regression
predicting 1j; 2=Variance in level-1 residual (i.e., variance in rij); 00=Variance in level-2 residual for models predicting 0j (i.e.,
variance in U0j); 11=Variance in level-2 residual for models predicting1j (i.e., variance in U1j); PDM=Participative decision making
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 22. Results of the random-coefficient modeling analyses: PDM HRM activities and task performance
Model
One-way ANOVA
L1: Performanceij = 0j + rij
L2: 0j = 00 +U0j
Random-coefficient regression
L1: Performanceij = 0j + 1j (PDM_Processij)+ rij
L2: 0j = 00 +U0j
L2: 1j = 10 +U1j
Intercepts-as-outcomes
L1: Performanceij = 0j + 1j (PDM_Processij)+ rij
L2: 0j = 00 +01 (PDM_Practicesj) +U0j
L2: 1j = 10 +U1j
Slopes-as-outcomes
L1: Performanceij = 0j + 1j (PDM_Processij)+ rij
L2: 0j = 00 +01 (PDM_Practicesj) +U0j
L2: 1j = 10 +11 (PDM_Practices) +U1j

Parameter estimates
10
11
2

00

01

00

11

3.85**

-

-

-

.11**

.01**

-

3.75**

-

.04

-

.12**

.00

.00

3.56

.05

.04

-

.11**

.00

.00

2.41*

.36

.43

-.10

.11**

.00

.00

Note. N = 223. Parameters defined as follows: 0j=Level-1 intercepts; 00=Intercept of level-2 regression predicting 0j; 01=Slope of

level-2 regression predicting 0j; 1j=Level-1 slopes; 10=Intercept of level-2 regression predicting 1j; 11=Slope of level-2 regression
predicting 1j; 2=Variance in level-1 residual (i.e., variance in rij); 00=Variance in level-2 residual for models predicting 0j (i.e.,
variance in U0j); 11=Variance in level-2 residual for models predicting1j (i.e., variance in U1j); PDM=Participative decision making
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 23. Results of the random-coefficient modeling analyses: PDM HRM activities and CWB-O
Model
One-way ANOVA
L1: CWB-Oij = 0j + rij
L2: 0j = 00 +U0j
Random-coefficient regression
L1: CWB-Oij = 0j + 1j (PDM_Processij)+ rij
L2: 0j = 00 +U0j
L2: 1j = 10 +U1j
Intercepts-as-outcomes
L1: CWB-Oij = 0j + 1j (PDM_Processij)+ rij
L2: 0j = 00 +01 (PDM_Practicesj) +U0j
L2: 1j = 10 +U1j
Slopes-as-outcomes
L1: CWB-Oij = 0j + 1j (PDM_Processij)+ rij
L2: 0j = 00 +01 (PDM_Practicesj) +U0j
L2: 1j = 10 +11 (PDM_Practices) +U1j

Parameter estimates
10
11
2

00

01

00

11

1.28**

-

-

-

.14**

.00

-

1.51**

-

-.07*

-

.14**

.11

.01

2.04**

-.15*

-.06*

-

.14**

.11*

.00

1.87*

-.10

-.01

-.01

.14**

.12**

.01

Note. N = 259. Parameters defined as follows: 0j=Level-1 intercepts; 00=Intercept of level-2 regression predicting 0j; 01=Slope of

level-2 regression predicting 0j; 1j=Level-1 slopes; 10=Intercept of level-2 regression predicting 1j; 11=Slope of level-2 regression
predicting 1j; 2=Variance in level-1 residual (i.e., variance in rij); 00=Variance in level-2 residual for models predicting 0j (i.e.,
variance in U0j); 11=Variance in level-2 residual for models predicting1j (i.e., variance in U1j); PDM=Participative decision making
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 24. Results of the random-coefficient modeling analyses: PDM HRM activities and CWB-I
Model
One-way ANOVA
L1: CWB-Iij = 0j + rij
L2: 0j = 00 +U0j
Random-coefficient regression
L1: CWB-Iij = 0j + 1j (PDM_Processij)+ rij
L2: 0j = 00 +U0j
L2: 1j = 10 +U1j
Intercepts-as-outcomes
L1: CWB-Iij = 0j + 1j (PDM_Processij)+ rij
L2: 0j = 00 +01 (PDM_Practicesj) +U0j
L2: 1j = 10 +U1j
Slopes-as-outcomes
L1: CWB-Iij = 0j + 1j (PDM_Processij)+ rij
L2: 0j = 00 +01 (PDM_Practicesj) +U0j
L2: 1j = 10 +11 (PDM_Practices) +U1j

Parameter estimates
10
11
2

00

01

00

11

1.23**

-

-

-

.16**

.00

-

1.38**

-

-.04

-

.16**

.02

.00

1.82**

-.13†

-.04

-

.16**

.03

.00

1.32

.01

.12

-.04

.16**

.03

.00

Note. N = 259. Parameters defined as follows: 0j=Level-1 intercepts; 00=Intercept of level-2 regression predicting 0j; 01=Slope of

level-2 regression predicting 0j; 1j=Level-1 slopes; 10=Intercept of level-2 regression predicting 1j; 11=Slope of level-2 regression
predicting 1j; 2=Variance in level-1 residual (i.e., variance in rij); 00=Variance in level-2 residual for models predicting 0j (i.e.,
variance in U0j); 11=Variance in level-2 residual for models predicting1j (i.e., variance in U1j); PDM=Participative decision making
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 25. Results of the random-coefficient modeling analyses: PDM HRM activities and turnover intentions
Model
One-way ANOVA
L1: TIij = 0j + rij
L2: 0j = 00 +U0j
Random-coefficient regression
L1: TIij = 0j + 1j (PDM_Processij)+ rij
L2: 0j = 00 +U0j
L2: 1j = 10 +U1j
Intercepts-as-outcomes
L1: TIij = 0j + 1j (PDM_Processij)+ rij
L2: 0j = 00 +01 (PDM_Practicesj) +U0j
L2: 1j = 10 +U1j
Slopes-as-outcomes
L1: TIij = 0j + 1j (PDM_Processij)+ rij
L2: 0j = 00 +01 (PDM_Practicesj) +U0j
L2: 1j = 10 +11 (PDM_Practices) +U1j

Parameter estimates
10
11

00

01

2

00

11

2.36**

-

-

-

.71**

.10*

-

3.86**

-

-.45**

-

.57**

.53

.02

4.01**

-.04

-.45**

-

.57**

.48

.02

7.35**

-.96†

-1.41**

.26†

.58**

.50**

.02

Note. N = 264. Parameters defined as follows: 0j=Level-1 intercepts; 00=Intercept of level-2 regression predicting 0j; 01=Slope of

level-2 regression predicting 0j; 1j=Level-1 slopes; 10=Intercept of level-2 regression predicting 1j; 11=Slope of level-2 regression
predicting 1j; 2=Variance in level-1 residual (i.e., variance in rij); 00=Variance in level-2 residual for models predicting 0j (i.e.,
variance in U0j); 11=Variance in level-2 residual for models predicting1j (i.e., variance in U1j); PDM=Participative decision making
† p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 26. Results of the hierarchical regression analyses: HRM processes on psychological empowerment

Model 1
Org. tenure
Sex
Age
CR
TR
PDM

.10
.13*
-.03

CR
Model 2a

.08
.10
.02
.40**

TR
Model 2b

.11
.12
.00

PDM
Model 2c

.05
.06
-.01

.38**
.48**

.02
.16**
.15**
.22**
R2
2
R
.02
.18
.17
.24
2
2
Note. Model 1 = Base model; R = Change in R between models; N = 254; Standardized regression coefficients are reported. CR= Contingent
rewards; TR=Training; PDM=Participative decision making; † p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 27. Results of the hierarchical regression analyses: HRM processes on work effort

Model 1
Org. tenure
Sex
Age
CR
TR
PDM
Empowerment

.12
.01
.00

CR
Model 2a Model 3a

.10
-.02
.14†
.31**

.07
-.05
.13*
.18**

TR
Model 2b Model 3b

.12
.00
.12†

.08
-.04
.12†

.22**

.09

PDM
Model 2c Model 3c

.09
-.04
.11

.31**
.31**

.35**

.07
-.06
.12

.16*
.31**

.04*
.09**
.08**
.05**
.10**
.09**
.07**
R2
R2
.04
.13
.21
.09
.19
.13
.20
2
2
Note. Model 1 = Base model; R = Change in R between models; N = 254; Standardized regression coefficients are reported. CR= Contingent
rewards; TR=Training; PDM=Participative decision making; † p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).

226
Table 28. Results of the hierarchical regression analyses: HRM processes on task performance

Model 1
Org. tenure
Sex
Age
CR
TR
PDM
Empowerment

.12
.09
-.02

CR
Model 2a Model 3a

TR
Model 2b Model 3b

.12
.08
-.01
.08

.12
.08
-.02

.12
.08
-.02

.03

.02

.11
.08
-.01
.08

.00

.03

PDM
Model 2c Model 3c

.11
.07
-.02

.11
.07
-.02

.07

.07
.00

.02
.01
.00
.00
.00
.01
.03
R2
R2
.03
.03
.03
.00
.00
.03
.03
2
2
Note. Model 1 = Base model; R = Change in R between models; Standardized regression coefficients are reported. CR= Contingent rewards;
TR=Training; PDM=Participative decision making; † p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 29. Results of the hierarchical regression analyses: HRM processes on CWB-O

Model 1
Org. tenure
Sex
Age
CR
TR
PDM
Empowerment

-.02
-.06
-.16*

CR
Model 2a Model 3a

TR
Model 2b Model 3b

-.01
-.04
-.17*
-.17**

-.02
-.05
-.16*

.00
-.03
-.16*

-.11†

-.03

.01
-.03
-.17
-.11

-.17*

-.19**

PDM
Model 2c Model 3c

.00
-.03
-.16*

.01
-.02
-.16*

-.15*

-.07
-.18*

.03*
.03**
.02*
.02†
.03**
.03*
.02*
R2
R2
.03
.06
.08
.05
.08
.06
.08
2
2
Note. Model 1 = Base model; R = Change in R between models; Standardized regression coefficients are reported. CR= Contingent rewards;
TR=Training; PDM=Participative decision making; † p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 30. Results of the hierarchical regression analyses: HRM processes on CWB-I

Model 1
Org. tenure
Sex
Age
CR
TR
PDM
Empowerment

.02
-.06
-.12

CR
Model 2a Model 3a

TR
Model 2b Model 3b

.03
-.05
-.13†
-.15*

.02
-.06
-.13†

.03
-.06
-.13†

-.12*

-.11

.03
-.05
-.13†
-.14*

-.02

-.04

PDM
Model 2c Model 3c

.03
-.05
-.12

.03
-.05
-.12

-.08

-.06
-.05

.02
.02*
.00
.01*
.00
.01
.00
R2
R2
.02
.04
.04
.03
.03
.03
.03
2
2
Note. Model 1 = Base model; R = Change in R between models; Standardized regression coefficients are reported. CR= Contingent rewards;
TR=Training; PDM=Participative decision making; † p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 31. Results of the hierarchical regression analyses: HRM processes on turnover intentions

Model 1
Org. tenure
Sex
Age
CR
TR
PDM
Empowerment

-.10
-.15
-.11

CR
Model 2a Model 3a

TR
Model 2b Model 3b

-.07
-.11†
-.16*
-.49**

-.10
-.13*
-.15*

-.08
-.11*
-.15*

-.53**

-.46**

-.05
-.09
-.16*
-.41**

-.20**

-.19**

PDM
Model 2c Model 3c

-.05
-.09
-.12†

-.04
-.07
-.13*

-.42**

-.31**
-.22**

.06**
.24**
.03**
.28**
.03**
.17**
.04**
R2
R2
.06
.30
.33
.34
.37
.23
.27
a
2
2
Note. Model 1 = Base model; R = Change in R between models; N = 235; Standardized regression coefficients are reported. CR= Contingent
rewards; TR=Training; PDM=Participative decision making; † p<0.1; * p<0.05; ** p<0.01 (two-tailed tests).
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Table 32. Results of the hierarchical regression analyses: Interacting HRM processes on psychological empowerment

Model 1
Org. tenure
Sex
Age
CR
TR
PDM
TRxCR
TRxPDM
PDMxCR

.10
.13*
-.03

TRxCR
Model 2a Model 3a

.09
.10†
.01
.27*
.15

.09
.09
.00
.29**
.15

TRxPDM
Model 2b Model 3b

.05
.06
-.02

.06
.05
-.04

-.02
.49**

-.02
.50**

PDMxCR
Model 2c Model 3c

.06
.06
-.01
.09
.41**

.06
.05
-.02
.13
.40**

.07
.13*

.10†

.02
.17**
.00
.22**
.02*
.23**
.01†
R2
R2
.02
.19
.19
.24
.26
.25
.26
2
2
Note. Model 1 = Base model; R = Change in R between models; N = 254; Standardized regression coefficients are reported. CR= Contingent
rewards; TR=Training; PDM=Participative decision making; † p<0.1; * p<0.05; ** p<0.01 (two-tailed tests). The 95% CIs for the significant
interactions do include zero (TR × CR: -.05≤ β ≤ .19; PDM × CR: -.01 ≤ β ≤ .22). The 95% CIs for the significant interactions do not include zero (TR
× PDM: .02 ≤ β ≤ .24).
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Table 33. Results of the hierarchical regression analyses: Interacting HRM processes on work effort

Model 1
Org. tenure
Sex
Age
CR
TR
PDM
TRxCR
TRxPDM
PDMxCR
Empowerment

.12
.01
.11

Model 2a

TRxCR
Model 3a

Model 4a

.09
-.03
.14
.43**
-.14

.09
-.04
.12
.47**
-.12

.06
-.07
.12†
.38**
-.17

.17**

.15*

.31**

Model 2b

TRxPDM
Model 3b

Model 4b

.08
-.04
.11

.09
-.06
.09

.07
-.07
.10

-.07
.36**

-.03
.37**

-.03
.22*

.16*

.12*
.29**

PDMxCR
Model 2c Model 3c Model 4c

.09
-.03
.13†
.18*

.09
-.05
.11
.23*

.07
-.06
.12†
.20*

.17†

.16

.04

.15*

.12†
.29**

.04*
.10**
.02**
.08**
.09*
.02*
.06**
.10**
.02*
.06**
R2
2
R
.04
.14
.16
.24
.13
.15
.21
.14
.16
.22
2
2
Note. Model 1 = Base model; R = Change in R between models; N = 254; Standardized regression coefficients are reported. CR= Contingent
rewards; TR=Training; PDM=Participative decision making; † p<0.1; * p<0.05; ** p<0.01 (two-tailed tests). The 95% CIs for the significant
interactions do not include zero (TR × CR: .05 ≤ β ≤ .29; TR × PDM: .04 ≤ β ≤ .28; PDM × CR: .03 ≤ β ≤ .27).
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Table 34. Results of the hierarchical regression analyses: Interacting HRM processes on task performance

Org. tenure
Sex
Age
CR
TR
PDM
TRxCR
TRxPDM
PDMxCR
Empowerment

Model 1

Model 2a

TRxCR
Model 3a

Model 4a

Model 2b

TRxPDM
Model 3b

.12
.09
-.02

.11
.07
-.01
.20
-.13

.10
.07
-.01
.22
-.13

.10
.07
-.01
.22
-.13

.12
.09
-.02

.11
.06
-.02

.11
.06
-.03

-.07
.13

-.07
.13

-.06
.14

.07

.07
.05

.05

.01

Model 4b

.00

PDMxCR
Model 2c Model 3c Model 4c

.11
.08
-.01
.07

.11
.08
-.01
.06

.11
.08
-.01
.06

.02

.02

.02

-.02

-.02
.00

.02
.00
.02
.00
.02
.01
.00
.02
.01
.00
R2
2
R
.02
.02
.04
.04
.02
.03
.03
.02
.03
.03
2
2
Note. Model 1 = Base model; R = Change in R between models; N = 202; Standardized regression coefficients are reported. CR= Contingent
rewards; TR=Training; PDM=Participative decision making; † p<0.1; * p<0.05; ** p<0.01 (two-tailed tests). The 95% CIs for the significant
interactions do include zero (TR × CR: . -.08 ≤ β ≤ .22; TR × PDM: -.10 ≤ β ≤ .20; PDM × CR: -.17 ≤ β ≤ .13).
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Table 35. Results of the hierarchical regression analyses: Interacting HRM processes on CWB-O

Org. tenure
Sex
Age
CR
TR
PDM
TRxCR
TRxPDM
PDMxCR
Empowerment

Model 1

Model 2a

TRxCR
Model 3a

Model 4a

Model 2b

TRxPDM
Model 3b

-.02
-.06
-.16*

.00
-.04
-.18*
-.28*
.13

.00
-.01
-.15*
-.35**
.11

.01
.01
-.15*
-.31**
.14

.00
-.03
-.16*

-.01
-.02
-.13

.00
-.01
-.14†

.04
-.18†

-.01
-.18†

.00
-.11

-.25**

-.24**
-.16*

-.14*

-.16*

Model 4b

-.15*

PDMxCR
Model 2c Model 3c Model 4c

-.01
-.04
-.17*
-.14

-.01
-.02
-.16*
-.18†

.00
-.02
-.16
-.17†

-.05

-.04

.03

-.13*

-.12†
-.16*

.03*
.04*
.05**
.02*
.03*
.02†
.02*
.03*
.02*
.02*
R2
2
R
.03
.07
.12
.14
.06
.08
.10
.06
.08
.10
2
2
Note. Model 1 = Base model; R = Change in R between models; N = 253; Standardized regression coefficients are reported. CR= Contingent
rewards; TR=Training; PDM=Participative decision making; † p<0.1; * p<0.05; ** p<0.01 (two-tailed tests). The 95% CI for the significant
interaction do not include zero (PDM × CR: −.26 ≤ β ≤ .00).The 95% CIs for the significant interactions do not include zero (TR × CR: -.38 ≤ β ≤ -.12;
TR × PDM: -.29 ≤ β ≤ −.04; PDM × CR: −.26 ≤ β ≤ .00).
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Table 36. Results of the hierarchical regression analyses: Interacting HRM processes on CWB-I

Org. tenure
Sex
Age
CR
TR
PDM
TRxCR
TRxPDM
PDMxCR
Empowerment

Model 1

Model 2a

TRxCR
Model 3a

Model 4a

Model 2b

.02
-.06
-.12

.03
-.05
-.13
-.15
.00

.03
-.03
-.11
-.21†
-.02

.03
-.03
-.11
-.21†
-.02

.01
-.07
-.13†
.06
-.17

-.22**

-.22**

-.01

TRxPDM
Model 3b

Model 4b

.01
-.05
-.11

.01
-.05
-.11

-.21†
.06

-.21†
.07

-.15*

-.14*
-.03

PDMxCR
Model 2c Model 3c Model 4c

.03
-.06
-.14†
-.20*

.03
-.05
-.13†
-.24*

.03
-.05
-.13†
-.23*

.07

.08

.09

-.10

-.10
-.03

.02
.02†
.04**
.00
.01
.02*
.00
.02†
.01
.00
R2
2
R
.02
.04
.08
.08
.03
.05
.05
.04
.05
.05
2
2
Note. Model 1 = Base model; R = Change in R between models; N = 253; Standardized regression coefficients are reported. CR= Contingent
rewards; TR=Training; PDM=Participative decision making; † p<0.1; * p<0.05; ** p<0.01 (two-tailed tests). The 95% CIs for the TRxCR significant
interaction does not include zero (TR × CR: -.35 ≤ β ≤ -.09; TR × PDM: -.27 ≤ β ≤ -.02). The 95% CIs for the other significant interaction do include
zero (PDM × CR: -.23 ≤ β ≤ .03).
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Table 37. Results of the hierarchical regression analyses: Interacting HRM processes on turnover intentions

Org. tenure
Sex
Age
CR
TR
PDM
TRxCR
TRxPDM
PDMxCR
Empowerment

Model 1

Model 2a

TRxCR
Model 3a

-.10
-.15*
-.11

-.09
-.12*
-.15*
-.14
-.41**

-.10
-.11*
-.14*
-.16
-.42**

-.08
-.09†
-.14
-.11
-.39

-.08

-.07

Model 4a

Model 2b
-.11†

TRxPDM
Model 3b
-.11†

-.13*
-.15*

-.13*
-.14*

-.10
-.12*
-.15*

-.56**
.04

-.57**
.04

-.57**
.15

-.04

-.01

Model 4b

PDMxCR
Model 2c Model 3c Model 4c

-.06
-.10
-.16*
-.41**

-.06
-.10†
-.16*
-.41**

-.05
-.09
-.16*
-.38**

-.11

-.11

-.03

.00
-.18

-.22**

.02
-.20**

.06**
.28**
.01
.02**
.28**
.00
.04**
.24**
.00
.03**
R2
2
R
.06
.34
.35
.37
.34
.34
.38
.30
.30
.33
2
2
Note. Model 1 = Base model; R = Change in R between models; N = 253; Standardized regression coefficients are reported. CR= Contingent
rewards; TR=Training; PDM=Participative decision making; † p<0.1; * p<0.05; ** p<0.01 (two-tailed tests). The 95% CIs for the significant
interactions do include zero (TR × CR: -.19 ≤ β ≤ .03; TR × PDM: -.15 ≤ β ≤ .07; PDM × CR: -.14 ≤ β ≤ .13).
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